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Institutional misconduct has been widely researched in the criminological literature for more 
than 50 years, leading to an extensive knowledge about how and why different prisoners 
misbehave while incarcerated. Nevertheless, one correctional population has been mostly left out 
of these research pursuits – death row prisoners (DRPs). Although DRPs form a small fraction of 
the overall number of incarcerated individuals in the US, they tend to spend more than 20 years 
in maximum security facilities and require a considerable amount of resources. As such, it is 
imperative for the safety of the facility, the staff, and the prisoners themselves to investigate 
which factors impact one’s likelihood of engaging in misconduct. The limited amount of 
available research suggests that those on death row are rarely violent while in prison, but 
oftentimes engage in non-violent misconduct. The reasons why these previously violent 
individuals do not frequently act aggressively – but continue breaking rules while in prison – 
remain mostly unknown. Using the largest sample of American DRPs to date, this study 
enhances the understanding of death row misconduct. Drawing upon scholarship regarding 
misconduct of different correctional populations, I use a conjunctive analysis of case 
configurations (CACC) with a sample of 238 current DRPs to establish which variables are 
associated with the presence and absence of violent and non-violent infractions. The results of 
the CACC contribute to theoretical knowledge and emphasize variables that should be further 
explored in future studies. In order to also facilitate the practical applicability of this study, I 
attempt to create actuarial scales predicting violent and non-violent misconduct on death row 
prisoners in Arizona (n=105) and pursue validation of the scale predicting non-violent 
misconduct on the North Carolina sample (n=133). To address previous findings regarding race 
and age being predictive of death row misconduct, additional scales are constructed to inquire 
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whether predictors vary across the subgroups. My findings suggest that while few importation 
model factors are predictive of misconduct and the scale predicting non-violent misconduct is 
not valid, the prisoner’s location is significantly associated with their non-violent and violent 
institutional infraction record. Resulting is the discussion on what role does the location of death 
row play in prisoners’ misbehavior, as well as consideration of limitations of this study and its 
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CHAPTER 1: INTRODUCTION 
 Given that about 2.3 million individuals are incarcerated in the United States (Sawyer & 
Wagner, 2020), it is fitting that a wealth of criminological research is concerned with how 
prisoners behave while they are in a correctional institution. Research on prisoner behavior is 
generally framed in terms of institutional rule breaking, resulting in extensive knowledge 
regarding correlates, causes, and predictors of misconduct across most correctional populations 
(Sorensen & Cunningham, 2007; Steiner et al., 2014; Wooldredge, 1991). While some 
discrepancies exist regarding whether misconduct is caused by individual characteristics of the 
prisoner (i.e., the importation model), the effect prison has on an individual (i.e., the deprivation 
model), or the prison environment itself (environmental and situational models), discerning what 
factors influence prisoners’ institutional behavior has important implications for both 
practitioners and academics. Researchers attempting to elucidate the driving forces behind 
misconduct create prediction tools (e.g., Duwe, 2020), which can then guide classification 
decisions to ensure the safety of the institution, its staff, and the prisoners themselves 
(Tewksbury et al., 2014). Properly understanding misconduct also promotes an understanding of 
– and intervention in – issues that could predict recidivism and subsequent returns to prison.  
Death row, while attracting a great deal of attention from the public and media alike, 
remains largely unexplored in academic literature. Scholars have inquired about the ethicality of 
the death penalty (Litton, 2013), the sentencing processes that accompany it (Baldus et al., 
2011), and how jurors make a decision to impose the sentence of death (Bell Holleran et al., 
2016). However, scholarship is lacking on the topic of what death row prisoners (DRPs) 
experience and how they behave between their conviction and their execution. The lack of 
scholarly attention to the experiences and behavior of DRPs is possibly due to several reasons. 
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First, DRPs form a small fraction of the 2.3 million prisoners in the U.S.; currently, 2,553 
prisoners are on death rows across the country, out of which only 1,496 prisoners are considered 
to be under an “enforceable sentence” (meaning that they are not being resentenced or are in a 
state where an official moratorium is imposed; NAACP Legal Defense and Educational Fund, 
Inc., 2020). Death-sentenced prisoners, then, form a mere 0.11% of the overall American 
correctional population, which may diminish their appeal to researchers and practitioners alike.  
Second, the omission of this population from the research literature may be further 
exacerbated by the fact that the death penalty is slowly being replaced with a sentence of life 
without the possibility of parole. Since 2000 alone, ten states have abolished the death penalty. 
This brings the number of states with the death penalty down to 28 (as of February 2021) – 
nearly half of the nation does not allow for this sanction (Death Penalty Information Center 
[DPIC], 2020).1 Additionally, in 122 out of the 28 states where the death penalty has been 
retained, no execution has occurred for at least 10 years (DPIC, 2020). The number of retaining, 
yet not executing states, further increases to 173 when considering states that have gone five 
years without an execution (DPIC, 2020). Consequently, as the use of capital punishment 
declines, so does the interest in studying the phenomena surrounding it.  
Finally, as these prisoners will not be returning back to their communities, the potential 
for prospective studies is perceived as minimal. However, given the violent histories of these 
offenders – and knowing that the average time spent on death row before an execution is more 
than 20 years (DPIC, 2020) – it becomes apparent that paying attention to misconduct on 
 
1 Note that the federal government and the military also allow for the death penalty (DPIC, 2020). 
2 California, Indiana, Kansas, Kentucky, Louisiana, Montana, Nevada, North Carolina, Oregon, Pennsylvania, Utah, 
and Wyoming.  
3 Arizona, California, Idaho, Indiana, Kansas, Kentucky, Louisiana, Montana, Mississippi, Nevada, North Carolina, 
Oklahoma, Oregon, Pennsylvania, South Carolina, Utah, and Wyoming.   
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American death rows is as crucial to maintaining the safety of prison personnel and other 
inmates as is studying the behavior of those in general population.          
Although previous studies find that prison violence is not a major safety concern on death 
row (Cunningham et al., 2005; Sorensen & Wrinkle, 1996), each violent infraction is 
exceedingly costly. These costs are not only associated with the financial matters (each serious 
infraction can cost up to $1,000 or almost $1,700 in 2020 when accounting for inflation; Lovell 
& Jemelka, 1996), but even a sparse occurrence can lead to irreversible harm. It is also important 
to examine the more frequently occurring non-violent misconduct; Buffington-Vollum and 
colleagues (2008) noted that almost 77% of DRPs in their sample participated in some type of a 
non-violent behavior while only 5% engaged in serious assaultive behavior. While non-violent 
misconduct does not necessarily lead to the same level of negative consequences, it still adds to 
the staff’s workload through having to report a citation and has the potential to disrupt the prison 
order (i.e., the everyday functionality of the prison; Lovell & Jemelka, 1996).  
The causes of either type of misconduct on death row are underexplored in previous 
research and continue to be neglected. It has been reported that race and age are predictive of 
misconduct on death row (Sorensen et al., 1998); however, additional factors that lead to violent 
or non-violent behavior are not actively being investigated in current literature, and therefore 
cannot be used to address issues in modern correctional settings. Additionally, since race cannot 
be used as a factor in prison classification decisions (Cunningham et al., 2011; discussed in more 
detail below), the results from the Sorenson et al. (1998) study are not applicable in practice.       
More about the causes of DRPs’ behavior can be deduced from literature examining 
subgroups that share some common characteristics – specifically, murderers with other sentences 
and former death row prisoners. The majority of scholarship along this line of research is 
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concerned with variables related to the importation model, which postulates that misconduct is a 
result of pre-prison characteristics of prisoners (Irwin & Cressey, 1962). Not only do the 
importation model variables enjoy a substantial amount of empirical support across different 
correctional populations (see Steiner et al., 2014), they are also highly predictive of murderers’ 
misconduct. Actuarial scales developed for capital offenders and former DRPs (Cunningham & 
Sorensen, 2007a; Cunningham et al., 2011; Sorensen & Pilgrim, 2000) reveal that factors related 
to the prisoner’s current offense, their age, their criminal history, and their cognitive functioning 
are indicative of their subsequent violent behavior in prison. These findings provide a valuable 
set of factors to be considered when starting to explore the sources of DRPs’ violent misconduct; 
nevertheless, not only are no attempts made to predict non-violent misconduct, but these scales 
are also not developed on current DRPs4 and hence may be missing variables that are specific to 
the death-sentenced population.  
This brief overview of the current knowledge on misconduct of death-sentenced and 
other capital prisoners reveals several gaps in the literature. As noted, a paucity of research 
addresses misconduct of DRPs, and these few inquiries are outdated (especially given the 
changes in the use of the death penalty across states, as the sentence starts to affect fewer and 
fewer individuals). Factors that may be indicative of higher likelihood of engaging in 
institutional misconduct have not been extensively explored in this population, leading to an 
insufficient understanding of what drives the behavior of DRPs while they are awaiting their 
execution. The lack of understanding what motivates misbehavior on death row is especially 
salient when non-violent misconduct is considered. 
 
4 See the Literature Review for definitions of terms regarding the different types of offenders. 
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To address these gaps, this dissertation takes a deep dive into the institutional misconduct 
of DRPs. Chapter 2 contains a review of literature on a theory of misconduct that consistently 
yields the most empirical support across correctional populations and drives the current inquiry – 
the importation model. This review is followed by a presentation of studies specifically related to 
DRPs and other capital murderers, as well as a brief review on risk assessment tools used for 
misconduct prediction and how these relate to the importation model. In Chapter 3, I outline the 
methodology that I use to explore and predict misconduct on death row (conjunctive analysis of 
case configurations, CACC; Miethe et al., 2008, and actuarial scale construction). The attempt is 
made in Chapter 4 to construct and validate scales that would predict violent and non-violent 
misconduct. However, I find that not only am I unable to construct a scale predicting violent 
misconduct due to the lack of significant indicators, but I also conclude that the scale constructed 
on the Arizona sample to predict non-violent misconduct among DRPs is not valid on the North 
Carolina sample. Chapter 5 provides a discussion of these findings, as well as debates concerning 
the limitations of this study, the data, and the systems themselves. Some suggestions and 
recommendations for future research that could address the current study’s shortcomings are 




CHAPTER 2: LITERATURE REVIEW 
 The objective of this dissertation is to explore and predict misconduct of prisoners on 
death row in two states (Arizona and North Carolina). As research that focuses on death row 
prisoners and their institutional behavior is severely limited, this chapter is first and foremost 
concerned with reviewing literature that explains institutional misconduct in general.  
 Before reviewing the literature, it is important to identify the primary focus of this 
dissertation, and clearly define the population and behaviors of interest. In this study, I examine 
predictors of institutional behavior of prisoners who are currently incarcerated on death row after 
having received a death sentence; these prisoners are referred to as DRPs (death row prisoners). 
In the majority of states that retain the death penalty, death row is its own unit that is only 
inhabited by DRPs. These DRPs are in single cells with limited access to resources and 
programming in comparison to the general population. It is important to note that DRPs are 
prisoners who are sentenced to be executed after exhausting their appeals. The ultimate outcome 
of their sentence distinguishes them from prisoners sentenced to life imprisonment without the 
possibility of parole (LWOP). While LWOP is oftentimes used as an alternative to death penalty, 
death comes as a natural part of life rather than an action undertaken by the state in those 
circumstances. In contrast to these two groups of prisoners are those who were sentenced to life 
imprisonment with the possibility of parole (LWP), under which prisoners are eligible for parole 
after a certain number of years.  
The last term that repeatedly appears in the literature and in the current study regarding 
prisoners is capital offenders or capital murderers (these are used interchangeably). 
Traditionally, capital offenders are those whose crime is punishable by death; however, due to 
the decreased use of the death penalty, this term is used to speak of all murderers who committed 
 7 
a first-degree murder or an aggravated murder (i.e., murder that involved some aggravating 
circumstances). As such, it is important to remember that any mention of capital offenders in the 
review of the literature may or may not be on death row; capital offenders on death row will 
specifically be referred to as death row prisoners (DRPs). In short, the term “capital offenders” 
refers to the crime committed, rather than to the sentence received for the crime.  
The institutional behavior serving as the primary outcome of interest is framed in terms 
of “disruptive actions”, classified as such by state- and federal-level Departments of Corrections 
in the United States. Disruptive actions can include, for example, fighting, assaults, disobeying 
orders of the correctional staff, disorderly conduct, etc. The terms used in this work to speak of 
these actions include the following, which will be used interchangeably: misconduct, infraction, 
disruptive behavior, misbehavior, and problematic conduct. 
 There are various categories of misconduct that are discussed in the empirical literature. 
Some behavioral typologies distinguish between, for example, serious vs. non-serious 
misconduct, violent vs. non-violent misconduct, etc. In the present study, misconduct is 
differentiated into non-violent and violent. 
Theoretical Framework and Focus of the Study 
Criminological literature traditionally entails three explanations of prisoners’ misconduct. 
First, the proponents of the importation model posit that it is individual, pre-incarceration 
characteristics (e.g., age, race, educational accomplishments) that drive prisoners’ behavior while 
incarcerated (Irwin & Cressey, 1962). Second, the deprivation model argues that the primary 
causes of institutional misconduct come from losses experienced during incarceration causing 
institutional misconduct (Sykes, 1958). Third, environmental models (e.g., prison management 
paradigm and situational model; DiIulio, 1987; Henderson, 1986; Steinke, 1991; Sykes, 1958; 
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Useem & Reisig, 1999) assume that misconduct is either a product of how the prison is 
administered or arises from the context of a specific misconduct situation. In the upcoming 
chapter, the focus is on the importation model, as it emphasizes individual behavior and 
individual-level characteristics that can be measured using existing correctional and sentencing 
data. Although the deprivation model can also address individual behaviors, it enjoys less 
popularity with scholars. This may be a result of difficulties with conceptualization and variable 
inclusion, or of not explaining misconduct better than variables from other models (Cao et al., 
1997; Harer & Steffensmeier, 1996; McCorkle et al., 1995). The environmental models, whilst 
important, are better suited for studies that investigate collective behavior and a larger number of 
facilities that have varying conditions, which allow for aggregate-level analyses (McCorkle et 
al., 1995; Wooldredge, 1991). Additionally, given the purpose of this study, which is to explain 
and predict death row misconduct through the construction of a series of actuarial scales, the 
focus needs to be on the prisoners themselves and on the theory that yields most empirical 
support, i.e., the importation model.    
Upon concluding the review on the importation model and empirical support for relevant 
variables, a review of studies which specifically address capital offenders follows. It is important 
to note that not all capital offenders included in this scholarship are necessarily on death row, 
revealing a major gap in the criminological literature – what happens on American death rows in 
terms of behavior of prisoners waiting to be executed is relatively unknown, especially when 
non-violent types of misconduct are considered. Regardless of the lack of empirical literature on 
death row prisoners specifically, the findings regarding capital offenders in general serve as a 
fundamental base for the current study due to what these offenders have in common – the nature 
of their offense. As a part of this section, previous actuarial scales developed for capital offenders 
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are also presented and discussed, providing for a comprehensive review of what is currently 
known about capital offenders in the American system, while identifying the gaps in literature 
that the current study is aiming to fill. This chapter concludes with a short discussion on other 
tools that predict misconduct in other correctional populations.  
Importation Model 
An individual’s crime does not always indicate their life-long subscription to antisocial 
attitudes; many incarcerated individuals are not habitual offenders. Nevertheless, it must be 
noted that most offenders possess significant antisocial attitudes and traits that led them into 
criminality. The maladjustment to prison life can therefore be understood as a function of 
personal characteristics and experiences prior to the prison stay (Thomas, 1977), rather than the 
restrictions related to correctional environment (Huey Dye, 2010). As such, one of the traditional 
explanations for prisoner misconduct prioritizes personal characteristics and pre-prison 
experiences of prisoners (individual-level variables) over factors associated with the prison 
environment itself. The importation model (largely based on the work of Irwin & Cressey, 1962) 
argues that it is necessary to take into account the prisoners’ characteristics and values prior to 
their incarceration in order to understand prison subcultures and institutional behavior. Irwin and 
Cressey (1962) believe that incoming prisoners’ institutional conduct is influenced by their 
previous lifestyle and the values they hold outside of the prison, rather than solely based on the 
immediate “prison culture” (p. 145). The authors distinguish between three categories of 
prisoners depending on their inclinations: 1) Prisoners who subscribe to the criminal subculture 
(“thiefs”); 2) Prisoners who subscribe to the prison subculture (“convicts”); and 3) Prisoners who 
subscribe to the pro-social subculture.  
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First, “thiefs” are described as offenders who adopt and adhere to the norms of the 
criminal subculture. Prisoners in this category do not offer information to law-enforcement, 
behave in a calculated manner, and are loyal to others within the subculture, yet retain a high 
level of independence. Their networks and criminal involvement span across environments – 
they know other offenders and engage in misbehavior both inside and outside of the institution. 
Given these characteristics, these prisoners learn from others in their networks how to experience 
incarceration in the least painful manner possible, and do not seek to specifically establish high 
status within the institution. Instead, they prioritize their status in the criminal subculture as a 
whole over their status in the prison subculture. Accordingly, their institutional infractions reflect 
wanting to lead an easier life in prison (e.g., non-violent or property misconduct).  
The “convicts” are described as the most manipulative out of the three categories, as they 
try to benefit themselves at the expense of others in prison. They are more independent than the 
“thiefs” and are better able to thrive in the prison. Compared to those prisoners who subscribe to 
the criminal subculture, these individuals invested in the prison subculture tend to have high 
status within the prison walls, which is tied to their functioning in the institution rather than 
outside of the prison. Specifically, they are able to achieve status within prison by committing 
various forms of misconduct (such as through obtaining contraband). While the label assigned by 
Irwin and Cressey (1962) to these prisoners may indicate that it is the prison itself that promotes 
their attitudes and priorities, it is actually the general, personal characteristics of the “convicts” 
group (prior to any incarceration experiences) that promote their manipulative behavior. The 
authors define this group as “‘the hard core’ lower class in the United States” (Irwin & Cressey, 
1962; p. 147), whose manipulative tendencies are credited to the strong emphasis on 
individualism, machismo, and independence from others.   
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Finally, those prisoners who adhere to the pro-social subculture are portrayed as the least 
problematic out of the three categories, as they pursue legal means to achieve their desired ends 
(e.g., participating in correctional programs) and strive to stay out of trouble in prison. The 
authors provide a limited amount of information on the prison and outside lives of the prisoners 
in this group, aside from noting they do not attempt to status-climb within prison. Regarding 
their pre-prison characteristics, they are described as those prisoners who bring pro-social values 
into the institution, and their criminal history is described along the lines of having committed 
less-intentional crimes (e.g., fatal DUIs, negligent homicide, etc.).       
While Irwin and Cressey’s (1962) initial categorization provided the basis of the 
importation model, the authors’ work was criticized for being relatively abstract and incomplete 
for testing its assumptions. Scholars in the 1970s began to more explicitly emphasize predictors 
of prison misconduct at the individual level. As research on the topic of prison adjustment and 
prison misconduct progressed, scholars started to identify individual variables that were 
compatible with the rationale put forward by Irwin and Cressey (1962), even if the focus on the 
cultural phenomena5 was limited (Steiner, 2008).     
Research relying on the importation model, then, generally includes variables on age, 
race, marital status and children, employment, education, prior criminal record and current 
offense, previous drug abuse, and mental health (e.g., Berg & DeLisi, 2006; Blowers & Blevins, 
2015; Diamond et al., 2012; Jiang & Fisher-Giorlando, 2002; Kigerl & Hamilton, 2016; Toch & 
Adams, 1986; Walters & Crawford, 2013). These indicators attempt to measure an individual’s 
functioning and pro-social ties in the community (e.g., being married or employed prior to a 
prison sentence) that are theorized to lower the likelihood of institutional misconduct for 
 
5 This is mostly related to Irwin and Cressey’s (1962) discussions on class membership, as it relates to, for example, 
the “convicts”.  
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prisoners in the general population. Some of these variables are predictive of misconduct of 
capital offenders, too, as is discussed later. 
Age 
 The prisoner’s age has consistently been found to be among the most powerful predictors 
of misbehavior in prison (e.g., Cunningham & Sorensen, 2007b; Kigerl & Hamilton, 2016; 
Steiner et al., 2014; Valentine et al., 2015). Generally, younger prisoners commit more 
misconduct than older prisoners, and the predictors of misconduct differ for younger versus older 
prisoners.6  
When solely considering individual prisoner’s age as a predictor, Cunningham and 
Sorensen (2007b) found in their sample of 24,514 close-custody prisoners that individuals over 
the age of 36 were far less likely to commit violent misconduct. Similarly, Valentine and 
colleagues (2015) concluded that prisoners (N=137,552) under the age of 24 are more likely to 
participate in institutional infractions, especially towards the beginning of their sentence. A 
recent systematic review supported these findings; specifically, prisoners over the age of 40 are 
generally less problematic in terms of institutional misbehavior (Steiner et al., 2014). Given the 
large amount of research supporting prisoner’s age as a significant predictor of misconduct, it is 
incredibly important to include this variable when testing the importation model.  
 
6 Significant predictors of various types of infractions (i.e., drug or alcohol violations, minor violations, major 
violations, any type of violation) among older prisoners (i.e., 55+) include: having a prior incarceration record, 
lower educational achievements, participation in prison recreational activities, age, having been injured in prison, 
and the amount of time served (Blowers & Blevins, 2015). With regards to younger prisoners (i.e., 30 and younger), 
variables predicting more misconduct include: having been diagnosed with a mental illness, having been injured in 
prison, and participation in vocational programs (Blowers & Blevins, 2015). 
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Race 
 Including a prisoner’s race in sentencing or risk classification is ethically and practically 
problematic (e.g., Cunningham et al., 2011),7 but investigating the explanatory power of race 
when examining institutional misconduct has a long history in the criminal justice scholarship 
and continues to this day. Even if race cannot be used in applied settings, neglecting the strong 
literature on this variable could result in a failure to understand the corollary factors associated 
with the race-misconduct relationship. In fact, studies attempting to discern which racial group of 
prisoners commits the most misconduct remains one of the most researched questions in the 
misconduct literature.   
 The literature on race and misconduct yields mixed results that largely depend on the 
context of the study. Some of the latest studies on the topic illustrate the volatility of the 
findings. For example, a systematic review of 98 studies revealed that the majority of models 
included did not find race to be a significant predictor of institutional misconduct (Steiner et al., 
2014). Specifically, being White, Black, and Latinx was non-significant in more than half of the 
models (59%, 52%, and 65%, respectively). In contrast, a study of 103,245 prisoners found that 
those who belong to a racial minority partake in significantly more disruptive behaviors while 
incarcerated (Bonner et al., 2017). Regardless of the significance of race as a predictor of 
misconduct, some scholars argue that structural factors (e.g., neighborhoods that offenders come 
from) need to be taken into account when speaking of the impact of one’s race on their 
institutional behavior (e.g., Steiner & Wooldredge, 2015). In sum, although controversies 
surrounding the race variable exist in the criminological literature, it is important to consider its 
impact through controlling for its effect.  
 
7 The authors noted that using prisoner’s race is problematic when determining a sentence or risk classification 
based on rulings in California and Texas.  
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Education 
 A prisoner’s level of education at the time of admission is an additional variable 
oftentimes included in the testing of the importation model; however, the attention to it is not as 
extensive as in the cases of age and race, possibly due to the mixed nature of the results or 
limited access to data. The focus on education is generally regarded as a proxy for investigating 
the offender’s ties to traditional pro-social institutions (i.e., educational institutions in this case) 
that are expected to limit one’s involvement in misconduct (see Berg & DeLisi, 2006).  
 The direct explanatory power of education is nuanced. Research surrounding the 
connection between educational achievements and misconduct often finds that those with higher 
levels of education commit less misconduct (supporting the positive outcomes associated with 
pro-social ties; Berg & DeLisi, 2006; Drury & DeLisi, 2010; Harer & Langan, 2001), but other 
studies provide no support for this hypothesis (e.g., Bosma et al., 2020; Morris & Worrall, 2014). 
For example, lower educational achievements were predictive of prison violence (Berg & 
DeLisi, 2006; DeLisi et al., 2004), and prison misconduct overall (Harer & Langan, 2001). In 
contrast, Drury and DeLisi (2010) found that level of education was not significantly associated 
with men’s serious misconduct; nevertheless, women with lower educational accomplishments 
were significantly more likely to commit major forms of misconduct. These mixed results 
suggest that more testing is necessary to explore the extent to which education impacts 
involvement in misconduct.  
Substance Abuse 
 Substance abuse is considered to be one of the “Central Eight” criminogenic needs (see, 
Andrews et al., 2006), and is highly prevalent in correctional populations.8 The National Institute 
 
8 Criminogenic needs are factors that are predictive of higher risks of future offending or recidivating. The “Central 
Eight” needs/risk factors include: a history of antisocial behavior, having an antisocial personality pattern, having 
 15 
on Drug Abuse (2020) reported that approximately 65% of prisoners in the US either suffer from 
substance use disorders or were under the influence when they committed the crime for which 
they were incarcerated. Furthermore, results of a systematic review (Steiner et al., 2014) revealed 
that drug abuse prior to being incarcerated increased the likelihood of engaging in misconduct; 
60% of the models included in the systematic review found a significant relationship. A history 
of substance abuse, then, is generally regarded as a strong predictor of future institutional 
misconduct. This relationship has been studied using a wide variety of indicators. Here, I discuss 
results from studies using a) prior month drug use, b) a longer time referent (i.e., six months 
prior, in the past year, or lifetime), and then c) variety scales.   
Past Month Drug Use  
Multiple studies used the operationalization of drug use limiting use to one month before 
arrest or to one month prior to going to prison (McCorkle, 1995; Meade & Steiner, 2013; Steiner 
& Wooldredge, 2009, 2015). Drug use one month before arrest was strongly predictive of 
assaults, drug/alcohol infractions, and other non-violent misconduct on samples of prisoners 
from 1991, 1997, and 2004 (Steiner & Wooldredge, 2009; Meade & Steiner, 2013). 
Additionally, Steiner and Wooldredge (2015) surveyed 6,997 prisoners, finding that drug use a 
month before arrest was significantly associated with all included outcome variables –   
specifically, prevalence of violent and non-violent misconduct incidents as well as incidence of 
non-violent infractions. When the relationship was tested in two racial subgroups (White and 
Black), prior drug use was significantly related to prevalence of non-violent misconduct in White 
prisoners, and the incidence of non-violent misconduct in both White and Black prisoners. 
 
antisocial cognition, having antisocial associates, lack of support from family or marital relationships or discord in 
these relationships, insufficient outputs and dissatisfaction in school and/or work, lack of interest in or 
dissatisfaction with pro-social leisure and/or recreation, and a history of substance abuse (Andrews et al., 2006). 
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Finally, McCorkle (1995) found that drug use in the month prior to going to prison was 
significantly, but counterintuitively, associated with a reduction in the annual misconduct rate of 
Black male offenders but not of other groups.  
Longer Time Referent  
Using data from 2,488 offenders’ pre-sentence investigations (PSIs), Walters and 
Crawford (2013) produced a dichotomous variable operationalizing a history of substance abuse, 
without further clarifications as to how recent the drug use was. Interestingly, prior drug use was 
only significantly predictive of one type of misconduct – escape. Rocheleau (2014) conducted a 
study in which drug use was operationalized as “types of drugs used in the six months prior to 
incarceration” (p. 155). When the model only included importation level variables in addition to 
drug use, this variable was significantly associated with annual misconduct score. After 
including both importation variables and measures of coping skills, the relationship between 
drug use and misconduct became nonsignificant. Following suit of identifying a longer time 
period for substance use, Arbach-Lucioni and colleagues (2012) concluded that drug and alcohol 
use in the last year before incarceration significantly impacted the likelihood of committing 
violence in prison. Overall, these findings suggest that recency of drug use may play a major role 
in predicting misconduct among prisoners. 
Variety of Drug Use 
 Other scholars have used drug variety to examine the relationship between substance 
abuse and prison misconduct. Jiang and colleagues (2005) measured substance abuse history “by 
regular poly-drug use” and “the summation of 13 types of drugs inmates had ever used regularly 
before their incarceration”9 (p. 78) in 9,107 prisoners from across the US. This measure was 
 
9 The types of drugs included were: heroin, other opiates, methamphetamines, amphetamines, methaqualone, 
barbiturates, tranquilizes, crack, cocaine, PCP, hallucinogens, marihuana and hashish, and others.  
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significant across all three models specified by the authors – any infractions per month, violent 
infractions, and drug and property infractions. Analyzing the same dataset (the Survey of 
Inmates in State and Federal Correctional Facilities, 1997), three additional studies supported the 
previous findings while adding important contributions. First, Kuanliang and Sorensen (2008)10 
found regular drug use to be predictive of supplementary forms of misconduct: drug and alcohol 
violations, verbal aggression, physical assault, weapon possession, other major violations, and 
overall misconduct. The only type of misconduct that was not significantly associated with drug 
use was attempting to escape or escaping. Second, Jiang’s (2005) analysis revealed that regular 
drug use was significantly associated with both drug and non-drug types of infractions. Third, 
after distinguishing between sexes, Jiang and Winfree (2006) concluded that a significant 
relationship between drug use and misconduct was only detectable in males.   
 Results of the reviewed studies reinforce the notion of substance abuse being one of the 
most salient criminogenic needs and a staple in the tests of the importation model, especially 
when operational measures assess recency and variety. The available literature does, indeed, 
suggest that substance abuse is related to misconduct. Although some studies found little or no 
relationship (e.g., McCorkle, 1995; Rocheleau, 2014; Walters & Crawford, 2013), a wealth of 
studies offer consistent support to the hypothesized relationship across different drug types, 
diagnoses, and misconduct forms (Arbach-Lucioni et al., 2012; Jiang 2005; Jiang et al., 2005; 
Jiang & Winfree, 2006; Kuanliang & Sorensen, 2008; Meade & Steiner, 2013; Steiner & 
Wooldredge, 2009, 2015).   
 
10 In this study, the Survey of Inmates in State Correctional Facilities from 1997 was merged with the Survey of 
Inmates in Federal Correctional Facilities. 
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Antisociality Constructs and Mental Disorders 
  Tests regarding the influence of offenders’ mental health status and antisociality 
constructs on their non-violent behavior in prison are infrequent; oftentimes these factors are 
only included in studies explaining violent misconduct (Schenk & Fremouw, 2012). The studies 
that specifically investigate antisociality constructs focus predominantly on aggression. 
Antisociality Constructs 
Several research studies examined the role of different constructs of antisociality (e.g., 
aggression, alienation, hostility, etc.) in institutional offending (Lahm, 2008; Mills & Kroner, 
2003; Walters et al., 2003), finding that such traits are predictive of institutional misconduct. As 
one example, among a sample 208 violent and child sex offenders in Canada, indicators of 
alienation and interpersonal problems (as examples of antisociality constructs) were significantly 
associated with violent misconduct but not with any other type of misconduct (Mills & Kroner, 
2003).  
In a sample of 1,054 men in prisons in Ohio, Kentucky, and Tennessee, Lahm (2008) 
found that aggression, as expected, predicted prisoner-on-prisoner assault. The relationship 
between aggression and violence was especially salient when prisoners with high levels of 
aggression were incarcerated with many younger peers and in overcrowded facilities. Using the 
same measure of aggression as Lahm (2008), Gillespie (2005) examined violent misconduct of 
prisoners from different racial backgrounds. Using self-reports of prison violence of 644 
prisoners, he reported that aggression was significantly related to prison violence among White 
and Black prisoners. Walters and colleagues (2003) studied the link between aggression (i.e., 
anger, hostility and aggression) and anti-sociality in general (defined here as “personality and 
behavioral characteristics associated with a history of legal and authority problems”, p. 386) with 
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both violent and non-violent misconduct in a sample of 185 federal prisoners. Their findings 
revealed that an unstable and antisocial lifestyle, as well as aggression, significantly predicted 
general misconduct.  
Diagnosable Mental Disorders 
Antisociality is oftentimes tied to psychopathy, which is one of the diagnosable disorders 
that has been studied in relation to institutional misconduct. Scores from the Hare Psychopathy 
Checklist-Revised (PCL-R) and its derivates (e.g., Hare Psychopathy Checklist Screening 
Version [PCL:SV]) have shown to be indicative of both violent (Belfrage et al., 2000; Hare et al., 
2000) and non-violent prison misconduct (Hare et al., 2000). Similarly, a study utilizing the 
Psychopathic Personality Inventory (PPI) indicated that the total PPI score was significantly 
correlated with each one of the outcome variables (any, aggressive, and non-aggressive 
infractions), in the expected direction (Edens et al., 2008).  
Additional literature explicitly dealing with mental disorders offers a comprehensive 
insight into the relationship between misconduct and diagnosed mental health issues, revealing 
an overwhelming trend of mental illness diagnoses being associated with higher rates of 
misconduct – especially violent misconduct (e.g., Walters, 2011). A comprehensive study by 
Felson and colleagues (2012) included measures of mental disorder diagnoses (depression, 
psychosis, and anxiety disorders) and mental disorder symptoms (hopelessness, paranoia, 
thought-control delusions, and hallucinations), and tested their relationship with various 
misconduct types. They found that – in a sample of 16,285 prisoners – suffering from depression, 
hopelessness, or paranoia significantly increased the likelihood of: physically and verbally 
attacking fellow prisoners and staff, possessing a weapon, non-violent infractions, and substance 
use in prison (i.e., all included categories of misconduct). The results for psychosis and anxiety 
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disorders paralleled those findings, with the exception that psychosis did not significantly affect 
substance abuse in prison, and anxiety did not significantly predict physical attack on staff. 
Finally, hallucinations were predictive of physically and verbally attacking the prison staff as 
well as verbally attacking other prisoners, but thought-control delusions did not reach 
significance. 
Somewhat conflicting with the results of Felson and colleagues (2012) are the findings of 
Baskin and her colleagues (1991), who concluded that depression was only predictive of self-
harm and property violent behaviors, but not of violence against other prisoners and staff. The 
authors additionally included a variable on confusion which proved to be significantly related to 
violence towards fellow prisoners, staff, and property. Interestingly, symptoms of psychosis were 
not predictive of any of the outcome misconduct variables; however, psychotic symptoms and 
disorders were significant in a meta-analysis of 204 studies, including 21 studies with 
correctional populations. Specifically, “psychosis was reliably associated with a 49%-68% 
increased likelihood of violence” (Douglas et al., 2009; p. 692). While it may be concerning that 
only a limited number of studies included in the meta-analysis involved correctional populations, 
the authors found that the study site did not impact the relationship. 
The wide range of studies that investigate the link between mental disorders and 
antisociality constructs with institutional infractions generally conclude that unstable or 
otherwise disordered mental health leads to problematic conduct within a correctional institution. 
This is not altogether surprising, given that correctional institutions were not designed nor 
intended to house large numbers of individuals with mental illness (e.g., Mulvey & Schubert, 
2017). However, most studies in this domain are only concerned with predicting violent 
misconduct (sometimes inclusive of property damage), which remains a major limitation of this 
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scholarship. Although only a few studies focus on antisociality constructs (e.g., aggressiveness) 
that are thought to be conducive to problematic behavior, those that do support the proposed 
direction of the relationship (see Lahm, 2008; Mills & Kroner, 2003; Walters et al., 2003). More 
pronounced mental health problems in the form of disorders and symptoms are also found to be 
strongly predictive of misconduct (Baskin et al., 1991; Belfrage et al., 2000; Felson et al., 2012; 
Hare et al., 2000; Walters, 2011; Walters et al., 2003).      
Trauma and Victimization 
 Experiences with abuse and victimization, whether during childhood or adulthood, are 
thought to be associated with a feeling of helplessness that individuals may attempt to alleviate 
through improper behavior (Steiner & Wooldredge, 2009). Previous trauma thus becomes a 
crucial factor to be examined when testing the importation model. Aside from a series of studies 
using the same dataset (Cain et al., 2016; Henry, 2020; Meade & Steiner, 2013; Toman, 2017), 
few studies with original data investigated this hypothesized connection, perhaps due to the lack 
of information on the prisoners’ background and childhood (Morash et al., 2010; Steiner & 
Wooldredge, 2008, 2009).  
 In a study of two samples of male prisoners investigating the relationship between race 
and misconduct, Steiner and Wooldredge (2009) introduced previous physical and sexual abuse 
as a merged variable. Their analyses revealed that having been physically or sexually abused 
significantly increased the likelihood of committing assaults (though only in one of their 
samples), as well other non-violent misconducts (both samples). Using the same dataset, with 
different sample inclusion criteria, Steiner and Wooldredge (2008) also conducted a study that 
focused on environmental factors, in which they included a variable solely on history of physical 
abuse. Physical abuse in and of itself was predictive of assaults and non-violent misconducts in 
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for both years, but not of infractions surrounding drugs and alcohol. Notably, in neither one of 
the studies did the authors specify whether the abuse occurred during childhood, simply 
mentioning that it was prior to the prisoner’s sentence. 
 The effects of sexual and physical abuse that happened specifically during one’s 
childhood were examined to discern whether these types of victimization contribute to the 
prisoners’ likelihood of committing sexual violence on other prisoners (Morash et al., 2010). The 
results suggested that those who were sexually abused as children were significantly more likely 
to perpetrate sexual misconduct that did not involve penetration; the authors reported “a 1433.3% 
increase in the chances of being a perpetrator” (Morash et al., 2010; p. 171). Childhood physical 
abuse, although not significant, actually decreased the likelihood of committing non-penetrative 
sexual infractions. Regarding predictors of sexual misconduct involving penetration, childhood 
physical abuse significantly decreased the odds of these occurrences, while childhood sexual 
abuse was not significant.   
 As previously noted, several studies testing prior victimization as a predictor of 
institutional misconduct use the same dataset – Bureau of Justice Statistics’ 2004 Survey of 
Inmates in State and Federal Correctional Facilities (Cain et al., 2016; Henry, 2020; Meade & 
Steiner, 2013; Toman, 2017). While each one of the studies offered a different take and 
methodology, they all arrived at the same conclusion – prior sexual and physical victimization 
(especially during childhood; Meade & Steiner, 2013) are strongly predictive of disciplinary 
record. Overall, the available literature strongly suggests that those who have been victimized at 
some point in their lives have higher propensity to engage in institutional misbehavior.  
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Prior Record 
 A prisoner’s prior criminal record belongs to one of the variables that are the most 
prominent in tests of the importation model. As reviewed below, prison misconduct scholars 
typically include a variable measuring one’s contact with the criminal justice system such as 
prior arrests, prior convictions, prior prison stays, and prior involvement in misconduct.  
Based on results from a systematic review of 98 studies, Steiner and colleagues (2014) 
deduced that those who had history of any criminal justice involvement also had a higher 
likelihood of committing misconduct.11 Another review by Schenk and Fremouw (2012) 
revealed a similar trend – however, this research focused specifically on violent prison 
misconduct, concluding that prior criminal justice involvement (in the form of arrests, 
convictions, prison sentences and previous violent misconduct) were indeed predictive of 
subsequent violent institutional behavior.  
Prior Incarceration Record 
When studies disaggregate forms of misconduct and proxies for previous criminal 
involvement, the findings appear more mixed. Regarding the scholarship on prior incarcerations 
specifically, studies found no significant relationships between (1) the number of prior prison 
sentences and any type of recorded misconduct (Tewksbury et al., 2014), (2) having a history of 
incarceration and any type of recorded misconduct (Dâmboeanu & Nieuwbeerta, 2016), and (3) 
having a history of incarceration for violent offense and prisoner-on-prisoner assault (Lahm, 
2008). 
However, there are some studies that support prior incarceration as a misconduct 
predictor – Jiang and colleagues (2005) included not only previous prison sentences, but also 
 
11 Likely due to the extent of the review, the authors did not distinguish between different types of misconduct or 
different types of justice involvement.  
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community sentences (e.g., house arrest or probation) in their operationalization of prior 
incarceration. This variable proved to be predictive of all infractions as well as separately for 
violent, drug, and property infractions. In a different study, previous prison sentences were 
predictive of infractions related to weapons and threatening, but not of infractions involving 
assaults and fighting (Griffin & Hepburn, 2006).  
Prior Arrest Record 
 Literature using prior arrests as a proxy to criminal history is severely limited, perhaps 
due to the difficulty of obtaining data. Steiner and Wooldredge (2009) found that number of 
arrests was predictive of assaultive, substance-related, and non-violent infractions across two 
different samples of adult incarcerated men from across the United States (N=17,361). In a study 
of misconduct predictors in incarcerated male veterans (n=1,273) and non-veterans (n=10,282), 
a higher number of all previous arrests significantly increased the likelihood of committing 
psychical or verbal infractions (Stacer & Solinas-Saunders, 2015). There were no differences in 
misconduct likelihood between the two groups. 
Taking a different approach to examining the association between previous arrests and 
misconduct (while taking into account previous incarcerations), Cihan and colleagues (2017) 
categorized 5,970 prisoners into five distinctive groups based on their institutional misconduct 
patterns (i.e., chronic, high early onset, low early onset, delayed onset, and stable limited) and 
then assessed differences in their pre-incarceration criminal records. Prisoners in the chronic 
category (i.e., continuously committing high numbers of misconduct; n=645) had the highest 
rates of prior all arrests and specifically violent arrests, but not of prior incarcerations. Although 
limited in scope, the scholarship using prior arrests as an explanatory variable offers more 
consistently significant findings in comparison to inquiries only using prior incarceration record.  
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Prior Institutional Misconduct Record 
Another stream of literature that is relatively sparse are those studies that consider prior 
institutional misconduct as a predictor of future misconduct. Although lacking in number, the 
results of available studies provide unanimous support for the hypothesis that prior misconduct 
predicts future misconduct. One of the major studies that specifically investigated this 
relationship is a study by Drury and DeLisi (2010). The authors included a series of criminal 
history variables (i.e., prior arrests for violent crimes and prior incarcerations); however, when 
prior misconduct was included in their model, it became the most salient predictor of both minor 
and major forms of misconduct among incarcerated men (N=831). Including prior misconduct 
appeared to mitigate (either partially or completely) the impact of other criminal history 
variables. Supporting the notion of the importance of considering prior misconduct are three 
additional studies: two regarding prison violence (Arbach-Lucioni et al., 2012; Cunningham & 
Sorensen, 2007b), and the third considering multiple types of misconduct (i.e., violent, drug, 
security, accountability,12 property, and other; Camp et al., 2003). Given the overwhelming 
support for the significance of the inclusion of the prior misconduct as an explanatory variable, it 
is crucial to account for it in future research.  
Prior Conviction Record 
Only one study I found (Toman et al., 2015) incorporated prior convictions as a control 
variable and sentence length as the independent variable. The authors distinguished between 
various forms of convictions (violent, property, drug, sex, and other), and found that prior 
property and drug convictions significantly decrease the prisoner’s likelihood of engaging in 
misconduct. Neither prior violent convictions, nor prior sex or other convictions, reach statistical 
 
12 For example, being out of bounds. 
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significance in any of the models. While these findings are promising, the dearth of studies using 
prior convictions does not allow for a clear consensus on the role of previous convictions in 
predicting misconducts.  
 Overall, the impact of criminal history on the likelihood of participating in institutional 
infractions proves to be a complex phenomenon, likely due to the wide variety of variables that 
can be used as proxies for the construct. This literature review reveals that studies using 
measures of prior incarcerations provide mixed support as to whether previous prison sentences 
influence subsequent institutional behavior (e.g., Jiang et al., 2005 vs. Tewksbury et al., 2014), 
but research using measures of prior arrests and misconduct records (including large-scale 
systematic and critical reviews) consistently confirm the need to account for criminal history in 
studies of misconduct (e.g., Drury & DeLisi, 2010; Schenk & Fremouw, 2012; Steiner et al., 
2014; Steiner & Wooldredge, 2009). 
Current Offense 
 Including variables pertaining to the prisoner’s current offense is a staple in misconduct 
literature. Generally, scholars introduce a series of dichotomous variables indicating the reason 
for incarceration, such as violent offense, property offense, sex offense, or drug offense (see 
Steiner et al., 2014). Although Steiner and colleagues (2014) concluded that being incarcerated 
for a sex offense is consistently most predictive of subsequent misconduct, findings from 
additional research are mixed. Several studies included a wide range of controls for current 
offense type – these studies will be reviewed in order to provide an accurate snapshot of 
relationships across offense types. The relationship between violent offending and misconduct 
will be discussed later in this dissertation when literature specifically on most severe forms of 
violent offenses (i.e., murder) is reviewed.  
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Toman and colleagues (2015) included four controls for the type of current offense: 
violent, drug, sex, and other offense. They found that being incarcerated for a drug offense 
actually decreased the likelihood of engaging in violent, property, and disorderly misconduct. 
Sex offenders were significantly less likely to engage in property, drug, and disorderly 
misconduct. Offenders with other offenses were less likely to commit disorderly infractions. 
Finally, being incarcerated for a violent offense significantly increased the likelihood of 
committing violent misconduct but not property, drug, disorder, and sex misconducts.  
Including similar variables, Meade and Steiner (2013) reported that in comparison to 
those convicted of a violent offense, prisoners whose primary offense was either drug or 
property-related were less likely to commit violent misconduct in the form of an assault. This 
finding regarding drug offenders was confirmed for incarcerated men specifically in a different 
study (Cain et al., 2016).  Additionally, the likelihood of non-violent misconducts was also lower 
in the population of drug offenders (Meade & Steiner, 2013; Steiner & Wooldredge, 2008).  
The negative effects of murder, sexual assault, robbery, assault, drug offenses, and public 
order offenses on misconduct were also observed in a study by Bonner and colleagues (2017) 
that included 103,245 state prisoners. In comparison to property offenders, those in prison for 
murder, sexual assault, assault and drugs were significantly less likely to engage in general and 
serious misconduct. Robbers and those incarcerated for public order offenses were less likely to 
commit general infractions.  
As these results suggest, the relationship between the offense that a prisoner is 
incarcerated for and their propensity to commit different forms of misconduct presents the most 
inconclusive results within this literature review of importation level variables. One main pattern 
was nonetheless detected – drug offenders were generally less likely to participate in disruptive 
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behavior. Regardless of the inconclusive results, the variables related to the current offense are 
especially salient for my study, despite the fact that all prisoners in my sample have committed 
the same offense – murder. As such, it then becomes even more imperative to consider the 
circumstances surrounding the murder.    
Institutional Behavior of Capital Murderers  
The previous discussion on misconduct reveals fundamental patterns and factors that 
serve as driving forces for engaging in misconduct. Nonetheless, as was noted, most of these 
studies pull a representative sample out of a prison’s general population and rarely study the 
misconduct of those convicted of a particular offense. Those convicted of murder form a 
relatively small population among all prisoners, and these low numbers are further reduced when 
looking strictly at death row prisoners. Currently, there are 2,553 prisoners on death row across 
the United States (NAACP Legal Defense and Educational Fund, Inc., 2020). Perhaps due to the 
low numbers of individuals who are in prison for murder or the lack of access to these 
populations very few studies investigate the driving forces of misconduct among capital 
offenders.  
For the purposes of this section, misconduct literature specifically on capital offenders 
(i.e., those convicted of a first-degree or capital murder) is summarized. First, I begin with 
commentary on institutional violence among capital prisoners. Although this dissertation is 
investigating both violent and non-violent forms of misconduct, it is crucial to discuss whether 
capital prisoners are more or less violent than prisoners in other groups. To my knowledge, no 
study to date has compared the rates of non-violent misconduct among DRPs to other 
populations. Second, the ten studies that specifically examined institutional behavior of capital 
murderers are reviewed. Due to the scarcity of these examinations, each study is reviewed 
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separately, as opposed to providing structured reviews of each variable. Third, this section 
concludes with an overview of three actuarial scales related to this population and a review of 
existing risk assessment tools predicting institutional misconduct of different prisoners. 
Capital Murderer Institutional Violence 
Regarding violent misconduct, DRPs exhibited lower rates – but not lower prevalence 
rates13 – when compared to LWOP and parole-eligible prisoners (Cunningham et al., 2005). 
Additionally, according to Sorensen and Wrinkle (1996), DRPs and LWOP prisoners were not 
significantly less or more likely to commit violence in comparison to LWP prisoners. The 
prevalence for DRPs was higher when violent misconduct was considered; however, the 
difference was not significant (22.66% for DRPs vs. 22.41% for LWPs). While Sorensen and 
Cunningham (2010) did not differentiate between DRPs and murderers who received other 
sentences, they found that “murderers were not disproportionately involved in violent or 
assaultive rule infractions […]” (p. 116). When prison murder was specifically considered in 
terms of violent misconduct, DeLisi and Butler (2020) analyzed data from 1,005 prisoners (out 
of which three committed a murder in prison) and concluded that being convicted of a first-
degree murder was predictive of committing a murder in prison. Notably, the authors did not 
differentiate among DRPs, LWOPS, LWPs, or termed prisoners. 
Predictors of Misconduct of Capital Murderers 
 While it has been established that prison violence is not extraordinarily common in this 
population, it is still crucial to investigate the driving forces behind engaging in misconduct for 
the sake of the safety of the institution, staff, and prisoners themselves. Very few empirical 
studies examine the sources of misconduct among capital murderers (Cunningham et al., 2008; 
 
13 DRPs had a rate of 7.6 violent misconducts per 100 prisoners per year (i.e., rate), but 22.8% of the sample was 
involved in misconduct commission (i.e., prevalence rate).  
 30 
Medrano et al., 2017; Morris et al., 2010; Reidy et al., 2001; Sorensen et al., 1998; Sorensen & 
Cunningham, 2007, 2009, 2010); those that do primarily use the importation model as a 
framework.  
Comparing death row prisoners to those who received a life sentence (both LWOP and 
LWP), Sorensen and colleagues (1998) found that during the first 6 months, DRPs had a lower 
average number of misconducts. After what the authors termed to be “a short period of 
adjustment” (p.226), all three groups (N=126) followed the same general course in terms of 
average number of misconducts; however, DRPs engaged in significantly less disruptive 
behavior than the other two groups although differences in violent misconduct were not 
significant. As found in other populations, this research team concluded that age and race are the 
strongest predictors of all misconduct, as well as violent misconduct (i.e., young Black prisoners 
were found to be most disruptive).  
In a different study using survival analysis to model the time to violent misconduct 
among 39 former DRPs in Indiana, race continued to exert a significant impact (Reidy et al., 
2001). Black prisoners, essentially, engaged in violent misconduct in a shorter time period than 
their White counterparts. However, it is critically important to note that Black prisoners did not 
have more extensive violent misconduct patterns; there was no statistically significant difference 
between violent misconduct of Black and White prisoners when it came to the prevalence.   
Sorensen and Cunningham (2009) also explored the behavior of former DRPs (i.e., 
prisoners who were on death row but then re-sentenced and subsequently entered the general 
prison population). The research team identified 80 prisoners who spent an average of 6.4 years 
on death row before being re-sentenced. More serious misconduct was found to be more likely 
among minorities, those who spent less than five years on death row, and those under 25 years of 
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age. Having committed violent misconduct (assault) while on death row was predictive of 
primarily violent infractions of lower seriousness (i.e., potentially violent and simple assault, 
rather than violent misconduct that ended with injury and/or death) in the general prison 
population. 
Transitioning to the review of studies that examine the behavior of other murderers – but 
not those on death row14 – Sorensen and Cunningham (2007) reported nuanced relationships 
after separating different types of violent misconduct (i.e., potentially violent acts, assaultive 
violations, and assaults resulting in serious injuries) of 1,659 murderers in Texas. Race was not a 
statistically significant predictor across the three types of misconduct; however, being younger 
than 21 significantly increased the likelihood of potentially violent acts, while being over 40 
years old decreased the likelihood of engaging in potentially violent acts and assaultive 
violations. Although no DRPs were included in the sample, being a capital murderer was 
associated with higher likelihood of committing assaultive violations and assaults resulting in 
serious injuries.  
Further considering capital murderers (N=1,425) who were not sentenced to death, 
Morris and associates (2010) conveyed that age and race were significant predictors of several 
types of misconduct. Black and Latinx prisoners were significantly more likely than White 
prisoners to engage in infractions related to violence, potential violence, accountability (Black 
prisoners only), security, sex, contraband (Latinx prisoners only), and drugs (Latinx prisoners 
only). Regarding other predictors of misconduct within this sample, the authors reported that age 
at entry, current age, education, prior incarceration, and gang affiliation all reached statistical 
significance in at least one misconduct category. The direction of the significant relationships, 
 
14 DRPs were dropped from the logistic regression models, as they committed no serious assaultive misconducts in 
the recorded time period.  
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however, raises more questions than it answers. For example, education was negatively 
associated with drug infractions, but positively associated with contraband infractions. Gang 
membership, age and prior incarcerations also provided conflicting results. 
In a study of federal LWOP capital prisoners (N=145), those with a high school diploma 
or GED were less likely to engage in misconduct in general than those without a diploma; 
however, the relationship was not significant when types of infractions were disaggregated into 
serious, potential violence, assaultive, and serious assaults (Cunningham et al., 2008). 
Additionally, while nonsignificant, having obtained a high school diploma was positively 
associated with the likelihood of engaging in assaultive infractions. The authors also concluded 
that having received psychological treatment was predictive of violent misconduct.  
Finally, one of the most recent studies on misconduct of capital murderers in Texas 
(N=1,236) focused on the effect of solitary confinement on engaging in disruptive behaviors 
(Medrano et al., 2017). The primary dependent variable in this study slightly differs from other 
studies within this area – rather than considering misconduct itself, the authors introduced 
punishment for an infraction as the outcome variable (1=Punishment, 0=No punishment). This 
study revealed not only that solitary confinement fails to be an effective deterrent to discourage 
prisoners from committing further misconduct, but also that variables commonly regarded as 
predictive of misconduct in capital murderers were significant in this sample, too. The authors 
found that – regardless of whether a prisoner experienced solitary confinement or not – race, 
gang membership, and age were significantly associated with punishments for infractions.  
In summary, the available literature suggests that specific importation model variables 
tend to be predictive of misconduct in samples of capital murderers. Race (being a minority), age 
(being younger), and gang membership are (generally) consistently predictive of misconduct 
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(Cunningham et al., 2008; Cunningham & Sorensen, 2010; Medrano et al., 2017; Morris et al., 
2010; Sorensen & Cunningham, 2007, 2010; Sorensen et al., 1998;).  
Death Row-Related Actuarial Scales 
The development of risk assessment in criminology and criminal justice is framed in 
terms of four generations (Bonta & Wormith, 2008). The first generation of risk assessment 
consisted mainly of professional opinion of the evaluator of one’s risk without the use of 
statistical methods. Statistical methods were introduced in the second generation risk 
assessments; however, included risk factors are static (i.e., unchangeable, for example, criminal 
history). Dynamic risk factors were added in the third generation. Finally, the fourth generation 
risk assessments incorporated case planning. Based on this definition, the studies discussed 
below are considered to be a second generation risk assessments.  
Actuarial approaches, then, use statistical methods to predict an outcome (e.g., 
misconduct, violence, re-offending, re-conviction, re-arrest) and therefore are thought to produce 
more reliable outcomes than a clinical or “expert” judgment (in which one expert provides their 
opinion on classification, i.e., first generation of risk assessment). In the proposed study, I 
attempt to empirically identify factors that are predictive of violent and non-violent misconducts 
among DRPs. It is possible to select factors previously associated with misconduct on death row 
or elsewhere and conduct correlations or regressions, establishing statistical significance. 
However, the actuarial approach allows us to explore the weightings of the included factors (i.e., 
coefficients) and “the level of risk associated with various saturations of these factors” 
(Cunningham et al., 2011; p. 8), resulting in scales with increased accuracy and reliability.  
Sorensen and Pilgrim Scale Model (2000). In order to meet the needs of states that 
require capital trial jurors to predict the future dangerousness of murderers, Sorensen and Pilgrim 
 34 
(2000) put forward an actuarial scale predicting violent misconduct of those convicted of murder. 
Drawing from a sample of 6,390 murderers in Texas from the time period between 1990 and 
1999, the research team compiled variables that previous literature identified as being predictive 
of violent misconduct. Specifically, the focus was on variables related to the offender’s pre-
prison experiences (i.e., importation model variables) and the characteristics of the offense.  
 The authors calculated that “the estimated likelihood of violence being committed by a 
newly received capital murderer over the next forty years in the Texas Department of Criminal 
Justice – Institutional Division is .164” (Sorensen & Pilgrim, 2000, p. 1264), and found that six 
of the variables initially included in the analysis were adequate predictors of prison violence: (1) 
Attempting or committing of a burglary/robbery during the murder; (2) Murdering more than one 
person; (3) Attempting to murder or assault additional people; (4) Being affiliated with a gang; 
(5) Having a prior prison sentence; and (6) Age. The offender’s age had the most salient effect 
on the possibility of subsequent violence, which was most likely in those under the age of 25. 
Total time spent in prison for the current offense and years at-risk were controlled for in the 
analysis. Six different levels of risk were offered that categorized the offenders based on their 
likelihood of future violent behavior.  
 Buffington-Vollum and colleagues (2008) pursued a validation of this scale on a sample 
of 155 death row prisoners in Texas, accounting for five types of prison misconduct: serious 
assaults, minor assaults, verbal assaults and threats, offenses against prison order, and non-
violent infractions. A total of 1,519 infractions were committed during the time period under 
investigation, with 20.6% (n=32) of the sample having committed no misconduct. The authors 
concluded that “[…] the Sorensen and Pilgrim model scores correlated moderately (rpbs ranging 
from .18 to .30) and significantly with the dichotomous variables” (Buffington-Vollum et al., 
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2008; p. 19). Serious assaults, whether coded continuously or dichotomously, were not 
significantly correlated with the Sorensen and Pilgrim model scores. The total number of minor 
assaults, and specifically minor nuisance assaults, were also not significantly correlated with the 
aforementioned scores. The area under the ROC curve (AUC) values were significant for all 
types of recorded misconduct aside from serious assaults (.59 to .71).15 
Cunningham and Sorensen Scale (2007a) – also known as the “Risk Assessment 
Scale for Prison-Capital (RASP-Cap)”. The Risk Assessment Scale for Prison-Capital (RASP-
Cap) was based on the Sorensen and Pilgrim scale (2000). Cunningham and Sorensen (2007a) 
investigated which variables out of the Sorensen and Pilgrim scale (2000) were associated with 
the likelihood of violent misconduct (in this case, potentially violent acts, assaultive violations, 
and assaults with serious injury) on a sample of 136 male capital offenders in Texas, excluding 
those who received a death sentence for their crime.  
The resulting scale predicting violent misconduct included three indicators: age, prior 
prison term, and burglary or robbery during the commission of murder. Interestingly, murdering 
more people and attempting to murder or assault additional people, which were significant in the 
original scale, did not reach significance in this study. Given the significant AUC scores of three 
resulting risk levels (ranging from .715 to .766), the authors concluded that this modified version 
of the Sorensen and Pilgrim scale (2000) is a valid predictor of all three types of violent 
infractions. In order to enhance the scale, the authors attempted to include additional variables 
related to the importation model (e.g., prior record, IQ), but reported no improvement.    
Cunningham, Sorensen, Vigen, and Woods Scale (2011) – also known as the “Risk 
Assessment Scale for Prison-Former Death Row (RASP-FDR)”. An actuarial scale predicting 
 
15 The AUC values are used to determine whether a risk assessment accurately predicts a measured outcome 
(Szmukler et al., 2012).  
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violence in capital offenders deemed likely to commit serious misconduct (in this case 
potentially violent, assaultive, and serious assaults) was also offered by Cunningham and 
colleagues (2011; Risk Assessment Scale for Prison-Former Death Row; RASP-FDR). Their 
sample consisted of 111 former death row prisoners in Texas, and the analysis again emphasized 
the explanatory power of importation model variables. Similarly to the Sorensen and Pilgrim 
scale (2000), the authors focused on variables previously associated with violent behavior in 
prison: gender, race and ethnicity, age, intellectual functioning, criminal history (including 
arrests for violent crimes), prison gang affiliation, length of time on death row, method of 
murder, and statutory criteria surrounding the sentencing.  
 The stepwise regression revealed that four of these variables (i.e., age, prior violent crime 
arrest, intellectual functioning, using a gun as the murder method) were associated with violent 
misconduct, somewhat similar to the results of Sorensen and Pilgrim (2000). The RASP-FDR 
also found that age was a significant predictor of prison violence. While Sorensen and Pilgrim 
(2000) concluded that a prior prison term is a significant predictor of problematic institutional 
conduct, the RASP-FDR put forward that it is specifically prior violent crime arrest that is 
predictive of violent misconduct. The remaining two explanatory variables were not present in 
the initial Sorensen and Pilgrim (2000) study. Cunningham and colleagues (2011) found that 
normal to high intellectual functioning and using only a gun to commit the murder were 
inversely associated with the likelihood of committing violent misconduct in prison, accounting 
for time at-risk. The scale performed well regarding the AUC scores (ranging from .656 for 
assaultive infractions to .819 for serious assaults), and three risk categories were created based 
on the results. 
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Risk Assessment of Other Correctional Populations 
 As noted in regard to the death row-related actuarial scales, risk assessment is not a new 
concept in the field of criminology. Many risk assessment instruments belonging to different 
generations have been developed for and applied to different correctional populations, whether it 
is for the purposes of predicting recidivism, institutional misconduct, other anti-social behaviors, 
or the prevention of those behaviors (e.g., Level of Service Inventory-Revised, LSI-R; Ohio Risk 
Assessment System, ORAS; The Service Planning Instrument, SPIn; Women’s Risk and Needs 
Assessment, WRNA; etc.). Since the current – fourth – generation of risk assessment focuses on 
prediction as well as treatment and case planning, it is now more important than ever before to 
consider the risk-need-responsivity (RNR) model (Andrews et al., 1990).  
The RNR model aims to enhance the rehabilitative goals of corrections through focusing 
on offenders’ risks and needs that have been empirically shown to be predictive of negative 
outcomes (i.e., subsequent criminal behavior): These are traditionally regarded as the “Central 
Eight” needs/risk factors (history of antisocial behavior, antisocial personality pattern, antisocial 
cognition, antisocial associates, family and/or marital issues, school and/or work issues, leisure 
and/or recreation issues, and substance abuse), and the “Big Four” (i.e., the first four factors of 
the “Central Eight” that are the strongest predictors; Andrews et al., 2006). While the RNR 
model is based in psychology rather than in criminology like the importation model, it is 
noticeable that some of the factors overlap despite originating from different disciplines.  
In general, the risk assessment tools resulting from the application of the RNR model 
tend to perform well in recidivism prediction and can provide additional potential indicators that 
can be used for future research; however, as Abbiati and colleagues (2018) noted, few studies 
investigated their utility in predicting prison misconduct in particular and no consensus was 
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reached on the success of these tools based on the results. To briefly note some risk assessment 
successes in institutional settings, the Structured Assessment of Protective Factors for Violence 
Risk (SAPRO), Historical Clinical Risk Management-20 (HCR-20), Psychopathy Checklist 
Revised (PCL-R), and Violent Risk Appraisal Guide (VRAG) performed relatively well 
regarding prediction of violent institutional misconduct (Abbiati et al., 2018). VRAG and HCR-
20 were also correlated with minor and major institutional misconducts in a different study 
(Kroner & Mills, 2001).  
Turning attention to specific domains contained in these risk assessment tools, some 
items that are also considered in the importation model literature are generally included, such as 
victimization and trauma (HCR-20; Douglas et al., 2014). As an example, the Czech pilot of 
WRNA revealed that history of child abuse, sexual abuse, mental health issues (symptoms of 
PTSD, depression, anxiety, and psychosis), and substance abuse were all positively correlated 
with the number of misconducts 12 months after the initial assessment (Trejbalová & Salisbury, 
2020). Given these results, it is remains crucial to consider not only the criminological 
theoretical rationales, but also the work that is continuously being done in prisoner classification 
in the field. 
Summary 
 The importation model and empirical research that supports it offer a wealth of 
information on the individual factors that might predict institutional misbehavior. As the review 
suggests, discrepancies exist as to which factors are consistently strongly predictive of 
misconduct across correctional populations. The varying operationalizations of the importation 
model concepts may be contributing to this problem. As an example, in different studies, 
variables on history of substance abuse include various timeframes and various substances, and 
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no consensus exists in how these variables should be uniformly measured. This is not to imply 
that the available findings pertaining to the importation model variables are not meaningful. On 
the contrary, due to this scholarship, scholars and practitioners alike are now aware of the 
overwhelming effect of age on engaging in institutional misconduct, as well as how other 
extralegal factors (e.g., race, mental health issues, etc.) introduce more nuance into predictions 
and which operationalizations yield most benefits. The literature on available risk assessment 
tools specifically enriches this discourse through providing researchers with standardized items 
and scales that can accurately predict institutional behavior in practice. 
 While many focus on misconduct causes of other correctional populations, prison 
behavior of murderers, and especially capital murderers, is scarcely researched in the field of 
criminology. Given the violent histories of these offenders, scholars and practitioners alike 
question whether they will continue to behave violently while in prison, which can be especially 
detrimental to the prison order and safety. As such, the majority of inquiries are concerned with 
investigating the likelihood of subsequent violent misconduct. Indeed, having committed a 
murder is predictive of institutional violence in some studies of general prison populations (e.g., 
DeLisi & Butler, 2020). However, when DRPs as a unique group are considered, it becomes 
apparent that these prisoners behave less violently than other murderers (e.g., Sorensen & 
Cunningham, 2007; Sorensen et al., 1998). Notably, there is an extreme scarcity of research as to 
why and how non-violent misconduct occurs in the population of murderers. While non-violent 
infractions may not be as damning to the functioning of the facility, they are still disruptive, 
costly, and clearly worthy of study.  
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Current Study 
The literature on misconduct reveals extensive knowledge regarding how individuals 
behave when they are in prison. The explanations that dominate the literature are related to the 
importation model, which tend to yield mostly promising, but also some mixed, results. The 
importation model is concerned with pre-prison, pre-existing characteristics of the prisoners 
(Irwin & Cressey, 1962), and as such, tests of this model generally include a wide variety of 
variables. Accessibility of information may play a major role in the extent of the tests of the 
importation model, as desirable data can be obtained through PSIs, offender data searches, and 
institutional files. As evidenced by the literature review, the importation model enjoys relatively 
high empirical support (see Jiang & Fisher-Giorlando, 2002, and Steiner et al., 2014 for 
overviews). While not all variables have a significant relationship with misconduct, several 
variables are predictive of misconduct across studies and populations. Specifically, younger age 
(e.g., Cunningham & Sorensen, 2007b; Kigerl & Hamilton, 2016; Steiner et al., 2014; Valentine 
et al., 2015), mental health issues (e.g., Baskin et al., 1991; Belfrage et al., 2000; Felson et al., 
2012; Hare et al., 2000; Walters, 2011; Walters et al., 2003), and prior record (especially prior 
record of arrests and misconduct, e.g., Drury & DeLisi, 2010; Schenk & Fremouw, 2012; Steiner 
et al., 2014; Steiner & Wooldredge, 2009) consistently generate significant relationships with 
misconduct of different types.  
 Throughout my review of the literature, I identified only four studies that investigated 
institutional behavior of current16 DRPs specifically (Buffington-Vollum et al., 2008; 
Cunningham et al., 2005; Sorensen et al., 1998; Sorensen & Winkle, 1996), all of which are 
 
16 Note that the word “current” conveys that the investigated population was on death row at the time of the study, as 
opposed to, for example, formerly on death row like in the case of studies by Reidy et al. (2001) or Sorensen and 
Cunningham (2009). 
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limited in some way. First, although these four studies provide valuable information on what 
happens on American death rows, even the most recent study (Buffington-Vollum et al., 2008) is 
outdated. Second, the sample sizes in the four studies are relatively small: Buffington-Vollum et 
al. (2008) included 155 DRPs in Texas, Sorensen et al. (1998) included 52 DRPs in Missouri, 
Sorensen and Wrinkle (1996) included 93 DRPs in Missouri, and Cunningham et al. (2005) 
included 62 DRPs in Missouri. Third, only one of these studies contributes to the understanding 
of factors influencing non-violent misconduct separately (Buffington-Vollum et al., 2008). 
Fourth, none of the available actuarial scales (Cunningham & Sorensen, 2007a; Cunningham et 
al., 2011; Sorensen & Pilgrim, 2000) consider current DRPs separately from other prisoners.  
As such, this study aims to enrich the available literature by exploring the behavior of 
current DRPs in two states (Arizona and North Carolina) on the largest pooled sample of DRPs 
examined to date (N=238). Further, I distinguish between violent and non-violent misconduct 
and test importation model variables previously not considered in the misconduct literature. This 
initial, extended exploration of death row misconduct is achieved through descriptive statistics 
and the CACC, as these methods allow for thorough description and exploration of unresearched 
variables related to this population. 
The current study also attempts to produce a series of actuarial scales specifically created 
for the population on death row and validate those scales. First, I try to construct scales 
identifying the strongest predictors of non-violent and violent misconduct on Arizona DRPs 
(n=105), and attempt to validate the scale predicting non-violent misconduct on North Carolina 
DRPs (n=133).  
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Second, some scales are constructed for two racial subgroups from the pooled sample 
(White; n=110, 46.2% v. Non-White; n=128, 53.8%)17 as a substantial amount of research shows 
that race is predictive of misconduct in different correctional populations, including capital 
murderers (Bonner et al., 2017; Morris et al., 2010). However, note that – due to ethical and 
constitutional concerns – race in and of itself cannot be used for prediction of misconduct in 
correctional settings. Given that this is an academic study, attempting to predict misconduct of 
the two subgroups separately can inform scholars and practitioners about whether different 
factors come into play when misconduct is committed by White or Non-White prisoners.  
Third, the final set of scales investigates predictors of violent and non-violent misconduct 
of two age groups from the pooled sample. Sorensen and Cunningham (2007) and Steiner and 
colleagues (2014) found that prisoners after the age of 40 are less likely to commit misconduct. 
As such, it seems important to assess how age matters in my sample. The two age groups in this 
study will be those of the age 33 and younger at the time of death conviction (n=137, 57.6%), 
and those of the age 34 and older at the time of death conviction (n=101, 42.4%). This split is the 
result of the seven-year follow-up for misconduct prediction in this study, as that is when the 
misconduct base rate across both states is the closest to the recommended 50% (Craig & Beech, 
2010; Meehl & Rosen, 1955). The median age of the sample is 31 years old, which serves as an 
additional justification of splitting the sample in two at an age that is close to the sample’s 
median. The actuarial scales for the racial and age subgroups are not subjected to validation due 
to small sample sizes.    
 
17 It would be preferable to have multiple racial groups represented; however, few individuals are in specific 
minority groups, such as Native American (n=13, 5.5%) or Asian (n=3, 1.3%).  
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State Disparities 
 Although Arizona and North Carolina are analyzed as separate samples in this study (i.e., 
as a construction and a validation sample), it is vital to situate this study in its larger context and 
consider how the administrative differences of the two death rows may impact the opportunities 
to engage in misconduct in these two states. As the state-level death penalty is fully under the 
control of each individual state and each individual Department of Corrections, the realities of 
confinement on death row may vary across states. Although death rows are mostly separate, 
maximum-security units, there are variations in programming, visitation, and other policies. 
These policies, especially if they are extraordinarily lax or strict, can possibly change the 
misconduct patterns (e.g., Bosma et al., 2020). Despite operating with the importation model as 
the leading theoretical rationale of this study due to its extensive empirical evidence, the 
following information is provided for context, rather than as a base for the inquiry. 














Table 1: Death Row Conditions in Arizona and North Carolina18 
 Arizona North Carolina 
Location 
• Men: Arizona State Prison 
Complex, Browning Unit; Central 
Unit (Florence, AZ; about one 
hour away from Phoenix, AZ) 
• Women: Arizona State Prison 
Complex, Lumley Unit 
(Goodyear, AZ; about 30 minutes 
away from Phoenix, AZ) 
• Men: Central Prison, Unit III 
(Raleigh, NC) 
• Women: NC Correctional 
Institution for Women (Raleigh, 
NC) 
 
Cell Size 86.4 square feet Unknown 
Cell 
Occupancy 
Single  Single 
Access to 
Health Care 
For each inmate, including mental 
health services (no specification as to 
how this applies to DRPs) 
For each inmate, including mental 
health services (no specification as to 
how this applies to DRPs) 
Phone Calls 
May only call individuals on their 
visiting list (max. 20), one to three 15-
min phone calls a week 
Dependent on the Facility Head (At 
least two 15-min phone calls a month)  
Access to TV Yes Yes  
Library 
• Two books twice a month 
• Court materials 
• Yes, likely unlimited to each 
prisoner, no specification for DRPs 
• Court materials 
Work Yes Yes  
Visitation 
One to three 2-hour non-contact visits 
a week 
One non-contact visit a week (max. 2 
visitors), unknown length  
Smoking Not allowed Not allowed 
Crafts 
Origami and drawing supplies No more than 12 colored pencils, non-
toxic thin markers, notepads (9x12 size) 
Recreation 
• Three to four times a week, 2.5-3 
hours, athletic field or outdoors, 
likely in groups, followed by a 
shower 
• 3 hours per day in the dayroom 
for leisure and games 
 
• At least an hour per day to exercise 
and shower 
• Two times a week outdoor group 
recreation (unknown length)  
• Daily dayroom from 7am to 11pm 
for TV 
Programming 
• No educational services  
• Some programming in specific 
units available 
• Religious services 
• Substance abuse group therapy 
 
 
18 All the information in this table is derived from official websites of respective department of corrections, 
specifically their sections on death row, and department orders and regulations (Arizona Department of Corrections, 
Rehabilitation & Reentry – Death Row, https://corrections.az.gov/public-resources/death-row; Department Orders 
Index, https://corrections.az.gov/reports-documents/adcrr-policies/department-orders-index; North Carolina 
Department of Public Safety – Death Penalty, https://www.ncdps.gov/adult-corrections/prisons/death-penalty; 
Publications, Forms and Manual, https://www.ncdps.gov/our-organization/adult-correction/prisons/publications-
forms-and-manuals).  
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 As evidenced by Table 1, the official information pertaining to what happens on death 
rows in these two states is extremely limited; however, they do seem relatively comparable. I 
find it important to note that in both states DRPs may work to a certain extent, as well as 
participate in some programming and in other group activities, which means that they have 
access to other individuals. Consequently, there is a possibility for violent misconduct. 
 Administrative differences of the two prisons may also take a form of racial composition 
of the prison staff and racial dyads of prisoners and correctional officers. The role of race may be 
especially salient in this inquiry as past literature suggests that minority prisoners and those with 
prior misconduct may be over-cited by the correctional officers (Armstrong, 2015; Poole & 
Regoli, 1980). Specifically, Armstrong (2015) noted: “[…] a correctional officer may be more 
likely to perceive contraband in a Black offender’s hand than in a White offender’s hand” (p. 
770). Given the overrepresentation of, in particular, Black prisoners on death rows across 
America – 43% of DRPs are Black (DPIC, 2019) versus 13.4% of American population is Black 
(United States Census Bureau, 2018) – these nuances may be even more pronounced on death 
rows where public and scholarly oversight are even more limited. 
Nonetheless, this line of research is limited to an even larger extent than death row 
research, which may be due to the complete lack of official statistics on the racial composition of 
the prison staff.19 The problem remains that most research (including the research at hand) 
focuses on official misconduct records, which are likely impacted by correctional officers’ 
discretion in addition to the actual manifested behavior of the prisoners (Wooldredge, 1991). 
However, given that (1) the findings of Poole and Regoli (1980) are outdated; (2) Armstrong 
(2015) and Wooldredge (1991) did not provide empirical evidence to substantiate their 
 
19 The only identified statistic regarding race of prison staff, possibly due to high turnover rates, is from Federal 
Bureau of Prisons (2021), noting that 62.3% of federal prison staff is White/Caucasian. 
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assumptions; and (3) no official indicators are available to test these claims, it is advisable to 
keep these possible interactions in mind when interpreting the results and contemplating 
institutional misbehavior in general.  
Research Questions 
The following research questions guide the analyses to achieve the proposed objectives. 
For increased clarity, I distinguish between research questions that are intended to enhance an 
academic understanding of what happens on death rows (i.e., exploration and description), and 
those that are concerned with prediction of misconduct in applied settings. The following are the 
explorative research questions: 
 Research Question 1: What is the average time to first violent and first non-violent  
misconduct on death row?  
Research Question 2: How does prevalence of violent and non-violent misconduct on 
death row change over time?  
Research Question 3: What is the most common profile of DRPs with a presence  
or absence of a violent and non-violent misconduct record? 
Research Question 3a: What is the most common profile of DRPs in Arizona and  
North Carolina with a presence or absence of a violent and non-violent  
misconduct record? 
Research Question 3b: What is the most common profile of White and Non-White   
DRPs with a presence or absence of a violent and non-violent  
misconduct record? 
Research Question 3c: What is the most common profile of DRPs who were  
sentenced when they were 33 or younger v. those who were 34 and older at the  
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time of the sentence with a presence or absence of a violent and non-violent 
misconduct record? 
 
Prediction of misconduct is addressed through investigating the following research questions: 
Research Question 4: What factors are significantly related to engaging in violent and/or 
non-violent misconduct? 
Research Question 4a: What factors are significantly related to engaging in  
violent misconduct in White v. Non-White DRPs? 
Research Question 4b: What factors are significantly related to engaging in  
non-violent misconduct in White v. Non-White DRPs? 
Research Question 4c: What factors are significantly related to engaging in  
violent misconduct in those who were 33 or younger v. those who were 34 and 
older at the time of the sentence? 
Research Question 4d: What factors are significantly related to engaging in  
non-violent misconduct in those who were 33 or younger v. those who were 34 
and older at the time of the sentence? 
Research Question 5: Are the same factors predictive of violent and non-violent  
misconducts across different samples (i.e., is the actuarial scale valid)? 
 
Next, to answer these questions and fill the gaps in the literature, I describe why Arizona 
and North Carolina were selected to be the study sites, along with who the prisoners sentenced to 
death are in these two states. After the sample description, I present data collection procedures 
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and sources, followed by an overview of the included variables and methods that I use to address 
the research questions.   
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CHAPTER 3: METHOD 
The paucity of research examining experiences and behavior of prisoners on death row is 
understandable given the low number of DRPs across the US; as of October 1, 2020, there are 
2,553 prisoners on death row in the United States. Out of these, only 1,496 are considered to 
currently have an “enforceable sentence” (i.e., are not being resentenced or on death row in a 
state that has an official moratorium imposed; NAACP Legal Defense and Educational Fund, 
Inc., 2020). Nevertheless, it is critically important to investigate the misconduct behaviors of 
these prisoners in order to ensure the safety of the facility, the staff, and the prisoners 
themselves. The purpose of this study is to investigate the factors that influence the likelihood of 
a death row inmate engaging in institutional misconduct. This is achieved by conducting (1) 
basic statistical analyses (e.g., frequencies and descriptive statistics); (2) a conjunctive analysis 
of case configurations (CACC; Miethe et al., 2008); (3) construction and attempted validation of 
an actuarial scale; and (4) construction of actuarial scales on subpopulations within the sample.  
Site Selection 
 Given the focus of this study, the public availability of misconduct data is of utmost 
importance and was the deciding factor for state inclusion in the sample.20 Arizona and North 
Carolina are the only two states that not only have a substantial number of DRPs, but also 
publicly provide information on their misconducts.21 Although this is ultimately a convenience 
sample, it is the most appropriate sampling method given that my research deals with a hard-to-
 
20 Efforts were made to establish contact with DOCs in order to personally collect data. Given the current 
circumstances regarding the COVID-19 pandemic, along with IRB requirements, the decision was made to utilize 
secondary, publicly available data. 
21 Aside from Arizona and North Carolina, there are three states that provide information on misconduct: Arkansas, 
Kansas, and South Carolina. Arkansas only has 31 DRPs, but more importantly than the rather small population, the 
Arkansas Department of Corrections only offers information on “major guilty disciplinary violations”. Kansas 
currently only has ten DRPs. In South Carolina, 39 prisoners are awaiting an execution, but the system only reflects 
their institutional misconduct from 2009. Given these significant limitations of the available data, these three states 
are not included in this study. 
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access, niche population. Accordingly, attempting to obtain a random sample of American DRPs 
would be exceedingly costly, time-consuming, and unlikely within a reasonable amount of 
time.22 One of the main disadvantages of a convenience sample is the lack of generalizability 
(Jager et al., 2017); however, given that this study is ultimately a pilot study that aims to produce 
replicable and reliable variable operationalizations and results, a convenience sample is 
appropriate to use (Lunneborg, 2007). To ensure exhaustiveness of the data and appropriate 
inclusion of suitable death rows, I input information of one local DRP in the offender data search 
in each US state that practices the death penalty to inquire about the data availability (i.e., if 
information on misconducts was publicly available).23 
Sample 
 The sample in this study consists of 238 current24 DRPs in Arizona (n=105) and North 
Carolina (n=133). Through their offender search systems, the Arizona Department of 
Corrections, Rehabilitation & Reentry (ADCRR) and North Carolina Department of Public 
Safety (NCDPS) make data on all DRPs publicly available. To briefly introduce the relevant 
characteristics (Table 2), the average age in the sample as of 2020 is 53 years old, which is also 
the case in the two states separately. The average age at death sentence was 32.84 years old, with 
Arizona’s average being higher (35.05) than North Carolina’s (31.10). In both states, as well as 
the whole sample, the overwhelming majority of DRPs are male (98.3% in the whole sample, 
98.1% in Arizona, and 98.5% in North Carolina), reflecting national trends.   
 
22 I attempted to establish contact with several Departments of Corrections from September 2019 to February 2020 
in order to survey DRPs, but to no avail. 
23 As of August 15, 2020, 25 US states retain the death penalty, 22 states have abolished the use of the punishment, 
and in three states currently have moratoriums imposed by their respective governors (DPIC, 2020).   
24 As of August 15, 2020.  
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  The demographics start to diverge more dramatically across the two states when race is 
considered. Overall, 46.2% of the sample includes White DRPs; however, in Arizona 58.1% of 
DRPs are White, and in North Carolina the number lowers to 36.8% of White DRPs. North 
Carolina has faced extensive legal challenges for alleged racial discrimination in capital 
sentencing to the point that The North Carolina Racial Justice Act of 2009 was passed; 
nonetheless, as is apparent from the data, minority prisoners still form the majority of North 
Carolina’s death row. Overrepresentation of minority prisoners, especially Black/African-
American individuals, is not unique to North Carolina; 42% of all American DRPs are 
Black/African-American (DPIC, 2019), although Black/African-American individuals form a 
mere 13.4% of the US population (United States Census Bureau, 2018).  
 Regarding variables that more specifically address the DRPs’ justice involvement, 79.8% 
of the whole sample has a prior criminal record (78.1% in Arizona vs. 81.2% in North Carolina), 
and 30.3% have a record of institutional misconduct prior to being placed on death row in the 
two states (46.7% in Arizona vs. 17.3% in North Carolina). The misconduct committed within 
the first seven years on death row is discussed in detail in the following sections, but a brief 
description is warranted here. The percentage of DRPs involved in non-violent and violent 
misconduct in the given time period is higher in North Carolina (85.0% non-violent, and 66.9% 
violent) than in Arizona (55.2% non-violent and 34.6% violent). The prevalence of misconduct 
among the whole sample is 71.8% having at least one non-violent misconduct recorded, and 





Table 2: Sample Characteristics 
Total Sample (N=238) M or % SD Range 
Age when sentenced 32.84 8.84 20-64 
Age in 2020 53.02 9.86 32-87 
White 46.2% 0.50 0-1 
Male 98.3% 0.13 0-1 
Prior record 79.8% yes 0.40 0-1 
Prior misconduct 30.3% yes 0.46 0-1 
Non-violent misconduct 
at 7 years on DR 
71.8% yes 0.45 0-1 
Violent misconduct at 7 
years on DR 
52.7% yes 0.50 0-1 
Arizona (n=105) M or % SD Range 
Age when sentenced 35.05 9.76 21-64 
Age in 2020 53.22 10.53 33-77 
White 58.1% 0.50 0-1 
Male 98.1% 0.14 0-1 
Prior record 78.1% yes 0.42 0-1 
Prior misconduct 46.7% yes 0.50 0-1 
Non-violent misconduct 
at 7 years on DR 
55.2% yes 0.50 0-1 
Violent misconduct at 7 
years on DR 
34.6% yes 0.48 0-1 
North Carolina (n=133) M or % SD Range 
Age when sentenced 31.10 7.63 20-57 
Age in 2020 52.86 9.33 32-87 
White 36.8% 0.48 0-1 
Male 98.5% 0.12 0-1 
Prior record 81.2% yes 0.39 0-1 
Prior misconduct 17.3% yes 0.38 0-1 
Non-violent misconduct 
at 7 years on DR 
85.0% yes 0.36 0-1 
Violent misconduct at 7 
years on DR 




 The objective of this study is to include all current DRPs on death rows in Arizona and in 
North Carolina; however, several prisoners had to be excluded for the purposes of the analyses. 
Since this study predicts violent and non-violent misconduct through the seventh year on death 
row,25 all prisoners who have been sentenced to death less than seven years ago were excluded 
 
25 Please note that the rationale for this threshold is discussed in the section on analytical strategy.  
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(18 total; 13 in Arizona and 5 in North Carolina). Additionally, one prisoner in North Carolina is 
currently being resentenced (as of December 2020); his information is not provided in the 
offender search, which led to his exclusion from the sample.  
Data Collection and Sources 
 All data in this dissertation are secondary data collected from a variety of sources. While 
the use of secondary, retrospective data may be considered to be a shortcoming for research 
studies, Eaglin (2017) contends that agency data is oftentimes (and non-problematically) used for 
the construction of actuarial scales, which is one of the objectives of this study. Furthermore, 
using agency data (i.e., information that is readily available to prison staff upon intake) can 
streamline the process of risk classification of prisoners in practice, as the staff does not need to 
employ lengthy, and oftentimes expensive, risk assessment instruments (Fries et al., 2013), 
leading to the creation of second generation scales (i.e., risk assessments which do not include 
dynamic factors). When considering the target population of this study, the benefits of using 
archival agency data to make conclusions about the likelihood of prisoners engaging in 
misconduct is especially salient. Although many risk assessment instruments put emphasis on the 
needs of prisoners that could be targeted in treatment (see, for example, Desmarais et al., 2016; 
Salisbury et al., 2016), DRPs have limited access to programming that could address those needs. 
Consequently, a construction of brief actuarial scales based on agency data is sufficient for the 
purpose of establishing risk of DRPs committing misconduct without focusing on what the 
prisoners’ needs are. Furthermore, this study explores a heretofore neglected area of research – 
the use of secondary data for the purposes of this study is beneficial for its practicality, but also 
provides for contributions to the academic field.  
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The primary sources were the offender databases of ADCRR and NCDPS.26 The 
procedure for the data collection from these sources began with identifying all prisoners on death 
row in these two states. In the case of Arizona, the ADCRR provides their own list of DRPs that 
allows individuals to click on each individual prisoner to obtain their information specified in the 
section above. In the case of North Carolina, no such list is available; hence, I obtained a list of 
the names of DRPs from the NAACP Legal Defense and Educational Fund, Inc.’s quarterly 
report.27 Each individual name was then input into the North Carolina search to obtain data.   
 Additional data regarding the prisoners’ current crime (the one that has led them to death 
row), their psychological state, education, victimization, and their sentencing were collected via 
a thorough search of court proceedings (i.e., appeals, opinion summaries, and other decisions) 
related to each individual case. I searched for these documents using sites such as: (1) Justia US 
Law: https://law.justia.com; (2) Court Listener: www.courtlistener.com; and (3) Case Text: 
https://casetext.com.28 In order to ensure that no document was omitted, after searching these 
sources I also conducted a series of searches through Google, using the term “Name of the 
prisoner v. Name of the state”.  
After collecting as much court documentation from those sources, I read through all 
available documents and used the “Find” function to search the text for key terms related to the 
primary variables of interest. The key terms searched were: psychology (and related terms, such 
as disorder, IQ, personality), abuse (and related terms, such as trauma, victimization, childhood), 
 
26 Arizona Department of Corrections Rehabilitation & Reentry Inmate Data Search 
(https://corrections.az.gov/public-resources/death-row), and North Carolina Department of Public Safety Offender 
Public Information (https://webapps.doc.state.nc.us/opi/offendersearch.do?method=view).  
27 These reports are available at: https://www.naacpldf.org/our-thinking/death-row-usa/ 
28 Such sites serve solely as depositories of decisions and proceedings from individual states as well as from federal 
courts. All documents gathered have appropriate docket numbers and references to institutions that released them 
(e.g., Supreme Court of North Carolina); as such, these sources are deemed as credible.  
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and education (and related terms, such as grade, school). The repeated readings and search for 
specific words were done to maximize the information gleaned from the documents. 
 In order to supplement the court documents and corroborate the court proceedings, I also 
searched news coverage of each individual DRP. Rather than going through each individual 
news outlet in respective states, especially given that some cases received national coverage, I 
again used the Google search engine, specifically searching the following phrases: (1) Name of 
the prisoner, state; (2) Name of the prisoner, death row; and (3) Name of the prisoner, death 
penalty. Each resulting site was again read, and the search continued across Google pages (as 
each case resulted in multiple pages of results), until the results were no longer relevant to the 
prisoner. 
 Note that the date range of data included in the data is from February 11, 1983 (when the 
first still current DRP in the sample arrived on death row) to January 31, 2021 (when data 
collection concluded). All information gathered from these sources was input into SPSS 27 to be 
prepared for the analyses.29 On June 27, 2020, the Social/Behavioral IRB of University of 
Nevada, Las Vegas excluded this project from a review, as it was deemed to not be human 
subjects research (Appendix A).    
Variables 
 In this section, all dependent and independent variables involved in the study are 
presented along with a discussion on where the data were collected, and what decisions were 
made regarding their coding and inclusion. This study uses two quantitative methods (CACC and 
construction of actuarial scales), and different variables are used in each method (see Table 3 for 
a breakdown). 
 
29 I also created a document with memos about complex cases to be discussed with the chair of this dissertation in 
order to provide reliable data. 
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Dependent Variables   
Non-Violent Misconduct ✓ ✓ 
Violent Misconduct ✓ ✓ 
Independent Variable Constructs31   
Relationship with the Victim  ✓ 
Motive for Murder  ✓ 
Method of Murder  ✓ 
Presence of an Accomplice  ✓ 
Multiple Victims  ✓ 
Victim’s Sex  ✓ 
Prior Criminal Record  ✓ 
Prior Misconduct  ✓ 
Education  ✓ 
History of Childhood 
Abuse/Household Dysfunction 
✓  
Mental Health Issues and Disabilities ✓  
Aggravating Circumstances ✓  




 The dependent variables in this study are related to violent and non-violent misconduct 
committed by DRPs. All data on institutional misconduct were collected from the respective 
offender databases of the respective departments of corrections (ADCRR and NCDPS). 
Although the designation of “violent” versus “non-violent” misconduct may seem blunt, this 
operationalization helps maintain measurement validity since some discrepancy exists regarding 
the classification of misconduct between the two states.32 To address these discrepancies, all 
 
30 Both methods investigate associations across the whole sample, but also specifically in two subsamples (racial 
minority v. racial majority, and 33 and younger at the time of the sentence v. 34 and older at the time of the 
sentence), as such variables on age and race are not directly included in the analyses.  
31 Please note that some of these constructs (e.g., method and motive of murder) require the inclusion of series of 
dichotomous variables. For the sake of brevity, only the overall constructs are included in this table; however, the 
exact coding is provided in the following sections.  
32 While the ADCRR distinguishes between minor and major misconducts, the NCDPS provides no classification of 
the seriousness of an infraction. Although minor and major may be a suitable distinction (e.g., Drury & DeLisi, 
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misconducts were coded simply to reflect violent and non-violent behaviors to reflect consistent 
codes across the two datasets. This operationalization is common in the misconduct literature 
(e.g., Cain et al., 2016).  
 In this study, violent misconducts are regarded to be behaviors that were directly violent 
(i.e., assaults of other prisoners and/or staff, fighting, self-harm, rioting, sexual acts,33 murder), 
or potentially violent (i.e., throwing objects, planning a riot, setting a fire, involvement with a 
gang, escaping or attempting to escape). 
All other behaviors, including drug misconducts, were considered to be non-violent for 
the purposes of this study. Although scholars recommend having drug-related misconduct 
investigated separately due to the seriousness of these infractions (e.g., Steiner & Wooldredge, 
2013), there are not enough drug offenses recorded in the current data and so they are included in 
the non-violent misconduct category. 
To proceed with the construction of actuarial scales, base rates of non-violent and violent 
misconduct (i.e., the percentage of prisoners engaging in misconduct) had to be established. 
Given that the base rate of 50% is recommended (Craig & Beech, 2010; Meehl & Rosen, 1955), 
data on all misconducts committed by each DRP since their arrival on death row was collected 
for both construction (Arizona; Figure 1) and validation (North Carolina; Figure 2) samples in 
yearly intervals to determine when 50% of prisoners engaged in misconduct. There are multiple 
ways a sample can be split for validation purposes, with some recommending 20% (construction) 
to 80% (validation) split (Gottfredson & Snyder, 2005). Given the relatively small sample size 
for these purposes and the existence of two distinctive samples from different jurisdictions, the 
 
2010), the ADCRR repeatedly classifies some misconduct as both minor and major (e.g., disobeying an order), 
which is possibly based on an individual DRP’s prior behavior. 
33 Some sexual acts between two prisoners can be purely consensual; however, under the Prison Rape Elimination 
Act (PREA; 2003) all sexual contact among prisoners is considered to be non-consensual and illegal.    
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decision was made to use the state with the smaller death row population as a construction 
sample (Arizona; n=105), and the state with the larger death row population for validation 
purposes (North Carolina; n=133).    
Since the base rates in the seventh year on death row in Arizona yielded results closest to 
50%, this study attempts to predict violent and non-violent misconduct over the first seven years 
on death row. The dependent variables are thus coded as follows for both methods (i.e., the 
CACC and construction of actuarial scales): The absence of any non-violent misconduct in the 
given time period was coded as 0, the presence of any non-violent misconduct in the given time 
period was coded as 1. The same coding scheme applied to violent misconduct.  
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Given the study’s theoretical focus on the importation model, the primary independent 
variables in this study are concerned with individual characteristics of the DRPs related to their 
pre-prison characteristics and their offense, as well as criminal history. In this discussion, I group 
these variables by the source from which they came.  
 Independent Variables Collected from Offender Databases. The first variable is the 
prisoner’s age at the time of the sentence coded as 0=33 years old and younger at the time of the 
sentence, and 1=34 years old and older at the time of the sentence. The inclusion of this variable 
is crucial, as previous research suggests that age is one of the strongest indicators of subsequent 
misconduct (Cunningham & Sorensen, 2007b; Kigerl & Hamilton, 2016; Steiner et al., 2014; 
Valentine et al., 2015), and it has been found to be predictive in all three actuarial scales 
predicting misconduct of capital murderers (Cunningham et al., 2011; Cunningham & Sorensen, 
2007a; Sorensen & Pilgrim, 2000). Specifically, the distinction between those over and under the 
age of 33 was made based on the findings of Sorensen and Cunningham (2007), and Steiner and 
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they are over 40. Given the seven-year follow-up period used in this study, 33 years old at the 
time of the sentence serves as a cutoff age for this dichotomous variable, for the end of the 
follow-up period to be when the DRPs reach 40 as at that time their misconduct should decrease 
based on the available literature. The information on prisoner’s age at the time of the sentence 
was gathered from multiple sources. In the case of North Carolina, the DRPs’ date of birth is 
included in the offender search system results; hence, the year of sentence was subtracted from 
the year of birth to arrive at the age the prisoner at the time of the death sentence. The ADCRR 
does not include ages or dates of birth of prisoners in the system. As such, the information was 
collected from and corroborated across news outlets.  
 Another variable widely present in the literature is the offenders’ race (Bonner et al., 
2017), although its inclusion in predictive pursuits is problematic (as was discussed previously). 
Nevertheless, research on DRPs reveals that race may play a role in how prisoners adjust to 
prison (Reidy et al., 2001), which is why race is considered in this study. Both agencies’ offender 
databases offer information on the prisoner’s race or ethnicity, which was further corroborated 
with the latest quarterly report of the NAACP Legal Defense and Educational Fund, Inc. In this 
study, race is coded as 0=Non-White, and 1=White. While accounting for different racial 
minorities would be preferable to categorizing all minorities as “Non-White”, the numbers of 
DRPs in the sample who are Latinx (n=26, 10.9%), Native American (n=13, 5.5%), Asian (n=3, 
1.3%), and other (n=1, 0.4%) are too low to be able to draw meaningful statistical inferences.  
 Criminal history has been found to have a strong relationship with institutional 
misconduct (e.g., Schenk & Fremouw, 2012; Steiner et al., 2014), although conceptualizations of 
prior record did not improve upon the actuarial scale for capital offenders put forward by 
Cunningham and Sorensen (2007a). In this study, two variables that address prior record are 
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included in the analyses. First, a variable on prior record that specifically involves any criminal 
record (i.e., even probation, rather than solely incarceration record; 0=No prior record, 1=Prior 
record) is used for the analyses. Second, a variable on misconduct prior to the current 
offense/structure with the respective prison systems (Arizona and North Carolina) is presented 
and coded as 0=No prior misconduct, and 1=Prior misconduct. Regarding the variable on prior 
misconduct, the date of the death sentence was a benchmark for distinguishing which 
misconducts happened prior to conviction and which after.   
 Independent Variables Collected from Court Materials and News Outlets. 
Characteristics of the current offense have been widely used in research of misconduct (Cain et 
al., 2016; Toman et al., 2015). The focus on this factor is specifically applicable for this study, as 
all actuarial scales reviewed (Cunningham et al., 2011; Cunningham & Sorensen, 2007a; 
Sorensen & Pilgrim, 2000) have found that some offense characteristics (i.e., method of murder, 
motive of the murder, and number of victims) were significantly associated with misconduct.  
In this study, there are multiple variables that aim to assess the impact of various 
characteristics of the current offense, some of which have not yet been tested in the available 
literature. These include, first, the method of murder (i.e., how did the offender kill the victim). 
Possible methods of murder included: Shooting (0=No, 1=Yes); Stabbing (0=No, 1=Yes); 
Suffocating (0=No, 1=Yes); Bludgeoning/Beating (0=No, 1=Yes); and Death resulting from 
child abuse/Child victim (0=No, 1=Yes).34  
Second, I coded for the motive (i.e., why did the offender kill the victim) using a series of 
binary variables where 0=No (motive not present) and 1=Yes (motive present). The variables 
falling under this umbrella term included: Murder for gain (i.e., during robbery, burglary, or for 
 
34 Some methods were previously included by Cunningham et al., 2011.  
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insurance money, murder for hire); Sexually motivated murder (i.e., during rape, due to 
necrophiliac tendencies, due to pedophilia); Murder to avoid arrest (i.e., to stop the victim from 
turning the offender in, killing a police officer who would arrest the offender for a different 
crime); and Conflictual murder (i.e., resulting from interpersonal and romantic conflicts, 
frustrations and arguments, personal revenge).35  
Third, the offender’s relationship to the victim (i.e., how did the offender know the 
victim) was depicted using a series of dichotomous variables, where 0=No (relationship not 
present) and 1=Yes (relationship present). These included the following: Personal relationship, 
(i.e., the offender and the victim knew one another); and Family relationship (i.e., the offender 
and the victim were blood related or related through marriage).36  
Finally, I coded for a series of variables related to additional situational factors. Presence 
of an accomplice (i.e., did the offender have an accomplice or multiple) was coded 0=No, 
1=Yes.37 Whether there were multiple victims was coded as 0=One murder victim, 1=More than 
one murder victim.38 The victim’s sex39 was coded as two variables - Male (0=No, 1=Yes) and 
Female (0=No, 1=Yes).40 The number of aggravators presented at court was dichotomized such 
that the total number was split at the median and then coded 0=Low, 1=High. Finally, I 
accounted for whether the murder was especially heinous, cruel, or depraved (as found by the 
jury; 0=Not heinous, cruel or depraved, 1=Heinous, cruel or depraved).41 
 
35 Some motives were previously included by Cunningham et al., 2007a, and Sorensen & Pilgrim, 2000.  
36 Not previously investigated in the literature.  
37 Not previously investigated in the literature.  
38 Previously included by Sorensen & Pilgrim (2000). 
39 The focus of this variable is solely on whether demographic characteristics of the victim(s) affect DRP’s 
subsequent behavior. I account for instances of multiple victims (of the same sex or otherwise) through the use of 
the previous variable (Multiple victims). 
40 Not previously investigated in the literature. 
41 Not previously investigated in the literature.  
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Moving on to other variables outside of the current offense, level of education is also 
included in this study as an independent variable, although the results on its explanatory power 
are of a mixed nature regarding general correctional populations (Berg & DeLisi, 2006; Bosma 
et al., 2020; Drury & DeLisi, 2010; Harer & Langan, 2001; Morris & Worrall, 2014). However, 
Cunningham and colleagues (2008) found in a study of LWOP capital prisoners that high school 
diploma/GED decreased the likelihood of misconduct, warranting it to be accounted for in this 
study. In this study, those who received a GED or obtained a high school diploma (or more) are 
coded as 1, and those who did not complete high school are coded as 0.  
While the role of the history of substance abuse in institutional misbehavior of capital 
offenders remains unexplored, it has been related to the increased likelihood of committing 
misconduct in multiple studies of different correctional populations (Meade & Steiner, 2013; 
Steiner & Wooldredge, 2009, 2015; Steiner et al., 2014) although some studies found limited 
effect (McCorkle, 1995; Rocheleau, 2014; Walters & Crawford, 2013). In this study, substance 
misuse includes even legal substances (such as alcohol) that can lead into abuse, as any excessive 
substance misuse can be regarded as having an impact on a defendant’s conduct. Related to 
substance misuse are mental health issues and cognitive capabilities, which are largely indicative 
of both violent and non-violent institutional misconduct and are among some of the most 
consistently significant variables in prior research (Baskin et al., 2012; Felson, 2012; Lahm, 
2008; Walters et al., 2003) although Cunningham and Sorensen (2007a) did not find that 
prisoners’ IQ was significantly related to their misconduct in their actuarial scale. While the 
court materials do not generally include specific diagnoses or standardized discussions of the 
offenders’ mental health, they still reveal valuable information about the offender’s mental state 
during and prior to committing the crime, especially through expert testimonies.  
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I account for the following characteristics and conditions: Recorded mental health issues 
or disabilities (e.g., prior diagnosis or symptoms of a personality disorder, mood disorder, 
cognitive disabilities, suicide attempts or ideation); Recorded low IQ; History of brain injury or 
other brain abnormalities; and History of substance abuse. Due to the small sample size, in order 
to use all of these variables for the CACC, I aggregated these characteristics into a composite 
variable. I then coded this variable as 0 (Low) for those DRPs who had two or fewer of the four 
indicators of psychological dysfunction symptomology, and 1 (High) for those DRPs who had 
three or four of the four indicators of psychological dysfunction symptomology.  
Prior trauma and victimization have been investigated in relation to engaging in 
misconduct, although not to the extent of other variables that are more readily available. When 
capital offenders are considered, none of the available studies investigates the role of trauma in 
engaging in misconduct. Nonetheless, the findings of the general correctional scholarship 
suggest that physical and sexual abuse increases the odds of prisoners behaving both violently 
and non-violently while incarcerated (Meade & Steiner, 2013; Morash et al., 2010; Steiner & 
Wooldredge, 2009). While some of these studies distinguish between childhood and adulthood 
victimization (e.g., Meade & Steiner, 2013), in the current study I was only able to include 
childhood victimization due to the limitations of the available data. One variable addresses 
childhood trauma and victimization: Any history of childhood abuse (i.e., physical abuse, sexual 
abuse, emotional abuse, neglect; 0=No, 1=Yes) 
While this is not an exhaustive list of variables that could be used in testing the 
importation model, the access to data on DRPs is severely limited, and as such there is emphasis 
on variables accessible through secondary sources and relevant to the population. 
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Analytical Strategy 
 The first part of the study, along with the first three research questions, is concerned with 
exploring misconduct on death row in Arizona and North Carolina. In order to answer the first 
two research questions, basic statistical procedures (e.g., frequencies) and calculations are used. 
Specifically, the answer to the first research question concerning the average time to first violent 
and first non-violent misconduct on death row is derived from calculating the time from death 
conviction to the first violent and non-violent misconduct of each individual prisoner and 
averaging it across the sample. The prevalence of violent and non-violent misconduct on death 
row over time – the second research question – are addressed through analyzing the frequencies 
of violent and non-violent infractions at varying time points of each individual prisoner (1st 
through 10th year on death row), and subsequently presenting the pattern in an aggregate manner.  
While the first two questions can be answered through simple statistical methods, the 
third research question and its sub-questions – What is the most common profile of DRPs with a 
record of violent and non-violent misconducts? – requires the use of CACC (Miethe et al., 2008). 
The CACC can not only account for the complexity of my dataset, but it also results in 
identifying a combination of factors that are associated with higher or lower misconduct 
prevalence, rather than simply investigating independent effects of individual variables.   
 The second part of this study and the remaining research questions (RQ 4 and its sub-
questions) focus on the prediction of non-violent and violent misconduct. As such, I investigate 
predictors of violent and non-violent misconduct in an attempt to construct and validate actuarial 
scales. The procedures accompanying construction and validation of the actuarial scales, and 
their applicability in the criminal justice research, are also described.    
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Conjunctive Analysis of Case Configurations (CACC) 
 The CACC allows for a broader look at misconduct among DRPs than is possible with 
actuarial scales, as it can be used as an exploratory, cross-case method that investigates 
associations among dichotomous variables. Unlike the actuarial methods described below, using 
a CACC allows the inclusion of variables that are specific to given jurisdictions (Arizona and 
North Carolina) or specific offenders that cannot be used in actuarial scales. To elaborate on this 
point, I use symptoms of psychological dysfunction as an example. Court documents (e.g., 
appeals, opinion summaries, and other decisions) often include expert witnesses with varying 
credentials who provide testimony based on their expertise.42 This testimony is intended to 
provide additional knowledge in order to aid judicial decisions (e.g., regarding mitigating or 
aggravating factors), but cannot be used in actuarial scales because expert witnesses from 
different educational or professional backgrounds may address the case from different angles 
(e.g., medical or psychiatric/psychological) and may use different evidence to create their 
testimony which prevents standard measures of mental health assessments. For example, the 
omission of a discussion on a defendant’s traumatic brain injury may not be because such injury 
did not occur, but due to the specific expertise of the expert witness or changes in standards of 
expert testimony. The information gathered from expert testimonies cannot be standardized 
across time periods (since experts only practice for a certain amount of time), across states (i.e., 
 
42 Under the Rule 702 of the Federal Rules of Evidence (2017), Testimony by Expert Witness, the following criteria 
must be fulfilled in order for an individual to be considered an expert witness: 
 A witness who is qualified as an expert by knowledge, skill, experience, training, or  
education may testify in the form of an opinion or otherwise if: 
(a) The expert’s scientific, technical, or other specialized knowledge will help the trier of fact to 
understand the evidence or to determine a fact in issue; 
(b) The testimony is based on sufficient facts or data; 
(c) The testimony is the product of reliable principles and methods; and 
(d) The expert has reliably applied the principles and methods to the fact of the case. 
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due to state-specific licenses), or even across experts (i.e., different experts will use different 
methods and diagnostical tools). Due to these reasons, expert testimonies presented in capital 
sentencing and subsequent appeals cannot be included as predictors in actuarial scales.  
Nonetheless, the value of information present in expert testimonies cannot be 
disregarded, especially since mental health issues and cognitive functioning have been found to 
be significantly associated with misconduct in the general population (e.g., Felson et al., 2012; 
Lahm, 2008; Walters et al., 2003; Walters, 2011) as well as in capital offenders (Cunningham et 
al., 2011). As such, conducting a CACC can reveal whether factors that are presented in witness 
testimonies (i.e., symptoms of psychological dysfunction and history of victimization) are 
associated with those who commit increased numbers of misconduct on death row. Such findings 
can then inform further inquiries or practice in cases where standardized data are available, as 
well as identify outliers in the data (in this case, DRPs who have committed a large number of 
misconducts, as that is relatively uncommon) for further exploration of their characteristics. 
As such, in this study the CACC is used to explore the combinations of those importation 
model variables that are not standardized among offenders or between jurisdictions, which are 
associated with prisoners with a record of violent and non-violent misconduct. To briefly 
elaborate on this, the CACC allows me to consider the contexts of DRPs who either misbehaved 
or not, which is suited for answering RQ 3 and its sub-questions that seek to establish the most 
common profile of such prisoners. This analysis begins with the selection of dependent and 
independent variables (see Table 3 for the variable inclusion) that are categorical and 
theoretically relevant. After the selection, all cases are aggregated into a conjunctive data matrix 
in SPSS 27, which results in establishing what case configurations yield the highest prevalence 
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of prisoners with a record of violent and non-violent misconduct. These processes are repeated 
on subsamples within the dataset (i.e., state, age, race).   
Construction and Validation of Actuarial Scales 
Although actuarial scales were not originally developed for the purposes of predicting 
criminality, they have been widely applied in the criminal justice field. For example, these types 
of assessments have been used to improve accuracy and fairness in sentencing, classification 
decisions, and to predict the likelihood of recidivism or other negative outcomes (Desmarais et 
al., 2016; Eaglin, 2017; Salisbury et al., 2016). In relation to specifically predicting institutional 
behavior, Duwe (2020) recently developed a scale predicting misconduct with a 6-month follow-
up period, arguing that such scales ultimately protect both staff and prisoners. As such, it is 
crucial that the assessments used in the criminal justice field are valid for their intended 
populations. 
This study focuses on the prediction of misconduct among prisoners sentenced to death, 
which is an endeavor that has not yet been pursued in scholarly literature. In order to arrive at the 
factors that increase the DRPs’ likelihood of engaging in violent and non-violent misconduct, a 
series of actuarial scales are constructed, and validation is (unsuccessfully) pursued. Given the 
data available for this study, the resulting scales are second generation scales, as they only 
include static factors. Nonetheless, static factors tend to perform well in misconduct prediction 
(Duwe, 2020), which is the overall objective of this study.        
The construction of actuarial scales generally begins with a selection of highly reliable 
factors which have been found to be predictive of the outcome in question by either research, 
theory, or clinical experience (Brown & Singh, 2014; Eaglin, 2017; Gottfredson & Snyder, 2005; 
Hilton et al., 2004; Salisbury et al., 2016). In the case of this study, Arizona serves as the 
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construction sample, due to its smaller size than the North Carolina sample (n=105 v. n =133), 
and the independent variables are factors that have been identified as predictive of misconduct by 
previous studies that specifically inquired about behavior of capital offenders through the 
construction of actuarial scales (see, Cunningham, & Sorensen, 2007a; Cunningham et al., 2011; 
Sorensen & Pilgrim, 2000). The following are initially included: prior convictions, prior 
misconduct, presence of an accomplice, number of victims, method of murder, motive for 
murder, relationship to the victim, and victim’s gender.    
The base rate for the measured outcome should be at around 50% (i.e., a half of the 
sample participated in the measured outcome behavior) to increase the scales’ accuracy and 
decrease the chances of prediction errors (Craig & Beech, 2010; Meehl & Rosen, 1955). The 
outcome variables here are the absence or presence of violent and non-violent misconduct at the 
conclusion of the offender’s seventh year on death row. The seventh year was found to be the 
most fitting regarding the 50% base rate requirement in both subsamples (Arizona and North 
Carolina). 
After selecting appropriate outcome and predictor variables, the association between 
them is established through bivariate or multivariate analyses. Hamilton and colleagues (2016) 
argue that multivariate analyses, in comparison to bivariate analyses, “provide a more stringent 
criterion for item inclusion” (p.233). Consequently, I begin with a backward stepwise logistic 
regression (based on the coding of my variables) to uncover which variables are the strongest 
predictors (p<.05 will be used as a threshold for inclusion; Cunningham et al., 2005) and as such 
should be retained in the resulting scale (Cunningham et al., 2011).   
The significant factors that are included in the scale are then weighted in order to arrive at 
an individual prisoner’s risk score (Craig & Beech, 2010; Gottfredson & Snyder, 2005). I 
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assigned equal weights to each item (0 or 1 for absence or presence respectively), following the 
Burgess scoring scheme (Burgess, 1928). Although other methods for item weighting may be 
considered to deliver more accurate results (Hamilton et al., 2016), others have found that 
Burgess scoring did not affect the functionality of scales (Cunningham & Sorensen, 2006) and it 
is oftentimes used in widely validated and well-performing tools, such as the Women’s Risks 
and Needs Assessment (WRNA). Additionally, Burgess scoring is more practitioner-friendly, 
especially in circumstances where the automatization of risk assessment tools is not possible 
(Gottfredson & Snyder, 2005; Hamilton et al., 2016). Based on the final number of included 
items, each prisoner is scored accordingly. For example, if seven variables reach the required 
significance level in a positive direction, the scoring scale would range from 0-7, with 7 being at 
the highest risk of committing violent or non-violent misconduct. Risk levels are created as a 
result, ranging from low to high risk.  
The preliminary predictive validity of the resulting scales is established through 
calculating sensitivity, specificity, and positive and negative predictive power (Craig & Beech, 
2010). This method accounts for more indicators (i.e., negative and positive predictive values) 
than a simple calculation of the area under the “receiver operating characteristics curve” (AUC) 
statistic that focuses on sensitivity and specificity. Both of these methods are commonly used in 
risk assessment (Craig & Beech, 2010). 
In order to proceed with the validation on a different sample (Eaglin, 2017), analyses on 
North Carolina sample (n=133) ensue for the scale predicting non-violent misconduct. The 
validation procedure loosely follows the structure of a recent PCRA validation study conducted 
by Harbinson and colleagues (2019). I use similar methods to the construction of the actuarial 
scale: calculation of risk scores and risk levels of the prisoners in North Carolina, logistic 
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regression (with risk levels rather than with original predictors as the independent variables, 
while sustaining non-violence misconduct absence and presence at the conclusion of the seventh 
year on death row as the outcome variables), and calculation of sensitivity, specificity, and 
positive and negative predictive power statistics (Craig & Beech, 2010). In addition to the 
aforementioned steps, I conduct correlations of the risk scores and the outcome variables. If the 
results of the validation sample analyses showed significant findings, the scale would have been 
considered as valid for non-violent misconduct prediction in the death-sentenced populations.   
I also attempt to construct actuarial scales for separate age groups as well as separate 
racial groups because a substantial amount of research regarding the prediction of misconduct, 
even in populations of capital offenders, suggests that different subgroups exhibit differing 
behaviors while incarcerated (e.g., Bonner et al., 2017; Morris et al., 2010; Sorensen & 
Cunningham, 2007; Steiner et al., 2014). For the purposes of the construction of actuarial scales 
for violent and non-violent misconduct prediction of the two age groups (33 years old and 
younger at the time of the death sentence v. 34 years old and older at the time of the death 
sentence)43 and two racial subgroups (White v. Non-White), identical variables and scale 
construction processes are used. Validation of these scales is not be pursued in this study, due to 
the small numbers of prisoners in each category.   
  
 
43 This age cutoff was established as a result of the available literature suggesting that prisoners are less likely to 
commit misconduct after the age of 40 (Sorensen & Cunningham, 2007; Steiner et al., 2014) and this study’s seven-
year follow-up period for violent and non-violent misconduct.  
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CHAPTER 4: FINDINGS 
 In this chapter, findings of the aforementioned analyses are presented in two parts based 
on the research questions (i.e., exploration or prediction). First, I offer the answers to research 
questions 1 through 3 (including its sub-questions), which address exploration of violent and 
non-violent death row misconduct in the two states. The analyses used in this part include 
calculations, descriptive statistics, and the CACC. Second, the research questions 4 and 5 (and 
their sub-questions), which are concerned with violent and non-violent misconduct prediction are 
answered through attempted construction and validation of actuarial scales. 
Exploration 
Time to Misconduct44 
 The first inquiry this study aims to answer is what is the average time to the first violent 
and the first non-violent misconduct after a prisoner arrives on death row. In order to calculate 
the average number of days, the number of days from the day of conviction until these types of 
infractions was calculated for each individual DRP with misconduct history in the sub-samples, 
as well as the whole sample, and then averaged. The results regarding of these calculations 
regarding violent and non-violent misconducts are presented in Table 4 and Table 5.  
 
 
Table 4: Time to the First Violent Misconduct on Death Row 
 Average # of 
Days (Years) 
Median (Years) Range in Days 
Arizona (n=53) 2,207 (6) 1,909 (5.2) 2 - 8,484 
North Carolina (n=106) 1,604 (4.4) 1,133 (3.1) 0 - 7,706 
Total (N=159) 1,805 (4.9) 1,416 (3.9) 0 - 8,484 
 
44 This section includes a full range of days to misconduct, rather than the seven-year cut-off period used for the 
remaining research questions, to provide a deeper insight into the full extent of misbehavior on death row. Medians 
are included in the tables in order to explore the distribution of the dataset.    
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 The average time to first violent misconduct was higher in Arizona than in North 
Carolina (6 years versus 4.4 years, respectively), which is also reflected in the range; one of the 
prisoners in Arizona committed their first violent misconduct 23 years after their conviction, 
while in North Carolina the upper limit was slightly lower with 21 years until the first violent 
infraction. The median values suggest that the data are skewed; however, the states remain 
dissimilar – in fact, the median seems to exacerbate the differences. Whereas the averages 
reflected a difference of 1.6 years, the median reflects a difference of 2.1 years.   
 
 
Table 5: Time to the First Non-Violent Misconduct on Death Row 
 Average # of 
Days (Years) 
Median (Years) Range in Days 
Arizona (n=83) 1,680 (4.6) 1,188 (3.3) 6 - 5,057 
North Carolina (n=126) 1,157 (3.2) 823 (2.3) 2 - 6,236 
Total (N=209) 1,365 (3.7) 899 (2.5) 2 - 6,236 
  
  
The vast majority of the whole sample (n=209; 88%) has committed at least one non-
violent misconduct on death row at any point of their death row tenure, making it a more 
common type of infraction in comparison to violent misconduct (n=159; 67%). The higher 
percentage of prisoners involved and the shorter average amount of time to first non-violent 
misconduct (3.7 years to non-violent versus 4.9 years to violent) are understandable given the 
nature of such infractions, which include, for example, disobeying orders or failing to obey by 
grooming requirements. Interestingly, as was the case with violent misconduct, the DRPs in 
North Carolina have lower average amount of time to the first non-violent infraction (3.2 years) 
than DRPs in Arizona (4.6 years). In the case of non-violent misconduct, the skew of the data is 
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also present (as seen when looking at the median), but the differences between the states 
regarding time to first non-violent misconduct persist even when looking at the medians as 
opposed to the means.    
 Considering these results, it is apparent that non-violent misconduct was more common 
and happens earlier into the sentence than violent misconduct. Although both types of 
misconduct on average happen before the conclusion of the 5th year on death row, the wide 
ranges indicated that the occurrence of first misconduct was highly subjective. The most striking 
was the range of days to the first violent misconduct in Arizona; while one DRP committed the 
first violent misconduct just 2 days after their arrival on death row, another prisoner did not 
behave violently up until 23 years after their death conviction.    
 Misconduct Patterns 
 In terms of further exploring death row misconduct, it is also of interest to discern 
whether there are distinctive behavioral patterns that prisoners follow on as they spend time on 
death row. To elaborate on this notion: Are there specific years after the death conviction that 
have higher numbers of DRPs committing different types of misconduct? To address the second 
research question, the presence or absence of each unique45 misconduct (i.e., violent and non-
violent) were collected for each prisoner from their first until their tenth year on death row. 
Following the collection, I analyzed the frequencies for the two states separately (Figure 3 for 








45 This means that these numbers are not cumulative. 
 75 









When comparing the percentage of prisoners who committed at least one violent or one 
non-violent misconduct in each year after their death sentence, it again became apparent that 
DRPs from the two states were distinctively different in both recorded misconduct categories. 
Specifically, more North Carolina DRPs were cited for violent and non-violent misconduct each 
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 Regarding the changes over time, of particular interest are the distinctive spikes of DRPs 
with at least one violent misconduct in the 5th year after their death conviction in Arizona, and in 
the 5th and 6th year after their death conviction in North Carolina. It may be the case that DRPs 
are encountering unique stressors during those time periods. After that time period the 
percentages start to decline, reaching their lowest points for both states in the 10th year after the 
conviction. 
 Citations for non-violent misconduct did not appear to follow the same trend. In Arizona, 
the percentage of DRPs with non-violent misconduct was the highest (22.8%) in the 9th year after 
their conviction, not following any observable pattern. In North Carolina, the spike in non-
violent misconduct again occurs in the 6th year after the death sentence, but the lowest number of 
prisoners were cited in their first year on death row. It may also be noted that while in Arizona 
the highest percentage difference was 7% for violent and 7.6% for non-violent misconducts, 
North Carolina presented more dramatic differences – 13.8% for violent and 12% for non-violent 
misconducts. These results indicate that the two death rows are either distinctively different in 
terms of how DRPs are perceived and cited for dissimilar behaviors by the prison staff, or that 
these two populations are somehow distinctive in their actual behavior.  
 The pooled sample percentages again convey relatively stable numbers of DRPs engaged 
in non-violent misconduct over time, but also show noticeable spikes in the number of 
individuals committing violent misconduct in their 5th and 6th year after being sentenced to death. 
As such, the findings regarding violent misconduct closely parallel those of the individual states. 
Given the more limited amount of discretion that prison staff can exercise over citing and 
penalizing violent behaviors, these findings are deserving of further exploration.  
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Misconduct and Prisoners’ Profiles 
 In order to investigate the most common profiles of DRPs with a record of at least one 
violent or at least one non-violent misconduct (RQ 3), the CACC was used. The CACC is 
especially fitting when investigating common patterns and profiles, as it allows for consideration 
of a prisoner’s context and whether there are certain attributes that are prevalent among 
individuals engaging in misconduct within the first seven years on death row. This study uses 
independent variables that vary across different jurisdictions (i.e., number of aggravators and 
whether the murder was found to be especially cruel) or that are unstandardized (i.e., symptoms 
of psychological dysfunction and history of abuse), as such variables are not suitable to use for 
the construction of actuarial scales.46 The initial results of the pooled sample are presented in 




46 See the discussion in the Method section on the presence of different expert witnesses, and what those mean for 
data collection and reliability. 
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Table 6: Profiles of DRPs Sorted by Risk of Violent Misconduct  
Profile 
# 














1 0 1 1 0 .77 13 
2 0 0 0 0 .71 14 
3 0 0 0 1 .70 10 
4 1 0 1 0 .67 12 
5 1 1 0 1 .67 6 
6 0 0 1 1 .59 17 
7 0 0 1 0 .54 13 
8 1 1 1 0 .53 20 
9 1 0 0 0 .50 8 
10 1 1 1 1 .47 38 
11 1 1 0 0 .44 18 
12 1 0 1 1 .43 7 
13 1 0 0 1 .40 5 
14 0 1 1 1 .39 23 
15 0 1 0 0 .38 13 
16 0 1 0 1 0 2 
  
 
Profile 1 reveals that 77% of those whose case had a low number of aggravators, yet one 
of the aggravators was that the murder was especially cruel, who had high levels of 
psychological dysfunction (i.e., two or more categories), and who did not have a history of 
childhood abuse have a record of at least one violent misconduct within their first 7 years on 
death row. Considering other profiles of DRPs that have at least 10% higher prevalence of 
violent misconduct (Profiles 2 – 5) than the overall sample (52.7%), no clear patterns were 
detected in terms of absence or presence of the attributes of interest, as they appeared relatively 
randomly. Profile 2, especially, contradicted the theoretical expectations: 71% of those DRPs 
without any risk factors (i.e., with a low number of aggravators, who had committed a murder 
that was not considered to be especially cruel, who had low levels of disorder and no history of 
childhood abuse) had a record of violent misconduct.   
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Surprisingly, among those with profiles that had at least 10% lower prevalence of violent 
misconduct at the conclusion of their seventh year on death row (Profiles 12-16) than the overall 
sample, four out of these five profiles contained prisoners who had history of childhood abuse. 
This finding again contradicted what I expected to find based on the importation model.  
The most common profile (n=38; Profile 10) were prisoners who had a high number of 
aggravators, the murder they committed was especially cruel, had high levels of disorder, and a 
history of childhood abuse. Almost half the prisoners (47%) with this profile had a record of 
violent misconduct at the conclusion of their seventh year on death row. The least common 
profile (n=2; Profile 16) consisted of DRPs with a low number of aggravators, an especially cruel 
murder, low levels of disorder, and a history of childhood abuse. No prisoners with this 
configuration committed a violent misconduct.    
 
 


















1 0 1 0 1 1.00 2 
2 0 1 1 0 .92 13 
3 1 0 0 0 .88 8 
4 0 0 0 0 .86 14 
5 1 1 0 1 .83 6 
6 1 1 1 0 .80 20 
7 1 0 0 1 .80 5 
8 0 0 1 1 .76 17 
9 1 0 1 0 .75 12 
10 1 1 1 1 .71 38 
11 1 1 0 0 .67 18 
12 0 1 1 1 .65 23 
13 0 0 1 0 .62 13 
14 1 0 1 1 .57 7 
15 0 1 0 0 .54 13 
16 0 0 0 1 .50 10 
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The results are similar when the record of non-violent misconduct was considered (Table 
7); no clear patterns were observed in terms of profiles of those who had at least 10% higher or 
lower prevalence of non-violent misconduct at the conclusion of their seventh year on death row 
than the overall sample (71.8%). One exception was the finding that three out of five profiles 
with a high prevalence of non-violent misconduct had the presence of the cruel aggravator 
(Profile 1-5), while only one of the four profiles of prisoners with a low prevalence of non-
violent misconduct had this aggravator present (Profile 13-16).       
 The sub-questions to the third inquiry of this study ask whether there is a common profile 
of DRPs who have committed a violent or non-violent infraction at the conclusion of their 7th 
year on death row in the theoretically-informed subsamples: in the two states (Arizona and North 
Carolina), in the two racial groups (White and Non-White), and in the two age groups (33 and 
under at the time of the conviction and 34 and over at the time of the conviction). Given that 
there were no distinguishable profiles detected in the subsamples, the results are presented in an 
aggregate manner47 to discuss some general findings regarding violent infractions (Figures 6-7) 
and non-violent infractions (Figures 8-9), while all available disaggregated results of CACC and 








47 The percentages in these figures were calculated from all available findings presented in Appendix B. All profiles 
with at least 10% higher or lower base rates of violent misconduct were considered for these calculations, and the 
proportion of those with a factor present was calculated. For example, in the Arizona subsample the base rate of 
violent misconduct was 35%; as such, all profiles with 45% violence base rate and up were determined to be high 
violence profiles. In this case there were four high violence profiles, and only one of them had the presence of high 
number of aggravating factors (25% of the high violence profiles). Similarly, in two out of six low violence profiles 
(>25%) in Arizona a low number of aggravating factors was observed (33%).     
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Figure 6: Proportion of Conjunctive Profiles with High Rates of Violent Misconduct and Risk 




High Symptomology of 
Psychological Dysfunction
History of Child 
Abuse
Arizona Sample 25 25 25 50
North Carolina Sample 0 50 50 50
White DRP Sample 20 40 60 40
Non-White DRP Sample 33 0 33 33
Age ≤ 33 Sample 40 40 40 40




Figure 7: Proportion of Conjunctive Profiles with Low Rates of Violent Misconduct and Risk 
Factors in Subsamples 
Low Aggravating 
Factors
Murder Not Cruel 
Low Symptomology of 
Psychological Dysfunction
No History of Child 
Abuse
Arizona Sample 33 50 67 50
North Carolina Sample 60 60 80 60
White DRP Sample 40 40 80 60
Non-White DRP Sample 50 50 25 50
Age ≤ 33 Sample 0 33 67 67
Age ≥ 34 Sample 60 20 60 20  
  
 
Although, no common profiles had been detected in the pooled sample or the subsamples, 
Figure 6 and Figure 748 reveal that there was contextual variability when different factors were 
associated with high or low rates of misconduct at the conclusion of the 7th year on death row. 
This finding suggests that, in general, the effect of each factor was contingent on other factors; 
however, it is viable to look at what factors have the highest associations with the outcome 
across all subsamples.  
 
48 Factors present in over a half of the profiles are bolded in these figures for clarity. 
 82 
For example, in Figure 6 specifically, it is apparent that in Arizona having a history of 
child abuse was mostly commonly associated with the presence of high levels of violent 
misconduct (50%; i.e., across all profiles with a 10% higher than base rate violent misconduct 
record). Nonetheless, the same proportion of profiles with no history of childhood abuse was 
associated with low rates of violent misconduct in Arizona (Figure 7), again suggesting the 
contingency of the effect.  
In North Carolina, no one predominant factor was associated with high rates of violent 
misconduct. However, as expected, an absence of risk factors was predominantly related to the 
low rates of violent misconduct (in 60-80% of the profiles with a 10% or lower than the base rate 
violent misconduct record). Low levels of symptoms of psychological dysfunction were 
especially prominent in profiles with low rates of violent misconduct (80%). 
When racial subsamples were considered, high levels of symptoms of psychological 
dysfunction were detected in the majority (60%) of White DRPs’ profiles with high rates of 
violent misconduct record, and low levels of the same symptoms were detected in the majority of 
profiles with low violent misconduct rates (80%). In the Non-White DRPs’ profiles, no factors 
were predominantly associated with high or low violent misconduct rates. 
No factor was considered to have the strongest effect in the profiles of young DRPs with 
high rates of violent misconduct, but the absence of indicators of psychological dysfunction and 
no history of childhood abuse were present in 67% of profiles with low rates of violent 
institutional offending. In the subsample of prisoners convicted at the age of 34 or older, the 
murder being found especially cruel and high level of psychological dysfunction indicators were 
related to the increased rates of violent misconduct in more than a half of the profiles (both 
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67%). Low number of aggravating factors and a lack of psychological dysfunction indicators 
were present in 60% of the profiles with low rates of violent misconduct in this age group.   
The symptomology of psychological dysfunction had the strongest effect across 
subsamples regarding both high and low rates of violent institutional behavior. A high number of 
psychological dysfunction symptoms was present in the majority of profiles with high rates of 
violent misconduct in two out of the six subsamples (White DRPs – 60%, and DRPs sentenced to 
death when they were 34 years old or older – 67%). The role of psychological dysfunction was 
even more prominent in terms of low rates of violent misconduct – a low number of indicators 
was associated with low rates of institutional violence among in five out of the six subsamples 
(Arizona DRPs – 67%, North Carolina DRPs – 80%, White DRPs – 80%, DRPs sentenced to 
death when they were 33 years old and younger – 67%, and DRPs sentenced to death when they 
were 34 years old and older – 60%). Overall, these findings suggest that although the effect of 
each factor was highly nuanced based on the configurations, indicators (or the lack of thereof) of 




Figure 8: Proportion of Conjunctive Profiles with High Rates of Non-Violent Misconduct and 




High Symptomology of 
Psychological 
Dysfunction
History of Child Abuse
Arizona Sample 25 75 50 25
North Carolina Sample 40 60 40 80
White DRP Sample 57 71 43 43
Non-White DRP Sample 60 20 40 40
Age ≤ 33 Sample 60 40 20 60
Age ≥ 34 Sample 25 75 50 25  
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Figure 9: Proportion of Conjunctive Profiles with Low Rates of Non-Violent Misconduct and 




Murder Not Cruel 
Low Symptomology of 
Psychological 
Dysfunction
No History of Child 
Abuse
Arizona Sample 50 67 67 50
North Carolina Sample 80 60 40 40
White DRP Sample 40 80 80 60
Non-White DRP Sample 50 33 50 50
Age ≤ 33 Sample 67 67 33 67
Age ≥ 34 Sample 43 43 71 29  
  
 
The proportion of profiles with high and low rates of non-violent misconduct again 
revealed high contextual variability, with no clear patterns or common profiles. Instead, some 
predominant traits may again be observed within and across the subsamples.  
 The factor most often associated (75%) with a high rate of non-violent behaviors in 
Arizona was the murder being found especially cruel during the capital sentencing (Figure 8). 
Profiles of low-rate non-violent misconduct in Arizona predominantly reflected murders not 
found to be cruel, and a low number of indicators of psychological dysfunction (both in 67% of 
the profiles; Figure 9). In North Carolina, having a history of being abused as a child was present 
in 80% of the profiles with high rates of non-violent misconduct, and 80% of the profiles with 
low rate of non-violent misconduct had a low number of total aggravating factors.  
 Mirroring the Arizona subsample, the majority (71%) of high-rate non-violent profiles of 
White DRPs revealed the presence of the cruelty aggravating factor, while the majority of low-
rate non-violent profiles revealed the absence of the aforementioned aggravating factor and the 
absence of high number of psychological dysfunction indicators (both 80%). The strongest factor 
among high-rate non-violent profiles of Non-White DRPs was the high number of aggravating 
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factors (60%), while no factors were again predominantly present among profiles of DRPs with 
low rates of non-violent misconduct.     
 Exhibiting a high number of aggravating circumstances, as well as having a history of 
childhood abuse (both 60%), were associated with the majority of profiles of prisoners who were 
sentenced when they were 33 years old and younger and had high rates of non-violent 
misconduct. Having a low number of aggravating circumstances, murder not being found to be 
cruel, and no history of childhood abuse were all found in 67% of profiles in this subsample with 
low rates of non-violent infractions. Cruelty of the murder was found to have the strongest effect 
in the profiles of DRPs sentenced when 34 years old or older (75%) with high rates of non-
violent misconduct, while low symptomology of psychological dysfunction was present in 71% 
of the profiles with low rates of non-violent misconduct.  
 Interestingly, the presence and the absence of the cruelty aggravator symmetrically had 
the strongest effect across high and low rates of non-violent misconduct profiles in four out of 
the six subsamples. Specifically, murder that was found to be cruel was detected in 75% of the 
high-rate profiles in Arizona, 60% of the high-rate profiles in North Carolina, 71% of the high-
rate profiles of White DRPs, and 75% of the high-rate profiles of DRPs sentenced when they 
were 34 years old and older. Configurations with low rates of non-violent misconduct had the 
lack of the cruelty aggravating circumstance recorded in 67% of Arizona profiles, 60% of North 
Carolina profiles, 80% of White DRPs’ profiles, and 67% of DRPs sentenced when they were 33 
years old and younger. However, the CACC of non-violent misconduct again shows inconsistent 
findings and tremendous contextual variability, with the exception of the effect of the cruelty 
aggravator (either its presence or absence).   
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In conclusion, based on the importation model, it is expected that 100% of high violence 
and non-violence profiles would have the each of the factors present, and 100% of low violence 
and non-violence profiles would have each of the factors absent; however, it is not the case in 
any subsample or the pooled sample overall. While the CACC provides intriguing findings 
especially concerning the role symptomology of psychological dysfunction in relation to violent 
misconduct and the cruelty aggravator in relation to non-violent misconduct, no consistent and 
logical profiles are found in any of the subsamples or the pooled sample of all DRPs.    
Prediction 
Broad Actuarial Scales 
 As this part of the study is concerned with prediction of violent and non-violent 
misconduct of DRPs within the follow-up period of seven years, I intended to construct actuarial 
scales on the Arizona (n=105) sample. The construction of actuarial scales in this case was to 
involve multivariate analyses, namely backward stepwise logistic regressions, which would 
provide for determining significant (p<.05) predictors of misbehavior. A backward stepwise 
logistic regression with the dummy variable on the presence of violent misconduct at the 
conclusion of the 7th year on death row revealed that no independent variables of interest were 
significant49 (see Table 8 for the final two steps of the regression with no significant results).50 A 
chi-square test of the model was also not significant, meaning that the model was not a 
significant improvement of the Model 0 (with no predictors). Given the lack of significant 
 
49 As bivariate correlations may also be used for a scale construction, although they are less rigorous in item 
inclusion (Hamilton et al., 2016), they are provided in Appendix C to corroborate the findings for both violent and 
non-violent misconduct predictors in the construction sample. Since no substantial differences were detected, 
multivariate analyses were sustained as the method for the remainder of this study, based on Hamilton and 
colleagues’ (2016) recommendation.  
50 The backward stepwise regression predicting violent misconduct involved a total of 19 steps/models and as such, 
only the two final steps are included in this table for the sake of space and clarity.  
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predictors in the model, I was unable to construct actuarial scales on the Arizona sample that 
would predict violent infractions.  
 
 
Table 8: Final Steps of Backward Stepwise Regression Predicting Violent Misconduct in the 
Construction Sample   
 Model 18 Model 19 
Variable B S.E. Exp (B) B S.E. Exp (B) 
Accomplice Present .95 .63 2.60 --- --- --- 
(Constant) -1.04 .48 .35 -.53 .31 .59 
Model chi-square 2.36    
  
 
Backward stepwise regression yielded more promising results when predicting non-
violent misconduct (Table 9).51 Model 20 was a significant improvement to Model 0 and 
revealed three significant variables. Specifically, when the DRP had an accomplice and beaten 
the victim to death their odds of committing non-violent misconduct increased, while if the 




Table 9: Final Step of Backward Stepwise Regression Predicting Non-Violent Misconduct in the 
Construction Sample   
 Model 20 
Variable B S.E. Exp (B) 
Accomplice Present 2.85** .94 17.21 
Beating Victim to Death 2.38* .97 10.80 
Murder to Avoid Arrest -3.79* 1.49 .023 
(Constant) -1.11 .60 .33 
Model chi-square 23.92*** 
* p < .05. ** p < .01. *** p < .001  
 
51 The backward stepwise regression predicting non-violent misconduct involved a total of 20 steps/models and as 
such, only the final step is included in this table for the sake of space and clarity. 
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 The Burgess scoring scheme of equal item weights (Burgess, 1928) was applied to the 
significant items, resulting in a scale ranging from -1 to +2. The distribution of the raw risk 
scores within the construction sample, along with the proportion of DRPs with each score who 




Table 10: Distribution of Raw Risk Scores and Non-Violent Record in the Construction Sample  
Score N 




2 14 10 71.43% 
1 42 29 69.05% 
0 36 10 27.78% 
-1 2 1 50% 
Total 94 50  
 
 
Given the low number of significant indicators and the similar base rates of those scoring 
from -1 to 0, and those scoring from 1 to 2, scores of -1 and 0 were pooled into one category 
indicating low risk, and scores of 1 and 2 were pooled into one category indicating high risk. The 
accuracy of classification can be found in Table 11.   
 
 






High TP = 39 FP = 17 
Low FN = 11 TN = 27 
Sensitivity = .78 
Specificity = .61 
Positive Predictive Value = .70 
Negative Predictive Value = .71 
TP = True Positive 
FP = False Positive 
TN = True Negative  
FN = False Negative 
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These results convey that this scale does accurately (i.e., better than chance) classify 
DRPs based on their risk of committing non-violent misconduct at the conclusion of their 
seventh year on death row. In terms of sensitivity of this scale, 78% of DRPs with a record of 
non-violent misconduct in the time period of interest were correctly classified as high risk by this 
scale. To interpret the specificity calculations, if a DRP does not have a record of non-violent 
misconduct in the time period of interest, there is 61% probability that they will be classified as 
low risk. Additionally, those in the high risk category have 70% probability of non-violent 
misconduct (i.e., high positive predictive value), and those in the low risk category have 71% 
probability of not committing non-violent misconduct (i.e., high negative predictive value). In 
short, these findings convey that this scale can be efficient and accurate in predicting non-violent 
misconduct; however, the decision of its validity depends on results on a different sample (see 
pages 102 – 105; Validation).    
Race-Based Actuarial Scales 
 Since race is oftentimes discussed and studied in connection to misconduct – but cannot 
be used as a factor in misconduct prediction – I am also interested in investigating whether two 
different racial subgroups nested within my sample may have varying factors predicting their 
institutional behavior. In order to proceed with this inquiry, the DRPs in the pooled sample were 
split into two racial groups – White and Non-White. While there are arguably substantial issues 
in labelling all minorities within the sample simply as “Non-White”, the number of DRPs who 
are not strictly Caucasian/White or African-American/Black were low to the point of not being 
able to draw statistical inferences if their data were analyzed separately.  
 White prisoners form almost a half of the pooled sample: 110 are on death row in 
Arizona and North Carolina combined, with 61 (55.5%) being in Arizona, and 49 (44.5%) being 
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in North Carolina. The base rate of violent misconduct at the conclusion of the 7th year on death 
row in this subsample is 45%, bringing the base rate closely to the recommended 50% (Meehl & 
Rosen, 1955). Backward stepwise regression was used to inquire about significant predictors of 
violent misconduct among White DRPs (Table 12).52    
 
 
Table 12: Final Step of Backward Stepwise Regression Predicting Violent Misconduct of White 
DRPs 
 Model 15 
Variable B S.E. Exp (B) 
Murder for Gain -4.39** 1.60 .01 
Conflictual Murder -3.08* 1.31 .05 
Beating Victim to Death 2.22* .89 9.17 
Male Victim 4.37** 1.59 79.27 
(Constant) -.62 .73 .54 
Model chi-square 21.39*** 
* p < .05. ** p < .01. *** p < .001 
 
 
The results in Table 12 provide some insight into the predictors of violent misconduct of 
this subsample. Surprisingly, the motive of murder being some type of a gain (i.e., robbery, 
burglary, murder for hire) or murdering someone as a result of a conflict lowered the likelihood 
of violent misconduct. On the other hand, beating a victim to death and murdering at least one 
male significantly increased the likelihood. As such, the scale in this subsample ranges from -2 





52 The backward stepwise regression predicting violent misconduct involved a total of 15 steps/models and as such, 
only the final step is included in this table for the sake of space and clarity. 
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Table 13: Distribution of Raw Risk Scores and Violent Record in White DRPs  
Score N n with violent record 
Violent 
misconduct rate 
2 1 1 100% 
1 31 20 64.52% 
0 56 20 35.71% 
-1 19 7 36.84% 
-2 0 0 0% 
Total 107 48  
 
 
  At a first glance, Table 13 offers a more coherent distribution of raw scores and violent 
record in this subpopulation compared to the Arizona construction sample. Although murder 
motives were not mutually exclusive (i.e., a prisoner could kill someone for gain and in conflict), 
there was no DRP in this subsample that would satisfy these conditions (i.e., no one scored -2). 
Additionally, only one prisoner both beat the victim to death and the victim was male; hence, 
they scored 2 on the scale. Accuracy analysis follows the same steps as in the construction 
sample (Table 14); given the distribution, two categories are again created – high (scores 1 and 
2) and low risk (scores 0 and -1).   
 
 




No Violent Misconduct 
High TP = 21 FP = 10 
Low FN = 27 TN = 48 
Sensitivity = .44 
Specificity = .83 
Positive Predictive Value = .68 
Negative Predictive Value = .64 
TP = True Positive 
FP = False Positive 
TN = True Negative  
FN = False Negative 
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 The resulting scale predicting violent misconduct in White DRPs performs relatively 
well; although the scale only classified 44% of DRPs with a violent institutional record as high 
risk, 83% DRPs without the aforementioned record were correctly classified as low risk. Those 
in both categories have a better than chance probability of either committing violent misconduct 
when in the high risk category (68%) or not committing violent misconduct when in the low risk 
category (64%). These findings suggest a substantial improvement in misconduct commission 
prediction to the findings in the construction sample. However, a validation study on a different 
sample of White DRPs is necessary to make conclusions about the validity of this scale. 
 When the focus is shifted to non-violent misconduct within this subsample, the base rate 
substantially increased; at the conclusion of the 7th year on death row, 70% (n=77) of the White 
DRPs were cited for a non-violent infraction. Table 15 illustrates the final step/model of the 
backward stepwise regression predicting non-violent misconduct.53  
 
 
Table 15: Final Step of Backward Stepwise Regression Predicting Non-Violent Misconduct of 
White DRPs 
 Model 17 
Variable B S.E. Exp (B) 
Conflictual Murder -1.78* .89 .17 
Beating Victim to Death 2.43* .99 11.38 
(Constant) .66 .44 1.94 
Model chi-square 10.84** 
* p < .05. ** p < .01  
  
 
53 Separation of outcomes by the covariates (Mansournia et al., 2018) was detected when using backward stepwise 
regression where “removal testing is based on the probability of the likelihood-ratio statistics based on the maximum 
partial likelihood estimates” (IBM Knowledge Center, n.d.), which is the preferred method. However, due to the 
separation, the “removal testing based on the probability of the Wald statistic” (IBM Knowledge Center, n.d.) was 
used in this case, although it is more prone to error (Mansournia et al., 2018). Nevertheless, when I ran the previous 
model predicting violent misconduct basing the removal testing on the Wald statistic, the findings remained 
unchanged; hence, this change is regarded as nonproblematic in this case. 
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As is the case in White DRPs violent misconduct prediction, committing a murder as a 
result of a conflict slightly but significantly decreased the likelihood of non-violent misconduct 
(i.e., the item was scored -1), and beating the victim to death increased the probability of non-
violent misconduct (i.e., the item was scored 1). The final model of the backward stepwise 
regression – Model 17 – was a significant improvement to Model 0 (with no predictors). Table 




Table 16: Distribution of Raw Risk Scores and Non-Violent Record in White DRPs  
Score N 




1 27 25 92.59% 
0 56 34 60.71% 
-1 24 15 62.5% 
Total 107 74  
  
 
The base rates of those who scored -1 and 0 were extremely similar (62.5% vs. 60.71%), 
and as such White prisoners scoring as either were considered to be low risk of committing non-
violent misconduct (although both of these base rates were extremely high for a low risk 
designation). This classification was nonetheless sustained for the sake of the analysis, noting too 
that non-violent death row misconduct is especially common. Those scoring 1 are considered 
high risk of committing non-violent infractions on death row. Classification accuracy analysis is 










High TP = 25 FP = 2 
Low FN = 49 TN = 31 
Sensitivity = .34 
Specificity = .94 
Positive Predictive Value = .93 
Negative Predictive Value = .39 
TP = True Positive 
FP = False Positive 
TN = True Negative  
FN = False Negative 
  
 
 As expected, based on the raw data and scores, the scale predicting non-violent 
misconduct in White DRPs performs poorly and inaccurately when classifying high risk of non-
violent misconduct (only 34% of those with a non-violent record were classified as high risk), as 
well as when finding that low risk White DRPs have only 39% likelihood of not having non-
violent record.  
 Non-White prisoners form the majority of the pooled sample. In total, there are 128 Non-
White DRPs in the two states, most being in North Carolina (n=84, 65.6%). The base rate of 
violent misconduct in this subsample was higher than the base rate of their White counterparts; at 
the conclusion of the 7th year on death row 59.4% of Non-White DRPs were cited with a violent 
infraction. For the purposes of the following analysis, the base rate is compatible with the 
recommended 50% (Meehl & Rosen, 1955). Interestingly, backward stepwise regression only 
produced one significant variable (Table 18).54  
 
54 The backward stepwise regression predicting violent misconduct involved a total of 18 steps/models and as such, 
only the final step is included in this table for the sake of space and clarity. 
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Table 18: Final Step of Backward Stepwise Regression Predicting Violent Misconduct of Non-
White DRPs 
 Model 18 
Variable B S.E. Exp (B) 
More Than One Victim -1.19* .60 .31 
(Constant) 1.1* .44 3.00 
Model chi-square 4.02* 
* p < .05 
 
 
 Based on these results, an actuarial scale was not constructed on this subsample. The 
main issue with the scale construction in this case was not the presence of only one significant 
variable, but the fact that this variable (i.e., presence of more than one victim) decreased the 
likelihood of Non-White DRPs committing violent misconduct. As such, the resulting scale 
would be -1 and 0, and it would not be feasible (nor ethical) to indicate that absence of any 
factors is high risk. This is especially the case considering that the base rate of violent 
misconduct in this population is about 14% higher than in the population of White DRPs (45% 
vs. 59.4%). These stark racial differences are to be kept in mind not only when interpreting, but 
also when discussing these findings. 
 Non-violent misconduct prediction in this subpopulation offered more extensive results. 
Three significant variables are detected through backward stepwise regression, with two being 
negatively associated with the outcome (Table 19).55 The base rate of non-violent misconduct 
was 73.4%, which was comparable to the base rate of non-violent misconduct of White DRPs 
(70%).  
 
55 The backward stepwise regression predicting non-violent misconduct involved a total of 15 steps/models and as 
such, only the final step is included in this table for the sake of space and clarity. 
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Table 19: Final Step of Backward Stepwise Regression Predicting Non-Violent Misconduct of 
Non-White DRPs 
 Model 15 
Variable B S.E. Exp (B) 
Murder for Gain 1.85* .82 6.36 
High School Graduate -2.32* 1.01 .10 
Male Victim -2.11 1.12 .12 
Female Victim -2.10* 1.07 .12 
(Constant) 4.34* 1.78 76.98 
Model chi-square 14.74** 
* p < .05. ** p < .01 
 
 
 Murdering someone for some type of a monetary gain significantly increased the 
likelihood of Non-White DRPs of being cited for non-violent misconduct. Being at least a high 
school graduate (or having a GED) and murdering a female both significantly decreased the 
likelihood of non-violent infractions. The distribution of scores (-2 to 1), along with the 
proportion of those who have a non-violent record, are presented in Table 20.    
 
 
Table 20: Distribution of Raw Risk Scores and Non-Violent Record in Non-White DRPs  
Score N 




1 5 4 80% 
0 20 18 90% 
-1 18 12 66.67% 
-2 9 3 33.33% 
Total 52 37  
 
 
 In this case, given the small number of prisoners with each score, it is again advisable to 
split the prisoners into two categories high (0 to 1) and low risk (-2 to -1). However, as the 
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number of prisoners with a score was lower than half of the subsample (52 vs. 128),56 the 
accuracy analysis of classification (Table 21) is presented for information and exhaustiveness 
and should be interpreted with extreme caution.   
 
 







High TP = 22 FP = 3 
Low FN = 15 TN = 12 
Sensitivity = .59 
Specificity = .8 
Positive Predictive Value = .88 
Negative Predictive Value = .44 
TP = True Positive 
FP = False Positive 
TN = True Negative  
FN = False Negative 
  
 
This scale provided above chance sensitivity (59%), and also reasonable indicators of 
specificity (80%) and positive predictive value (88%). Regardless, the missing data that 
decreased the subsample size prevent me from drawing strong implications from these results 
and more research is warranted to determine whether this scale can truly reflect the risk of 
committing non-violent misconduct in Non-White DRPs.  
 To summarize the analyses of racial subsamples, the results do suggest that investigating 
predictors of misconduct in different racial subgroups is a worthwhile pursuit, although this 
study only provides limited findings in this regard. It is especially interesting, though, that the 
scale predicting violent misconduct of White DRPs seems to perform relatively well and is thus 
 
56 76 prisoners were missing data on educational level, and as such are not included in these calculations. 
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far the only scale predicting violent misconduct in this study. Regardless, it is baffling that only 
one significant predictor remained in the scale predicting violent misconduct of Non-White 
DRPs, although the base rate is higher. These nuanced racial differences are deserving of further 
discussion available in the next chapter.   
Age-Based Actuarial Scales 
 Age is also oftentimes regarded as a significant predictor of misconduct, noting that 
capital offenders over the age of 40 are less likely to commit violent misconduct (Sorensen & 
Cunningham, 2007). For the purposes of this study, I focused on two age groups present in the 
pooled sample: (1) Those who were 33 years old and under when sentenced to death given the 
seven-year follow-up period and the lower likelihood of prisoners committing misconduct after 
the age of 40 (Sorensen & Cunningham, 2007; Steiner et al., 2014), and (2) Those who were 34 
years old and older when sentenced to death. This analysis begins with predicting violent 
misconduct of the group sentenced when 33 and younger. The pooled sample consists of 137 of 
such DRPs, 50 (36.5%) being in Arizona and 87 being in North Carolina (63.5%). Their base 
rate of violent misconduct at the conclusion of the 7th year on death row is 61.8%. Table 22 










57 The backward stepwise regression predicting violent misconduct involved a total of 19 steps/models and as such, 
only the two final steps are included in this table for the sake of space and clarity. 
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Table 22: Final Steps of Backward Stepwise Regression Predicting Violent Misconduct in the 
DRPs Sentenced when 33 or Younger   
 Model 18 Model 19 
Variable B S.E. Exp (B) B S.E. Exp (B) 
Accomplice Present -.77 .57 4.62 --- --- --- 
(Constant) 1.10* .44 3.00 .67* .28 1.95 
Model chi-square 1.91    
* p < .05  
 
 
As was the case in the Arizona construction sample, there were no significant factors predicting 
violent misconduct in DRPs who were sentenced to death when they were younger. As such, I 
am not able to construct an actuarial scale predicting violent misconduct of this population.  
 In regard to non-violent misconduct of the subsample, backward stepwise regression58 
revealed two significant variables in the Model 17 (Table 23).59 This subsample had a high base 





Table 23: Final Step of Backward Stepwise Regression Predicting Non-Violent Misconduct of 
DRPs Sentenced when 33 or Younger   
 Model 17 
Variable B S.E. Exp (B) 
Personally Knew Victim -2.64** .87 .07 
Beating Victim to Death 2.74* 1.14 15.46 
(Constant) 2.41*** .74 11.14 
Model chi-square 16.63*** 




58 Wald statistic used in this case. See Footnote 52.  
59 The backward stepwise regression predicting non-violent misconduct involved a total of 17 steps/models and as 
such, only the final step is included in this table for the sake of space and clarity. 
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 Knowing the victim personally significantly decreased the likelihood of being cited for 
non-violent misconduct, while beating a victim to death increased the likelihood. The resulting 
scale therefore ranged from -1 to 1 (Table 24).  
 
 
Table 24: Distribution of Raw Risk Scores and Non-Violent Record in DRPs Sentenced when 33 
or Younger   
Score N 




1 12 9 75% 
0 70 60 85.71% 
-1 49 34 69.39% 
Total 131 103  
 
 
Based on the findings of non-violent misconduct rate of each one of the categories, it is 
apparent that the significant predictors did not produce scores that were conducive to 
constructing an accurate actuarial scale. Most notably, the DRPs with the score of 0 (i.e., 
significant factors were not present) had a higher rate of non-violent misconduct than those 
scoring 1 and higher rate than this subsample in general, indicating that they should be classified 
as high risk, which would be ethically improper. Consequently, I did not conduct the accuracy 
analysis in this case, and this scale should be disregarded.  
 The final inquiry regarding the construction of actuarial scales is predicting misconduct 
of DRPs sentenced at age 34 or older (n=101; Arizona n=55, 54.5%; North Carolina n=46, 
45.5%). Although it is striking that the violent misconduct base rate in this population was only 
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40.6%, which is over 20% less than in the younger group, the regression60 yielded no significant 
results (Table 25).61  
 
 
Table 25: Final Steps of Backward Stepwise Regression Predicting Violent Misconduct in the 
DRPs Sentenced when 34 or Older 
 Model 18 Model 19 
Variable B S.E. Exp (B) B S.E. Exp (B) 
Child victim -1.95 1.12 .14 --- --- --- 
(Constant) -.13 .37 .88 -.47 .33 .63 
Model chi-square 4.24*    
* p < .05 
 
 
 In terms of non-violent misconduct of this group,62 murdering someone in conflict was 
shown to significantly decrease the likelihood of non-violent misconduct record (Table 26).63 As 
was the case in predicting violent misconduct of Non-White DRPs, the scale resulting from this 
regression would only range from -1 to 0, and the high risk category could not be determined. 








60 Wald statistic used in this case. See Footnote 52. 
61 The backward stepwise regression predicting violent misconduct involved a total of 19 steps/models and as such, 
only the two final steps are included in this table for the sake of space and clarity. 
62 Base rate of non-violent misconduct of DRPs sentenced to death when 34 and older is 61.4%. 
63 The backward stepwise regression predicting non-violent misconduct involved a total of 17 steps/models and as 
such, only the final step is included in this table for the sake of space and clarity. 
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Table 26: Final Step of Backward Stepwise Regression Predicting Non-Violent Misconduct of 
DRPs Sentenced when 34 or Older   
 Model 17 
Variable B S.E. Exp (B) 
Personally Knew Victim 1.76 .9 5.80 
Conflictual Murder -2.14* .98 .12 
(Constant) .10 .51 1.11 
Model chi-square 7.13* 
* p < .05 
  
 
The attempts to predict violent and non-violent misconduct of these two age groups 
proved to be futile. In comparison to predicting misconduct of racial subgroups, which showed 
some promise for future research, a focus on age groups resulted in an inability to construct 
scales. Arguably, in this section, the only findings worthy of attention and discussion are the 
stark differences between the misconduct base rates of DRPs sentenced when 33 and younger 
(Violent misconduct base rate: 61.8%; Non-violent misconduct base rate: 79.6%) compared to 
those sentenced to death when they were 34 and older (Violent misconduct base rate: 40.6%; 
Non-violent misconduct base rate: 61.4%).   
Validation 
 This part of the study is only concerned with validation of the scale predicting non-
violent misconduct of DRPs, since a scale predicting violent misconduct could not be 
constructed. The North Carolina subsample was chosen as the validation sample as it had a 
slightly larger sample size (n=133 vs. n=105).  
To begin the validation process, the risk scores were calculated for each prisoner in North 
Carolina. Similar to the construction sample results (Table 10), I assigned equal item weights 
(Burgess, 1928) to the three significant variables detected in the Arizona subsample: DRP 
committed the murder with an accomplice (+1); DRP beat the victim to death (+1); DRP 
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committed the murder to avoid arrest (-1). The distribution of raw scores along with the 
proportion of DRPs with a non-violent record with those scores is presented in Table 27.  
 
 
Table 27: Distribution of Raw Risk Scores and Non-Violent Record in the Validation Sample  
Score N 




2 5 5 100% 
1 61 50 81.97% 
0 56 50 89.29% 
-1 9 7 77.78% 
Total 131 112  
 
  
In comparison to the construction sample (Arizona), the validation sample (North 
Carolina) presented higher base rates of non-violent record across all scores. For example, while 
the non-violent misconduct rate of those scoring 0 in Arizona was 27.78% at the conclusion of 
the 7th year on death row, in North Carolina this proportion rose to 89.29%. To further follow the 
procedures in the scale construction, those scoring -1 to 0 in the validation sample were 




Table 28: Distribution of Risk Levels and Non-Violent Record in the Validation Sample  
Level N 




High 66 55 83.33% 
Low 65 57 87.69% 




As seen in Table 28, DRPs labeled as low risk have a higher prevalence of non-violent 
misconduct than those labeled as high risk. These base rates indicated that the scale was not 
accurate in predicting non-violent misconduct in North Carolina (i.e., the scale is not valid across 
different samples), and results from various analyses confirmed this through the absence of 
statistical significance (Table 29-30) and the weakness of indicators of classification accuracy 
(i.e., sensitivity, specificity, predictive values; Table 31).  
 
 
Table 29: Logistic Regression Predicting Non-Violent Misconduct in the Validation Sample 
Variable B S.E. Exp (B) 
Risk Level .35 .50 1.43 
(Constant) 1.61 .33 5.00 
































High TP = 55 FP = 11 
Low FN = 57 TN = 8 
Sensitivity = .49 
Specificity = .42 
Positive Predictive Value = .83 
Negative Predictive Value = .12 
TP = True Positive 
FP = False Positive 
TN = True Negative  




 The research questions I posed in this study brought on additional questions rather than 
answers. In the section that aimed to explore different types of misconduct in the sample and its 
subsamples, I found that average time (in days) to both violent and non-violent misconduct is 
lower in North Carolina than it is in Arizona (1,604 days in NC vs. 2,207 days in AZ for violent 
misconduct, and 1,157 days in NC vs. 1,680 days in AZ for non-violent misconduct). The 
prevalence of both violent and non-violent misconduct in Arizona was also lower over the first 
10 years on death row than it was in North Carolina (e.g., in the 6th year on death row, 39.1% 
prisoners committed a non-violent misconduct in NC, while only 18.1% prisoners were cited for 
a non-violent misconduct in the same year after conviction in AZ).  
The CACC revealed that not only there were no prevalent, detectable profiles of prisoners 
who committed violent and non-violent misconduct at the conclusion of their 7th year on death 
row, but also that different factors were associated with misconduct absence and presence in the 
two states (e.g., in 80% of the profiles with high rates of non-violent misconduct in North 
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Carolina, the prisoners experienced some type abuse during their childhood, in comparison to 
only 25% of their peers’ profiles in Arizona).  
The attempt to construct actuarial scales predicting violent and non-violent misconduct 
on the Arizona subsample and validate them on the North Carolina subsample also proved to be 
somewhat unproductive. A scale predicting violent misconduct could not be constructed due to 
the lack of significant indicators, but three factors were significant in predicting non-violent 
misconduct and, as such, an actuarial scale was constructed. This scale was shown not to be valid 
when testing it on the North Carolina sample; the same factors were not predictive of non-violent 
misconduct across different samples. In short, this chapter suggests that the prisoners in the two 
states and their behavior are inherently incomparable to one another.   
A Tale of Two States? 
 While the differences between the two states and their DRPs in and of themselves were 
not the subject of this study based on the study’s theoretical rationale, the striking findings 
warrant a brief insight into what role the location of a DRP might play in their misconduct 
record. Indeed, when the prisoner’s location was added as a predictor variable into logistic 
regressions64 predicting violent and non-violent misconduct in the pooled sample, it was the only 
significant variable (Table 32). The implications of these and other findings will be discussed in 





64 For transparency and exhaustiveness of the analyses, bivariate correlations of variables of interest and outcome 
variables can be found in Appendix D. 
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Table 32: Logistic Regression Predicting Violent and Non-Violent Misconduct in the Pooled 
Sample (N=238) 
 Violent Misconduct Record Non-Violent Misconduct Record 
Variable B S.E. Exp (B) B S.E. Exp (B) 
Prisoner’s Location 1.75*** .53 5.75 1.88** .67 6.55 
Prior Criminal Record -.12 .70 .89 .03 .81 1.03 
Prior Misconduct .45 .62 1.57 .32 .82 1.38 
Personally Knew Victim -.16 .54 .85 -.48 .65 .62 
Related to Victim -1.50 .93 .22 -.60 1.01 .55 
Murder for Gain -.53 .68 .59 1.20 .97 3.33 
Sexually Motivated Murder -.30 .90 .74 1.09 1.16 2.96 
Murder to Avoid Arrest -.65 .75 .52 -1.06 .91 .35 
Conflictual Murder -.26 .75 .78 -.07 .98 .94 
Shooting Victim to Death -.15 .63 .86 .48 .77 1.61 
Stabbing Victim to Death -.46 .69 .63 .24 .84 1.27 
Suffocating Victim to Death -.02 .79 .98 -.26 .92 .77 
Beating Victim to Death 1.05 .64 2.85 1.61 .87 4.99 
Child Victim -.24 .62 .78 .46 .72 1.58 
Accomplice Present .003 .57 1.00 .47 .69 1.60 
High School Graduate -.06 .51 .94 -.64 .59 .53 
More Than One Victim -.32 .69 .73 -.20 .78 .82 
Male Victim .20 .87 1.22 -.10 .99 .90 
Female Victim .10 .83 1.11 -.71 .98 .49 
(Constant) -1.79 1.69 .17 -.38 1.67 .69 
Model chi-square 20.54 30.85* 







CHAPTER 5: DISCUSSION 
 Death row prisoners spend (on average) 20 years on death row prior to being executed or 
dying of natural causes (DPIC, 2020). The ever-increasing time to execution means that it is 
more important than ever to pay attention to death row experiences, as the prison staff has to 
manage this population for longer periods of time than ever before. However, as evidenced by 
the literature review, the behavior of DRPs is rarely on the forefront of scholarly inquiries.  
The argument can be made that this is due to the size of this population which only forms 
a small fraction of the correctional populations across the US. Further, the increase of time 
between the conviction and the execution further makes the study of death row seem less urgent. 
On the other hand, extensive human and financial capitals are necessary to manage this 
population of 2,553 prisoners (NAACP Legal Defense and Educational Fund, Inc., 2020). 
Outside of considering the burden of sustaining death rows on prison staff and taxpayers, the 
safety and humane treatment of DRPs must also be promoted. As such, this study aimed to fill 
this gap in the literature by exploring and attempting to predict violent and non-violent 
misconduct of the largest sample of current DRPs present in the academic literature to date 
(N=238).       
 The exploration of death row misconduct offers unprecedented findings regarding the 
average time to first violent and non-violent misconduct, as well as aggregated patterns of 
misbehavior among prisoners in each year after their conviction, which can be used for further 
exploration. These results undoubtedly help to shed light on at least some realities of DRPs’ 
behavior. That being said, the CACC as well as attempts to construct and validate actuarial 
scales predicting both types of misconduct present unexpected results. Generally, there was a 
lack of common, predominant profiles of DRPs who incurred and did not incur a misconduct 
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record. The data also limited my ability to construct actuarial scales that would perform well and 
be valid across different samples. While such findings might seem discouraging, especially given 
the wide support for the importation model in the misconduct literature in general, the lack of 
expected findings gives way to discuss nuances and limitations of the data, of the theory, and the 
criminal justice system itself.   
 This chapter first encompasses a discussion of my findings as they relate to previous 
research and the importation model specifically, as well as a discussion on what the findings are 
conveying outside of the theoretical rationale proposed in this study. I give special attention to 
the indirect findings regarding the location of death row and the impact of location on death row 
misconduct. Second, I discuss the limitations of this study, especially as related to the data 
collected and using the importation model as the leading theory. Limitations posed by the 
criminal justice system and different jurisdictions are considered, as these are especially salient 
with the quality of legal representation of DRPs and arguably more prominent in certain areas of 
the country. Lastly, I propose some possible future directions for research investigating death 
row misconduct as well as the implications of such research for policymakers, practitioners, and 
scholars.  
Importation Model and Past Research 
The importation model posits that it is the pre-prison characteristics of prisoners that lead 
to misconduct, such as prisoners’ demographics, their mental health history and their history of 
victimization. This model enjoys relatively extensive empirical support (e.g., Steiner et al., 
2014), and allows for easier testing since most of the individual-level information can be 
obtained through offenders’ PSIs, case files, and even court proceedings (as is the case in this 
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study). In turn, the accessibility of these individual-level indicators is conducive for risk 
assessment that can assist staff in keeping the institution and the individuals within it safe.  
In this study, I collected individual-level variables of DRPs from two states to attempt to 
construct actuarial scales. My choice of variables to collect was guided by past research on the 
importation model, as well as the availability of the information given my method of inquiry 
(i.e., data collected from court proceedings and news outlets). Previous research on the 
importation model has incorporated countless measures of prisoners’ pre-prison lives and their 
ties to pro-social institutions; however, not all of them have been found to be associated with 
misconduct. Some of the indicators have been consistently shown to be predictive of subsequent 
institutional misbehavior, such as mental health disorders and issues (e.g., Baskin et al., 1991; 
Belfrage et al., 2000; Felson et al., 2012; Hare et al., 2000; Walters, 2011; Walters et al., 2003), 
age (e.g., Cunningham & Sorensen, 2007b; Kigerl & Hamilton, 2016; Steiner et al., 2014; 
Valentine et al., 2015), and prior record (particularly prior institutional misconduct and arrests, 
e.g., Drury & DeLisi, 2010; Schenk & Fremouw, 2012; Steiner et al., 2014; Steiner & 
Wooldredge, 2009).  
My study encompasses, to some extent, all three of these indicators. High levels of 
psychological dysfunction and other mental health issues (i.e., low IQ, brain abnormality or 
injury, a history of mental disorder diagnosis or cognitive disability, and substance abuse history) 
were included in the CACC but were not uniformly associated with those who participate in 
violent and non-violent misconduct. Interestingly, low levels of symptoms tended to be present 
in a majority of profiles of DRPs who had low rates of violent misconduct (with the exception of 
Non-White DRPs), suggesting that the relationship between psychological dysfunction and 
misconduct was asymmetrical and highly contextual (i.e., a lack of symptoms seems to be 
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protective, but the presence of symptoms does to seem to aggravate misconduct). While some of 
these findings could be the consequence of data limitations (discussed later in this section), they 
do suggest that some variables are highly correlated with each other (not just the outcomes of 
interest) in this sample.65  
Regarding age, I created two subsamples from the pooled dataset – those sentenced when 
33 and younger (n=137), and those sentenced when 34 and older (n=101) – as Sorensen and 
Cunningham (2007) indicated that the likelihood of misconduct decreases in prisoners who are 
over the age of 40. Indeed, my data showed that the base rates of both violent and non-violent 
misconduct of those in the younger group were higher than the rates in the older prisoners’ 
group. Given my own preliminary findings and the extensive support for the age and misconduct 
relationship in the literature (Cunningham & Sorensen, 2007b; Kigerl & Hamilton, 2016; Steiner 
et al., 2014; Valentine et al., 2015), rather than testing the relationship again I attempted to create 
scales that would reveal what factors drive misconduct of prisoners of the two aforementioned 
age groups – but to no avail. These findings (other than being a result of data limitations) may 
indicate that these groups, while behaving differently in the institution, do not have a different 
set of impactful factors that would drive disruptive behaviors.  
 Perhaps most surprisingly, prior criminal conviction and prior misconduct in the 
respective DOCs yield no significant results in this study. Based on empirical literature (e.g., 
Schenk & Fremouw, 2012; Steiner et al., 2014), prior criminal involvement tends to be 
predictive of misconduct (especially violent misconduct; Schenk & Fremouw, 2012). 
Accordingly, nearly every state department of corrections and the Federal Bureau of Prisons use 
 
65 To provide exhaustive and transparent results, Appendix E presents the matrix of correlations of all variables used 
both in the CACC and in the construction of actuarial scales. One can see that many predictor variables are highly 
correlated with one another, which supports the contention that moderating effects are preventing prediction. As 
discussed below, future research should examine potential interactions/moderating relationships.  
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these two variables, in part, as variables among their custody classification systems to predict 
institutional adjustment (future misconduct) of general population prisoners (Austin & 
Hardyman, 2004). However, both remained non-significant in my analyses. I find this finding 
especially astounding due to the fact that prior criminal involvement is some of the most reliable 
variables in my dataset and much of the previous research finds the relationship to exist in 
different correctional populations, including capital offenders and murderers (Cunningham & 
Sorensen, 2007a; Cunningham et al., 2011; Sorensen & Pilgrim, 2000). While investigation as to 
why these variables failed to reach significant in my study is outside of the scope of this project, 
there are several potential explanations. The first potential explanation is that despite the efforts 
to obtain reliable and extensive data from the sources, these data may still be limited due to their 
secondary nature, as there was no possibility to corroborate with the prisoners’ case files or their 
updated information.66 Second, death could truly be different (Bedau, 1987) and DRPs may have 
an easier time adjusting to death row and following institutional rules there, despite their 
extensive criminal histories. Nonetheless, this finding, in and of itself, is deserving of future 
investigation.  
 Outside of these three strong indicators, other importation model variables that have 
produced mixed results in the past studies are included in my study. History of childhood abuse 
was not found in the majority of profiles of DRPs with high rates of violent and non-violent 
misconduct in the pooled sample, contrary to what was expected based on some of the 
importation model literature (Morash et al., 2010; Steiner & Wooldredge, 2008, 2009). On the 
other hand, the lack of history of child abuse was present in the majority of profiles with low 
rates of violent misconduct in half of the subsamples (North Carolina subsample, White 
 
66 This shortcoming is discussed further in the section on limitations.  
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subsample, sentenced when ≤33 subsample). The results of the CACC regarding the effect of 
history of child abuse are decidedly nuanced, and hence not in sync with most of previous 
literature that included childhood abuse as a predictor.   
Higher levels of education are oftentimes associated with decreased likelihood of 
institutional behavior (e.g., Berg & DeLisi, 2006; Drury & DeLisi, 2010; Harer & Langan, 
2001). In this study, the relationship between being at least a high school graduate or having a 
GED and lower likelihood of misconduct was only observed in the subsample of Non-White 
DRPs, and only regarding non-violent misconduct. The argument that those with higher levels of 
education potentially have better abilities to understand institutional rules (that can oftentimes be 
written, as well as conveyed verbally) and have stronger ties to pro-social institutions could be 
made; however, then this relationship should have been observed in other subsamples and in 
predicting violent misconduct, too. As that was not the case, my study adds to the literature that 
offers mixed results when testing this variable.  
 Another demographic variable that is extensively present in misconduct literature is the 
prisoner’s race. Due to the fact that race cannot be used as a predictor of misconduct (or other 
criminal behavior) of individuals in practice (Cunningham et al., 2011), and also due to the 
mixed results of studies that do include it as a predictor for scholarly purposes, race was 
addressed through creating two subsamples: White (n=110) and Non-White (n=128). Through 
addressing each sample separately, my study can assess predictors within different racial 
subgroups without potentially using one’s race to their disadvantage. The base rates of violent 
misconduct were substantially higher in the Non-White DRP population. At the conclusion of the 
7th year on death row, 45% of White DRPs versus 59.4% of Non-White DRPs had a record of 
violent misconduct. Such a large difference was not the case with non-violent misconduct base 
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rates (70% White DRPs and 73.4% Non-White DRPs). Although outside of the scope of this 
study, future research should consider different racial groups’ views of legitimacy of actors 
within the criminal justice system, and the potential that correctional staff can over-cite 
minorities for misconduct (or under-cite White prisoners), as Poole and Regoli (1980) suggested.  
Regarding misconduct prediction in these two groups, the actuarial scales predicting 
violent misconduct of White DRPs and non-violent misconduct of Non-White showed some 
promise. Specifically, indicators of the scales’ accuracy were reasonable despite the small 
sample sizes. Ultimately, validation on different samples is necessary to make conclusions about 
the scales’ utility.   
Characteristics associated with the offense that led to the imprisonment are oftentimes 
tested when the importation model is considered. The current offense is usually accounted for by 
including the nature of the crime (e.g., violent, property, etc.; e.g., Bonner et al., 2017; Meade & 
Steiner, 2013; Steiner et al., 2014; Toman et al., 2015) in the literature that deals with 
correctional populations in general. However, this is not applicable to my study, as the whole 
sample was convicted of a violent offense (i.e., first-degree or capital murder in this case).  
Other scholars who have studied murderers have looked at the motive for the murder as 
an indicator of the current offense construct and found it to be a significant predictor of violent 
misconduct (Cunningham & Sorensen, 2007a; Sorensen & Pilgrim, 2000). Following their lead, 
my dataset includes a series of variables measuring the motive of the murder (i.e., murder 
committed for gain, murder committed for sexual purposes, murder committed to avoid arrest, 
and murder committed as a result of a conflict). Cunningham and Sorensen (2007a) and 
Sorensen and Pilgrim (2000) all found that committing a burglary or robbery during the murder 
(i.e., a comparable indicator to murder for gain) was predictive of violent misconduct.  
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In my study, murder for gain is significant in two subsamples; it decreased the likelihood 
of violent misconduct of White DRPs and increased the likelihood of non-violent misconduct of 
Non-White DRPs. While my first finding is in direct conflict with the results of Cunningham and 
Sorensen (2007a) and Sorensen and Pilgrim (2000), concluding that murder for gain increases 
the likelihood of non-violent misconduct (which in a lot of cases is property misconduct) does 
not seem far-fetched. As these DRPs were previously motivated by gain to the point of 
committing a murder, it seems logical that they would participate in misconduct that could be 
beneficial to them without actually physically harming someone. Nevertheless, finding this 
relationship only in the Non-White sample is puzzling.  
Two other motives are also significant in different subsamples in my study. Murdering 
someone as a result of a conflict decreased the likelihood of violent and non-violent misconduct 
of White DRPs as well as non-violent misconduct of DRPs sentenced to death when 34 years old 
and older. Since previous literature has never addressed this motive, I offer the hypothesis that 
murdering someone in conflict indicates a highly situational form of violence that may not be 
indicative of other law-breaking behavior or overall subscription to the criminal subculture. 
Again, the fact that this relationship was only observed in White DRPs leaves a lot of room for 
future research.  
The last murder motive variable that shows significance in my study is murdering 
someone to avoid arrest, which slightly decreases the odds of non-violent misconduct in the 
construction sample (Arizona). As this motive in particular has not been studied before, the 
causal mechanism behind this relationship is unexplored. That said, it may be proposed that, as 
was the case in murder due to conflict, murdering someone to avoid arrest is also a highly 
situational motive that may not indicate continuous criminality.  
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 Cunningham and colleagues (2011) who have exclusively studied murderers and their 
misconduct have additionally incorporated the murder weapon as a predictor of violent 
misconduct and found that murdering someone with a gun decreased the odds of violent 
misconduct. In my study, several methods of murder were significantly related to misconduct. In 
the construction sample, beating the victim to death increased (somewhat illogically) DRPs’ 
likelihood of non-violent misconduct. Similarly, in the subsample of White DRPs, beating the 
victim to death increased the likelihood of violent misconduct. I believe that having used a 
contact method of killing may indicate inherent violent tendencies that are more compatible with 
the access to other weapons in prison (i.e., prisoners who beat someone to death and may not 
have access to more elaborate weapons while on death row may not have reservations about 
using their own strength). This relationship is also observed in regard to non-violent misconduct 
of two other subsamples (White DRPs’ and DRPs who were sentenced to death when 33 or 
younger). The possibility exists that such personal contact murder may be symbolic of a more 
defiant nature that is in conflict with institutional rules in general.  
 Murdering more than one victim was predictive of violent misconduct in a study by 
Sorensen and Pilgrim (2000), but non-significant in Cunningham and Sorensen’s (2007a) sample 
of capital murderers (not on death row) in Texas. In direct conflict with Sorensen and Pilgrim’s 
(2000) conclusion is my finding that murdering more than one person was inversely related to 
violent misconduct in Non-White DRPs.  
 Lastly, in this study, I incorporated several variables related to the current offense that 
have never been tested on capital offenders and had some interesting results. Having an 
accomplice (i.e., shared responsibility) increased the chances of non-violent misconduct in the 
construction sample, which could indicate that prisoners who are used to cooperating with other 
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offenders are more likely to participate in low-level criminal activity in prison that could be tied 
to others (e.g., bringing contraband into prison, which usually requires involvement of more than 
one prisoner). Given that having an accomplice was significantly associated (p<.001; Appendix 
F) with murdering someone for gain in both the pooled and the construction sample, it could 
indicate that those who had accomplice are more interested in obtaining goods and/or money 
than in violence, leading to an increased likelihood of non-violent (i.e., oftentimes property) 
misconduct.  
 Sex of victims has not been studied in the previous literature; however, I find that having 
a male victim was positively related to the violent misconduct of White DRPs. This could be 
explained by these individuals further being surrounded by males while on death row and having 
the history of being extremely violent towards males. However, the finding that having at least 
one female victim was inversely related to non-violent misconduct of Non-White DRPs, and that 
personally knowing the victim decreased the likelihood of non-violent misconduct of those 
sentenced at a young age (≤33) makes these results seem somewhat arbitrary as a whole.   
 Having a higher than median number of aggravating factors, as well as the murder being 
found especially cruel or depraved, showed little association with high rates of (1) violent and 
non-violent misconduct in the pooled sample, and (2) violent misconduct across majority of the 
subsamples. Surprisingly, they were associated with high rates of non-violent misconduct in 
more than a half of the profiles within the subsamples (high aggravating factors: White DRPs, 
Non-White DRPs, sentenced ≤33; cruel murder: Arizona DRPs, North Carolina DRPs, White 
DRPs, sentenced ≥34). This association was symmetrical regarding the cruelty aggravating 
factor; the lack of cruelty was present in the majority of profiles within the subsamples with low 
rates of non-violent misconduct. However, given that (1) the number and the type of aggravating 
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factors were presumed to be more related to violent misconduct, (2) their existence in general 
was highly contextual, and (3) there was no previous literature that would address the causal 
mechanism of this relationship, these findings were difficult to interpret.  
 Suffice to say, the findings in my study provide little support for the importation model 
(or at least the measures of importation I was able to obtain) and tend to be (with some small 
exceptions) incompatible with previous research. While some significant relationships were 
found, especially when investigating characteristics of the current offense (i.e., some types of 
murder motives, murder methods, types/numbers of victims), demographic and prior criminal 
involvement variables that truly encompass the nature of the importation model are only 
significant in one case – higher levels of education decreased the likelihood of non-violent 
misconduct of Non-White prisoners. Additionally, no predominant profiles of DRPs who 
committed higher rates of violent and non-violent misconduct could be detected, and the only 
actuarial scale that could be created on the construction sample (the scale predicting non-violent 
misconduct) is not valid across samples. These unexpected results may not mean that the 
importation model is not a viable theoretical rationale, but they suggest that it is not a feasible 
explanation of misconduct on death row, at least based on how importation was measured in this 
study. As such, the following section discusses other potential explanations of misconduct that 
are unaccounted for when exclusively applying the importation model.  
A Tale of Two States: Other Misconduct Explanations 
Several unexpected, striking findings arose from the study that need to be addressed. The 
DRPs in North Carolina got cited for violent and non-violent misconduct, on average, more than 
one year earlier than the DRPs in Arizona. The percentage of prisoners who committed both 
types of misconduct each year after their death sentence was also higher in North Carolina than 
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in Arizona throughout all the recorded years. Location of the DRP was shown to be a factor that 
was strongly predictive of both violent and non-violent misconduct. All of these findings dispute 
this study’s theoretical rationale that postulates it is solely the personal characteristics of the 
prisoners that cause institutional misbehavior.  
Other misconduct theories such as the environmental models and the deprivation model 
warrant attention. The environmental models postulate that it is the physical conditions and 
characteristics of institutions that cause misconduct to happen (e.g., McCorkle et al., 1995; 
Wooldredge, 1991). The deprivation model posits that misconduct is the prisoners’ response to 
losses caused by incarceration (Sykes, 1958). Such explanations may be better suited to 
understand why such major differences exist between the DRPs’ behaviors in the two states. I 
note that – at a first glance – death row conditions in Arizona and North Carolina are comparable 
in regard to the accessibility of resources and contact with the outside world (see Table 1); 
nonetheless, characteristics that could provide for deeper understanding of the environmental or 
deprivation forces could be missing from this research, or the significance of the prisoner’s 
location could be due to different reasons. Death row managerial practices could be vastly 
different in the two states, even (perhaps) in terms of publicly reporting misconduct or 
misconduct policies. For example, Arizona and North Carolina classify misconducts differently 
(i.e., Arizona distinguishes between major and minor forms of misconduct, while North Carolina 
does not address misconduct seriousness at all, and as such, I distinguished and coded for violent 
and non-violent misconduct). It stands to reason that each state has its own unique definitions 
and policies regarding misconduct, depending on their institutional or state culture. Hence, 
although the death rows may seem similar based on publicly available documents, their internal 
workings create unobserved variance that is likely inhibiting true prediction.  
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Some authors note that misconduct records could be the result of correctional officers’ 
discretion (Wooldredge, 1991) or the race of the prisoners (Armstrong, 2015; Poole & Regoli, 
1980), rather than the actual behavior of those incarcerated. While attempting to investigate these 
possible explanations is outside of the scope of this study, it is notable that North Carolina has a 
larger proportion of Non-White DRPs (63.2% vs. 41.9% in Arizona), a documented legal history 
of discriminatory application of the death penalty,67 and an extensive and documented history of 
racial oppression against the Black population. As demonstrated here, North Carolina also 
presents higher rates and shorter times to misconduct in comparison to Arizona.   
Limitations 
 Although this study brings forward many novel and important (although unexpected) 
findings, it suffers from several sets of limitations. As I argue that the limitations are not 
exclusive to the method of this study and data collection, I also include a section discussing 
limitations that were posed specifically by the individual jurisdictions. These shortcomings, 
regardless of their cause, should be considered when interpreting results and when planning 
future studies related to this and other niche correctional populations to whom the access is 
restricted.  
 
67 “In 2009, North Carolina passed the Racial Justice Act (RJA), a law allowing death row prisoners relief from their 
sentence if they could prove that racial discrimination played a significant role during their trial, including the jury 
selection process. The law was inspired by the U.S. Supreme Court’s notorious McCleskey v. Kemp decision, which 
concluded that statistical data showing racial discrimination did not constitute substantial evidence to overturn a 
death sentence under the U.S. Constitution. Under the North Carolina law, however, prisoners could marshal 
statistical evidence to prove that racial bias played a significant role during their trial. Evidence of racial bias could 
be presented in any of three categories: 1) Evidence that death sentences were more frequently sought or imposed on 
members of particular race; 2) Evidence that the death penalty was more frequently sought or imposed for crimes 
with victims of a particular race; or 3) Evidence that race played a significant role in the jury selection process 
through preemptory strikes” (American Bar Association [ABA], 2020). Since 2009, six death penalty cases have 
been overturned under the RJA (ABA, 2020).  
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Study Limitations 
As is apparent at this point, the main limitation of this study is overreliance on the 
importation model. Even though the choice of the importation model as the leading theoretical 
rationale was well justified based on the availability of data, prior results of similar inquiries, and 
the purpose of this study, it may not have been the most appropriate choice for my inquiry. A 
bulk of previous research suggests that individual-level variables are suitable for risk prediction, 
but in this study the ultimate outcome is that it is the DRP’s location that is significantly related 
or predictive of their record of both violent and non-violent misconduct. Consequently, including 
variables related to the deprivation or environmental models could have been beneficial, 
especially as it is oftentimes found that prison environments (which are distinctive in each state 
and institution) have an effect on prisoners’ behavior (see, for example, Steiner et al., 2014). 
The previous point sets the basis for the second major limitation of this study, which is 
the inclusion of only two death rows out of more than 20, not to mention countless different units 
where DRPs may be present at any point as a result of different reasons (e.g., being transferred 
for court hearings or for medical reasons). If the environmental models were to be employed in 
this study, it would have been necessary to have access to data from multiple institutions and 
units, rather than only two. Regardless, the lack of indicators on prison environment is a 
shortcoming that must be considered when interpreting the results.68 
If the suitability of the importation model is to be entertained further, another possibility 
is that additional, empirically tested individual-level factors (i.e., related to the importation, such 
as marital status or having children or impulsivity or low self-control or anger, etc.) could have 
 
68 Efforts were made to work with different agencies in order to obtain data from multiple states in order to be able 
to meaningfully include environmental factors; however, due to the current situation surrounding the COVID-19 
pandemic and IRB requirements, the decision was made to focus on states with publicly available data.  
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explained misconduct better than the variables that were available. While the lack of additional 
importation model variables must be considered to be a major limitation of this study, it is noted 
that this limitation was brought on by the data source, which is a set of limitations discussed in 
the next section.  
Finally, although this study contains the largest sample of current DRPs to date, even the 
pooled sample is still relatively small (N=238; 9.3% of all American DRPs).69 While the sample 
size is not of concern for the CACC, the construction and validation of actuarial scales usually 
comprise at least 1,000 individuals, preventing data shrinkage. As noted in regard to specific 
results, the small sizes of particular subsamples (i.e., Non-White DRPs’ educational level) 
largely thwart interpretation of statistical analyses. As such, generalizability of the results outside 
of Arizona and North Carolina may be limited. Validation of some of the well-performing 
actuarial scales on different subsamples would potentially be helpful in addressing this 
limitation.   
Data Limitations 
 Since this study uses secondary data mainly in the form of court proceedings (i.e., 
appeals, opinion summaries, and other decisions), considerable limitations arise with these data 
sources as well as the data collected through news coverage and offender databases. As indicated 
above, some individual-level variables which may have had better explanatory power might have 
not been available in these sources. Additionally, some issues with reliance on court proceedings 
were previously discussed in connection to using the CACC. In comparison to researchers that 
have access to PSIs or full case files, I was limited to information that was presented at court. 
 
69 Currently, 2,553 prisoners are considered to be on death row as of October 1, 2020, with 1,496 prisoners are under 
an “enforceable sentence” (i.e., are not being resentenced or on death row in a state that has an official moratorium 
imposed; NAACP Legal Defense and Educational Fund, Inc., 2020). 
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That is not to say that the information contained in court proceedings is flawed by default, but it 
must be noted that some details concerning an offender’s pre-prison life might have been omitted 
if the defense or the prosecution did not find them beneficial to make their case. The same 
problem applies to the presence of expert testimonies, which in many cases involved the most 
extensive narratives of offenders’ background and childhood. If expert witnesses were not 
employed for the case, some decisive factors might have not been heard at court. Relatedly, 
different witnesses and experts would also sometimes present conflicting information, further 
complicating data collection and coding.   
 Regarding limitations specifically stemming from offender databases, while I had access 
to prior convictions and prior misconduct through these searches, they only encompassed prior 
record within the given state. Data on prior convictions from the offender databases were 
corroborated through court proceedings, which would regularly include a discussion of 
offenders’ previous criminal activity even if it were in a different state; however, prison and jail 
misconduct in particular were only available from the respective states. This omission could have 
also contributed to the lack of significant results in terms of previous misconduct predicting 
subsequent misconduct.   
Another major limitation specifically regarding data is that the DRPs in the sample have 
spent differing amounts of time on death row, i.e., not operating with a cohort sample. While 
their misconduct record was only collected for the first seven years of their sentence and hence 
somewhat standardized, the prisoners who have been on death row for decades may have had 
more appeals or even have been resentenced to death repeatedly (i.e., more data were available 
on them in the form of court proceedings) but may have had less media coverage (especially 
those who were sentenced before the spread of the internet). Additionally, prisoners sentenced to 
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death row in different time periods have experienced different wardens, practices and policies. 
This limitation of not analyzing prisoners experiencing death row during the same time period 
creates significant obstacles. Given the continuous changes in correctional managerial practices 
and the increased availability of empirical research on how best to manage these systems (e.g., 
internal classification systems), the first seven years on death row when sentenced in one time 
period (e.g., in the 1980’s) are likely different from spending one’s initial death row years in 
more recent prison conditions (i.e., 2000’s and 2010’s). The extent of media coverage also 
provides for an interesting shortcoming of the data; some cases (especially those involving 
female or serial murderers) received extensive and sometimes national attention, resulting at 
times in extreme disparities in the amounts of available information.  
State Limitations 
Some limitations also arise directly from the two states in terms of their correctional 
practices and legal processes. Regarding limitations produced by differing correctional practices, 
it is important to note that training of correctional officers and staff differ across states. This may 
result in discrepancies in what is even perceived to be an institutional infraction in the two states. 
This can be further reinforced by the race of DRPs, especially in conjunction with the race of 
correctional staff (Armstrong, 2015; Poole & Regoli, 1980).       
In addition, it seems likely that it is the legal issues (such as access to adequate 
representation) that constitute the more complex limitation. For example, North Carolina has 
faced legal challenges resulting in the Racial Justice Act in 2009, but there are still 80 minority 
DRPs in the state that were sentenced to death before 2009. Throughout my data collection, 
some arguments presented at court have suggested that some minority defendants might have 
been sentenced to death with limited or even no evidence, especially in the earlier decades. For 
 125 
example, in one of the appeals of a minority DRP in North Carolina it was noted that 
“The State presented no physical or forensic evidence that connected the defendant70 to 
the crime. There was no DNA evidence, no blood found on the defendant’s clothing, and 
no fingerprints connecting the defendant to the scene. No murder weapon was introduced 
at trial”.  
Aside from the RJA claims, court proceedings in both states revealed other 
arguments related to juror selection and juror behavior, inappropriate racial and other 
remarks uttered by the court staff, the lack of evidence, denials of appeals due to late 
fillings, ineffective defense assistance, insufficient investigation and many other issues 
that point to other problems within the criminal justice system. Six prisoners in North 
Carolina were already resentenced under the RJA (ABA, 2020), other DRPs are currently 
being resentenced due to other legal issues within their cases, and there is lingering 
possible innocence in some cases – thus, it is important to ask whether the outcome 
variable in this study (i.e., misconduct of DRPs) truly measures misbehavior of solely 
capital offenders, or also of some wrongfully convicted individuals.71 If that were the 
case, the nature of the “crime” would have not been the same for everyone in the sample 
and it would then be logical that few variables were significant in predicting misconduct 
(i.e., basically comparing “apples to oranges”). Additionally, in that case, the variables on 
the current offense would have not been pre-prison characteristics of the individual on 
death row whose misconduct record I obtained. Consequently, it is crucial to note that the 
state limitations likely mainly affect the data in the form of misspecification of variables.   
 
70 Although all data used in this study are public data, I omitted the defendant’s name and the full citation to protect 
their identity.  
71 Since 1974, 22 DRPs had their cases dismissed or were acquitted in Arizona (10) and North Carolina (12 prisoners, 
out of which 11 belonged to a racial or ethnic minority), based on their legal or actual innocence (DPIC, 2021). 
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Future Directions 
 Although DRPs are a relatively small correctional population, it is vital to continue 
studying the death row experience. Research on death row is not only important for the safety 
and well-being of the staff and the DRPs, but also to draw inferences about other hidden 
populations. As the death penalty is gradually being abolished across the US, some of the 
concerns related to death row prisoners (e.g., managing capital offenders for prolonged periods 
of time, dying in prison) will directly transfer to populations under the replacement sentence, 
especially prisoners who received the sentence of life without the possibility of parole.  
 This study and its limitations highlight the difficulties with studying hard-to-access 
populations as well as the problems with over-relying on personal characteristics of the 
prisoners, rather than also on the systems that they exist in. One of the future directions of 
studying DRPs would indisputably be to increase the sample size (both in number of prisoners 
and in number of death row units/institutions represented) and to better account for the prisoners’ 
physical environment. Such a study could then also provide deeper insights into the privileges 
and restrictions DRPs in different states encounter and how that relates to their institutional 
behavior, examine staff-to-prisoner ratios, and perhaps include measures of racial dyads of DRPs 
and correctional officers supervising them (Poole & Regoli, 1980).  
 Changing the conceptualization of the dependent variables on misconduct could also be 
an inquiry that would yield more meaningful results. Rather than accounting simply for the 
presence or an absence of any violent and non-violent misconduct record, prisoners could be 
classified into different groups (e.g., “one misconduct”, “non-violent misconduct only”, 
“habitual offenders”, or “habitual violent offenders”). Then, characteristics that are predictive of 
behavior of prisoners who are less or more behaviorally problematic could be investigated, 
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potentially leading to more robust findings in terms of how prisoners should be internally 
classified. As a part of this inquiry, the individual prisoners’ development of misconduct over 
time (e.g., “early onset misconduct”, “early onset violent/non-violent misconduct”, etc.) could be 
examined to establish whether there are factors that indicate when prisoners with certain 
characteristics may commit misconduct. The latent class analysis (LCA) is one of the fitting 
statistical analyses to address these inquiries.  
Aside from reconceptualization of the dependent variables, future research would also 
benefit from the examination of interactions and moderating factors. Given this study’s focus on 
the main effects of the variables of interest on the outcome variables, meaningful combinations 
of variables could have been overlooked, preventing prediction. The results of the CACC and the 
correlations in Appendix E indicate the need to investigate the variable combinations further. In 
terms of the correlations, there are at least three significant, strong correlations (>.05), which are 
deserving of further attention: sexually motivated murder and suffocating victim to death 
(.053***), sexually motivated murder and at least one male victim (-.58***), and at least one 
male victim and at least one female victim (-.64***).  
 As with any population, it would be constructive for the researchers to be able to survey 
the prisoners themselves, rather than depending on secondary and archival data. Such a survey 
should include self-reported misconduct measures and indicators tapping into the deprivation 
model. Since this study did not yield empirical support for the importation model, it would also 
be important to apply the deprivation model and inquire about how a specific type of loss that 
Sykes (1958) did not account for – the impending loss of one’s life – affects one’s institutional 
conduct. Specifically, I would like to survey DRPs on their death anxiety and distress through 
using the Death and Dying Distress Scale (DADDS; Krause et al., 2015) and investigate whether 
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there is a relationship between their death distress level (0: No distress – 5: Extreme distress) and 
their misconduct record.      
Of interest would also be studies comparing misconduct (both violent and non-violent) 
outcomes and predictors of DRPs and other comparable populations of capital offenders through 
propensity score matching to draw inferences about the effect of one’s sentence on their 
behavior. Previous research indicates that the type of sentence also seems to play a role in 
misconduct rates; DRPs generally have lower rates of violence in comparison to other 
correctional populations (Cunningham et al., 2005; Sorensen & Wrinkle, 1996). Questioning 
why that is (especially considering the prisoners’ violent histories) and providing some insights 
into cohesion and peer effects on death row would contribute to our knowledge.  
Although considering the effects of cellmates on future offending rather than on 
institutional misconduct, Harris and colleagues (2018) reported that prisoners’ interactions with 
more “criminally experienced cellmates” (p. 87) either had no or negative (i.e., deterrent) effect 
on their future offending. While DRPs do not generally have cellmates, a similar study could be 
pursued to discern whether an increased or decreased interaction with other DRPs with different 
institutional misconduct records has any effect on prisoners’ behavior. These inquiries could 
further be enhanced through focusing on different death row subpopulations (such as women, 
racial/ethnic minorities, prisoners of different ages, and prisoners with especially stigmatizing 
charges; e.g., Bonner et al., 2017; Cunningham & Sorensen, 2007b; Kigerl & Hamilton, 2016; 
Morris et al., 2010; Salisbury et al., 2016; Steiner et al., 2014; Valentine et al., 2015).    
 Studying the staff working with the death row populations would also be meaningful. 
Such inquiries could be related to correctional training and the role of discretion when making a 
decision to cite a prisoner for misbehavior, which could in turn provide some answers about – 
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perhaps – the implicit bias of staff members towards minority prisoners (Poole & Regoli, 1980; 
Wooldredge, 1991). Many different methodologies could be used – for example, surveys of the 
staff and correctional officers, ethnographies in death row units, randomized controlled trials on 
correctional trainings, and even reviews of the training manuals and departmental policies.  
Policy Implications 
 Based on the findings regarding the exploration of institutional misconduct of DRPs, 
some policy recommendations are offered. The wide range of time to first violent and non-
violent infraction does not provide for a conclusive recommendation for the time period that staff 
would be advised to be cautious: The time to first violent misconduct in the pooled sample 
ranged from 0 to 8,484 days (Table 4). However, when the patterns of misconduct (RQ 2) are 
considered, policy makers and staff can be informed that – across different samples – most DRPs 
seem to have an increased likelihood of violent behavioral problems in their fifth and sixth year 
in prison (Figure 5). As such, since DRPs have access to some health and mental health care, the 
administration should ensure that they are closely monitoring the length of time on death row of 
each prisoner, and readily provide and promote access to appropriate services. Additionally, 
seeing that even non-violent misconduct can be costly and disrupt the environment, correctional 
officers should periodically offer refreshers of institutional rules and regulations. Given the 
detected patterns, such refreshers would possibly be beneficial to hold every five years that a 
prisoner is on death row.      
The implications of this research in terms of misconduct prediction are currently 
relatively limited, given not only the lack of significant predictors of both violent and non-
violent misconduct on death row, but especially the non-significance of prior criminal and 
misconduct record that tend to be predictive in most correctional populations (Austin & 
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Hardyman, 2004). However, since many risk assessment tools and actuarial scales incorporate 
these and other static risk predictors (which had limited explanatory power in most subsamples 
within this study), it is possible that the notion of misconduct risk on death row should be 
reconceptualized for this population in particular (e.g., prior criminal involvement may, in fact, 
not be criminogenic in death row populations in particular, but their adjustment issues could 
potentially be explained through other mechanisms). One promising result in terms of policy 
implications is the scale predicting violent misconduct of White DRPs (Table 12), but additional 
empirical tests (i.e., validation on a different sample of White DRPs) are necessary to establish 
whether this scale could be used in death row units. Even then a valid alternative would need to 
be developed for the Non-White DRPs.  
Most importantly, the findings reveal that the most prominent predictor of death row 
misconduct is the location of the prisoner – this finding may have the most widespread 
implications. While I provided some assumptions about the causes of this finding (e.g., 
differential training of correctional officers, possible implicit bias towards minority prisoners, 
physical features of the environment that were unaccounted for in the current study), future 
research is absolutely necessary to identify what it is about the locations that drive the 
misconduct. If any of my assumptions are eventually supported by evidence, it would be 
advisable for state and federal Departments of Corrections to create standardized trainings for 
those working on death rows across the country, which could also include an evidence-based 
training on minimizing implicit biases (see, e.g., Devine et al., 2012). In the case of the physical 
environment being conducive to misconduct, more specific factors (e.g., the temperature in the 
facility, the staff-to-prisoner ratio) would have to be identified prior to providing policy 
recommendations. For now, practitioners could review the environment of their respective death 
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rows and parallel environmental conditions of agencies with lower misconduct rates (in this case 
Arizona), or at least consider what environmental attributes in their facilities could be motivating 
their DRPs’ misconduct.      
Finally, increased transparency as to what happens on death rows in individual states 
would be an appropriate suggestion across the US. I mentioned previously that only five states 
(Arizona, Arkansas, Kansas, North Carolina, and South Carolina) publicly present misconduct 
records of each prisoner. Additionally, when specifically considering the two states included in 
my study (Table 1), little information was available on conditions of the death row (i.e., cell sizes 
could not be located for North Carolina), care available (i.e., no specifications as to what type of 
medical and mental health care are actually available to DRPs in particular), and programming 
(i.e., what programming can DRPs participate in). Improving the extent of information provided 
by different jurisdictions would not only aid researchers (who could in turn provide more 
concrete recommendations and develop appropriate actuarial scales that could be implemented) 
but could also be useful for inter-agency cooperation and brainstorming to develop more 




CHAPTER 6: CONCLUSION 
Previous research on misconduct of correctional populations offers a wealth of 
knowledge concerning the causes of institutional misbehavior. However, given the specific 
characteristics of prison misconduct (i.e., some infractions are not illegal behavior, rather they 
are behavior against institutional regulations, e.g., smoking), these tests are not common. Most 
academic inquiries generally apply one of the three leading rationales of prisoner misconduct – 
the importation model, the deprivation model, and the environmental models – with varying 
levels of success. The tests of the importation model in particular (or at least some of its tenets) 
continuously show promising results (e.g., Baskin et al., 1991; Belfrage et al., 2000; 
Cunningham & Sorensen, 2007b; Drury & DeLisi, 2010; Jiang & Fisher-Giorlando, 2002; Kigerl 
& Hamilton, 2016; Steiner et al., 2014; Steiner & Wooldredge, 2009; Valentine et al., 2015). 
This model focusing on pre-prison, personal characteristics of prisoners is also fitting when 
scholars and practitioners plan to construct actuarial scales that they can implement in practice in 
order to increase the safety of correctional institutions and prevent misconduct (e.g., Duwe, 
2020). 
 Although the importation model and construction of misconduct prediction tools are 
extensively present in both academic literature and in practice, there is a population whose 
behavior is largely omitted from the discourse – prisoners on death row. These prisoners, despite 
forming a small fraction of the overall correctional population, spend on average 20 years 
awaiting an execution (DPIC, 2020), which requires extensive resources from the respective 
states. In addition, given their violent histories, the expectation oftentimes is that they will 
continue behaving violently while incarcerated. Unfortunately, these reasons do not seem to 
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motivate more scholarly attention to what happens on American death rows, creating a large gap 
in the literature.  
This study aimed to fill this gap through examining the behavior of the largest pooled 
sample of DRPs in the academic literature to date (N=238). I first explored what happens on the 
two studied death rows in Arizona and in North Carolina, and then attempted to construct and 
validate actuarial scales. My hope was that these scales could guide decisions made by staff who 
work directly with death-sentenced prisoners. Following previous literature, as well as 
considering which variables are traditionally used in risk assessment (i.e., personal 
characteristics), the leading theoretical rational of this study was chosen to be the importation 
model. The exploration of death row misconduct yielded some new findings regarding average 
time to first violent and non-violent misconduct, and prisoners’ misconduct patterns over the 
years, suggesting that DRPs seem to enter a period of highest risk of misconduct once they reach 
their fifth to sixth year on death row.   
When the attention shifted to what factors were associated with infractions, the findings 
were more sobering. When exploring associations through the use of CACC, common profiles of 
prisoners who committed misconduct within the first seven years on death row were largely 
undetectable in the pooled sample and the subsamples alike. Furthermore, my attempt to 
construct scales that would predict violent and non-violent misconduct of DRPs in general, as 
well as different racial and age subgroups, resulted in an inability to construct an actuarial scale 
predicting violent misconduct for DRPs in general, and in the construction of a scale predicting 
non-violent misconduct that was found not to be valid on the North Carolina validation sample. 
Other scales, especially my scale predicting violent misconduct of White DRPs, showed some 
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promise; however, to make any conclusions about their practical utility, validation on different 
samples would have to be conducted.  
My results ultimately indicate that the importation model may not be the appropriate 
theoretical rationale when studying DRPs, or that the publicly available data from court 
proceedings, offender databases, and news coverage fail to encompass variables that would 
effectively embody the importation model. In particular, the problems with the access to this 
population must be considered. As I discussed previously, it is critically important to study the 
behavior of death row prisoners, at least for as long as the death penalty is retained in the US; 
however, it is extremely challenging to get access or any detailed information on these prisoners. 
Being able to use publicly available data is currently the most feasible method to study this 
population, and it seems to be insufficient.  
The lack of access to more reliable data from case files and PSIs is, of course, not the 
only limitation of this study and may not be the only reason as to why the application of the 
importation model failed in this study. Outside of the limitations posed by the individual 
jurisdictions in and of themselves, the deprivations brought on by the sentence and the 
incarceration itself (i.e., the deprivation model), and the environment of prison and death row in 
particular (i.e., environmental models) may have been more useful in explaining the behavior of 
DRPs. Given the results suggesting that it is the location of the DRPs that matters the most, these 
models may be especially helpful for examinations of DRPs’ institutional behavior. As such, 
these theoretical rationales are recommended to be considered when studying this population in 
the future, especially on larger samples or in comparison with other long-term prisoners. Other 
recommendations for future directions include examining death row cohesion and 
subpopulations sentenced to death (e.g., women).  
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Despite the lack of the support for the importation model in this study, I provided policy 
implications in the form of periodical refreshers of institutional rules for the prisoners, as well as 
more standardized trainings of correctional officers that would address potential implicit bias and 
minimize the amount of discretion officers have when identifying what behavior should be 
regarded as misconduct. As a researcher, I find the implication to increase the transparency of 
death row policies, regulations, and data to be salient in order to be able to arrive at evidence-












APPENDIX B: DISAGGREGATED PRISONER PROFILES 
The following tables provide disaggregated results of the CACC. Highlighted in different shades 
of gray are the most common profiles. Furthermore, profiles that are either 10% lower or higher 
in misconduct base rates are delineated.  
 
 
Table 33: Profiles of Arizona DRPs Sorted by Risk of Violent Misconduct  
Profile 
# 











1 0 0 0 0 .75 4 
2 0 0 0 1 .6 5 
3 0 0 1 0 .5 6 
4 1 1 0 1 .5 2 
5 0 0 1 1 .43 7 
6 1 1 1 0 .33 10 
7 0 1 1 0 .33 3 
8 1 1 1 1 .33 24 
9 0 1 1 1 .32 19 
10 1 0 1 1 .25 4 
11 0 1 0 0 .2 5 
12 1 1 0 0 .17 6 
13 0 1 0 1 0 1 
14 1 0 0 1 0 1 
15 1 0 1 0 0 1 












Table 34: Profiles of Arizona DRPs Sorted by Risk of Non-Violent Misconduct 
Profile 
# 











1 0 0 0 0 1.0 4 
2 0 1 0 1 1.0 1 
3 1 1 1 0 .7 10 
4 0 1 1 0 .67 3 
5 0 1 1 1 .63 19 
6 1 1 1 1 .58 24 
7 0 0 1 0 .5 6 
8 1 1 0 1 .5 2 
9 1 0 1 1 .5 4 
10 0 0 1 1 .43 7 
11 0 0 0 1 .4 5 
12 1 1 0 0 .33 6 
13 0 1 0 0 .2 5 
14 1 0 0 1 0 1 
15 1 0 1 0 0 1 
Base rate: 55% 
 
 















1 0 1 1 0 .9 10 
2 0 0 0 1 .8 5 
3 1 1 0 1 .75 4 
4 0 1 1 1 .75 4 
5 1 0 1 0 .73 11 
6 1 1 1 1 .71 14 
7 0 0 1 1 .7 10 
8 1 1 1 0 .7 10 
9 0 0 0 0 .7 10 
10 1 0 1 1 .67 3 
11 1 1 0 0 .58 12 
12 0 0 1 0 .57 7 
13 1 0 0 1 .5 4 
14 1 0 0 0 .5 8 
15 0 1 0 0 .5 8 
16 0 1 0 1 0 1 



















1 0 1 1 0 1.0 10 
2 1 1 0 1 1.0 4 
3 0 0 1 1 1.0 10 
4 1 0 0 1 1.0 4 
5 0 1 0 1 1.0 1 
6 1 1 1 1 .93 14 
7 1 1 1 0 .9 10 
8 1 0 0 0 .88 8 
9 1 1 0 0 .83 12 
10 1 0 1 0 .82 11 
11 0 0 0 0 .8 10 
12 0 1 1 1 .75 4 
13 0 1 0 0 .75 8 
14 0 0 1 0 .71 7 
15 1 0 1 1 .67 3 
16 0 0 0 1 .6 5 
Base rate: 85% 
 
 















1 0 1 1 0 1.00 5 
2 1 1 0 1 .75 4 
3 0 0 1 0 .75 4 
4 0 0 0 0 .67 3 
5 0 0 1 1 .57 7 
6 1 0 1 1 .5 2 
7 1 0 1 0 .5 4 
8 0 0 0 1 .5 6 
9 1 1 0 0 .43 7 
10 1 1 1 1 .39 23 
11 0 1 1 1 .38 16 
12 1 1 1 0 .33 7 
13 0 1 0 0 .29 7 
14 0 1 0 1 0 2 
15 1 0 0 0 0 1 
16 1 0 0 1 0 1 
Base rate: 45% 
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1 0 0 0 0 1.0 3 
2 0 1 0 1 1.0 2 
3 0 1 1 0 1.0 5 
4 1 0 1 1 1.0 2 
5 1 1 0 1 1.0 4 
6 1 1 0 0 .86 7 
7 1 1 1 0 .86 7 
8 0 0 1 0 .75 4 
9 0 0 1 1 .71 7 
10 1 1 1 1 .7 23 
11 0 1 1 1 .69 16 
12 0 1 0 0 .57 7 
13 1 0 1 0 .5 4 
14 0 0 0 1 .17 6 
15 1 0 0 0 0 1 
16 1 0 0 1 0 1 
Base rate: 70% 
 
 
Table 39: Profiles of Non-White DRPs Sorted by Risk of Violent Misconduct  
Profile 
# 











1 0 0 0 1 1.0 4 
2 1 0 1 0 .75 8 
3 0 0 0 0 .73 11 
4 0 1 1 0 .63 8 
5 1 1 1 0 .62 13 
6 0 0 1 1 .6 10 
7 1 1 1 1 .6 15 
8 1 0 0 0 .57 7 
9 1 0 0 1 .5 4 
10 0 1 0 0 .5 6 
11 1 1 0 1 .5 2 
12 1 1 0 0 .45 11 
13 0 0 1 0 .44 9 
14 0 1 1 1 .43 7 
15 1 0 1 1 .4 5 




Table 40: Profiles of Non-White DRPs Sorted by Risk of Non-Violent Misconduct  
Profile 
# 











1 0 0 0 1 1.0 4 
2 1 0 0 0 1.0 7 
3 1 0 0 1 1.0 4 
4 0 1 1 0 .88 8 
5 1 0 1 0 .88 8 
6 0 0 0 0 .82 11 
7 0 0 1 1 .8 10 
8 1 1 1 0 .77 13 
9 1 1 1 1 .73 15 
10 0 1 1 1 .57 7 
11 0 0 1 0 .56 9 
12 1 1 0 0 .55 11 
13 0 1 0 0 .5 6 
14 1 1 0 1 .5 2 
15 1 0 1 1 .4 5 
Base rate: 73% 
 
 















1 0 0 0 1 1.0 5 
2 1 0 1 0 .86 7 
3 1 1 0 1 .8 5 
4 0 1 1 0 .78 9 
5 0 0 0 0 .75 8 
6 0 0 1 1 .67 12 
7 1 0 1 1 .67 3 
8 1 0 0 0 .6 5 
9 0 0 1 0 .57 7 
10 0 1 0 0 .57 7 
11 1 1 1 1 .57 23 
12 0 1 1 1 .54 13 
13 1 1 0 0 .5 12 
14 1 1 1 0 .4 11 
15 1 0 0 1 .33 3 
Base rate: 62% 
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Table 42: Profiles of DRPs Convicted at the Age of 33 or Younger Sorted by Risk of Non-
Violent Misconduct  
Profile 
# 











1 0 0 0 1 1.0 5 
2 0 1 1 0 1.0 9 
3 1 0 0 0 1.0 5 
4 1 0 0 1 1.0 3 
5 1 1 0 1 1.0 5 
6 1 0 1 0 .86 7 
7 0 0 1 1 .83 12 
8 1 1 0 0 .83 12 
9 0 1 1 1 .77 13 
10 0 0 0 0 .75 8 
11 1 1 1 1 .74 23 
12 1 1 1 0 .73 11 
13 1 0 1 1 .67 3 
14 0 0 1 0 .57 7 
15 0 1 0 0 .57 7 
Base rate: 80% 
 
 
















1 0 1 1 0 .75 4 
2 0 0 0 0 .67 6 
3 1 1 1 0 .67 9 
4 0 0 1 0 .5 6 
5 1 0 0 1 .5 2 
6 0 0 1 1 .4 5 
7 1 0 1 0 .4 5 
8 0 0 0 1 .4 5 
9 1 0 0 0 .33 3 
10 1 1 1 1 .33 15 
11 1 1 0 0 .33 6 
12 1 0 1 1 .25 4 
13 0 1 1 1 .2 10 
14 0 1 0 0 .17 6 
15 0 1 0 1 0 2 
16 1 1 0 1 0 1 
Base rate: 41% 
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1 0 0 0 0 1.0 6 
2 0 1 0 1 1.0 2 
3 1 1 1 0 .89 9 
4 0 1 1 0 .75 4 
5 0 0 1 0 .67 6 
6 1 0 0 0 .67 3 
7 1 1 1 1 .67 15 
8 0 0 1 1 .6 5 
9 1 0 1 0 .6 5 
10 0 1 0 0 .5 6 
11 0 1 1 1 .5 10 
12 1 0 0 1 .5 2 
13 1 0 1 1 .5 4 
14 1 1 0 0 .33 6 
15 0 0 0 1 0 5 
16 1 1 0 1 0 1 
Base rate: 61% 
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APPENDIX C: CONSTRUCTION SAMPLE CORRELATIONS OF INTEREST 
 
 
Table 45: Bivariate Correlations of Variables of Interest and Outcome Variables in the 









Prior Criminal Record -.00 .08 
Prior Misconduct .14 .15 
Personally Knew Victim .00 -.06 
Related to Victim .01 -.10 
Murder for Gain .02 .22* 
Sexually Motivated Murder .10 .02 
Murder to Avoid Arrest -.11 -.20* 
Conflictual Murder -.02 -.14 
Shooting Victim to Death -.04 -.09 
Stabbing Victim to Death -.00 .14 
Suffocating Victim to Death -.05 -.05 
Beating Victim to Death .14 .22* 
Child Victim -.06 -.06 
Accomplice Present -.04 .16 
High School Graduate -.08 -.20 
More Than One Victim -.02 -.23* 
Male Victim .05 .04 
Female Victim -.03 -.17 





APPENDIX D: POOLED SAMPLE CORRELATIONS OF INTEREST 
 
 










Prisoner’s Location .32** .33** 
Prior Criminal Record .05 .10 
Prior Misconduct .05 .05 
Personally Knew Victim .02 -.04 
Related to Victim -.12 -.09 
Murder for Gain .03 .15* 
Sexually Motivated Murder .07 .02 
Murder to Avoid Arrest -.13 -.08 
Conflictual Murder -.03 -.07 
Shooting Victim to Death -.09 -.05 
Stabbing Victim to Death .06 .08 
Suffocating Victim to Death .05 .02 
Beating Victim to Death -.03 .11 
Child Victim -.13* -.09 
Accomplice Present -.13 .03 
High School Graduate -.04 -.18 
More Than One Victim -.09 -.14* 
Male Victim -.04 -.03 
Female Victim -.05 -.09 








APPENDIX E: POOLED SAMPLE COMPLETE CORRELATIONS 
 
 






























































Prior Criminal Record .04 1.00
Prior Misconduct -.32*** .24*** 1.00
34 & More at Sentence -.18** .01 .06 1.00
White Prisoner -.21*** -.12 -.02 .07 1.00
Personally Knew Victim .02 -.21** -.09 .12 .05 1.00
Related to Victim -.04 -.20** -.04 .19** .08 .31*** 1.00
Murder for Gain .1 .12 -.01 -.04 -.13* -.19** -.10 1.00
Sexually Motivated Murder -.06 -.08 -.003 .04 .09 -.08 -.14* -.32*** 1.00
Murder to Avoid Arrest -.01 .14* .01 -.11 -.05 -.15* -.06 -.09 -.11 1.00
Conflictual Murder .02 -.24*** -.01 .05 .07 .48*** .37** -.38*** -.21*** -.16* 1.00
Shooting Victim to Death .01 -.03 0.01 -.11 -.05 -.04 .02 .11 -.40*** .14* .06 1.00
Stabbing Victim to Death -.02 .03 0.02 .06 .08 .00 -.01 .01 .25*** -.17** .02 -.40*** 1.00
Suffocating Victim to Death -.07 .02 0.07 .02 .01 -.02 -.12 -.14* .53*** -.04 -.17* -.40*** .10 1.00
Beating Victim to Death -.13* 0.02 -0.11 .06 .20** .04 .03 .08 .15* -.09 .01 -.41*** .08 .13* 1.00
Child Victim -.18** -.10 -0.11 .05 .21*** .19** .13* -.20** .15* -.03 .08 -.11 -.02 .03 .14* 1.00
Accomplice Present -.11 0.02 0.12 -.24*** -.03 -.11 -.18** .31*** -.28*** .13 -.17** .23*** -.10 -.14* -.09 -.06 1.00
High School Graduate -.04 -.20 -0.02 .12 .01 .07 .07 -.10 -.06 -.08 .05 .00 -.15 .01 -.04 .06 -.08 1.00
More Than One Victim -.05 -.17** -0.03 .01 .02 .02 .07 .06 -.03 .01 .11 .22*** .04 -.05 .01 .08 .07 .15 1.00
Male Victim -.04 .06 .161* -.02 -.09 -.06 -.04 .29*** -.58*** .11 .09 .41*** -.23*** -.39*** -.09 -.09 .29*** .04 .31*** 1.00
Female Victim -.13* -.09 -0.12 .02 .09 .06 .08 -.17* .46*** -.11 -.06 -.25*** .27*** .28*** .17* .18** -.19** -.05 .26*** -.64*** 1.00
High Aggravators .09 .12 -0.07 -.03 -.04 -.11 -.05 .16* -.04 .25*** -.19** .01 .11 .09 .02 .09 .09 -.05 .21** .16* .05 1.00
Cruel Murder -.17** -.04 0.03 -.02 .21*** .10 .10 -.05 .23*** -.07 .01 -.41*** .26*** .27*** .34*** .11 -.08 -.11 -.08 -.33*** .32*** .25*** 1.00
High Symptomology of 
Psychological Dysfunction
-.19** .04 0.07 -.01 .05 -.07 .08 -.03 .04 -.01 -.01 .01 .00 .11 .05 .10 .10 -.15 .07 .00 .11 .04 .14* 1.00
History of Abuse -.24*** .01 -0.01 -.01 .23*** -.11 -.04 .04 .11 -.06 -.04 .01 .00 .11 .08 .08 .11 .05 .05 -.03 .05 .00 .06 .29*** 1.00
Nonviolent Misconduct Record .33*** .10 0.05 -.20** -.04 -.04 -.09 .15* .02 -.08 -.07 -.05 .08 .02 .11 -.09 .03 -.18 -.14* -.03 -.09 .05 .02 .02 -.06 1.00
Violent Misconduct Record .32*** .05 0.05 -.21*** -.14* .02 -.12 .03 .07 -.13 -.03 -.09 .06 .05 -.03 -.13* -.13 -.04 -.09 -.04 -.05 -.02 -.09 -.01 -.08 .48*** 1.00  






















Accomplice Present .31*** 
*** p < .001 
 
 
Table 49: Bivariate Correlation of Murder for Gain and Having an Accomplice in the 




Accomplice Present .38*** 
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2019 – 2020  Graduate College Research Certification 
   University of Nevada, Las Vegas 
 
2018 – 2019  Graduate College Teaching Certification 
   University of Nevada, Las Vegas 
 
2018 – 2019  Graduate College Mentorship Certification 
University of Nevada, Las Vegas 
  
Methodological Training Courses 
 
2018   Latent Variable Models (EPY 734) 
   Statistical Software: M-Plus 
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2018   Qualitative Methods in Criminal Justice (CRJ 723) 
 
2016   Proseminar on Advanced Statistics (CRJ 719) 
   Statistical Software: M-Plus, R 
 
2016   Proseminar on Statistics (CRJ 703) 
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